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Preface

This volume contains the proceedings of the Second IntermeltWorkshop on Strategic Reasoning
2014 (SR 2014), held in Grenoble (France), April 5-6, 2014.

The SR workshop aims to bring together researchers, pgsgithl different backgrounds, working
on various aspects of strategic reasoning in computersejdoth from a theoretical and a practical
point of view.

Strategic reasoning is one of the most active research mraalti-agent system domain. The litera-
ture in this field is extensive and provides a plethora ofdedor modeling strategic ability. Theoret-
ical results are now being used in many exciting domainsudieg software tools for information
system security, robot teams with sophisticated adaptiagegjies, efficient resource management
for smart-city models, and automatic players capable ofibgaxpert human adversary, just to cite
a few. All these examples share the challenge of developmglrtheories and tools for agent-based
reasoning that takes into account the likely behavior okashries.

This year SR has hosted four invited talks:

e Simulation Games
Thomas A. Henzinger (IST Austria)

e Two Themes in Modal Logic
W ebe van der Hoek (University of Liverpool)

e Model Checking Systems Against Epistemic Specifications
Alessio R. Lomuscio (Imperial College London)

e What are “Good” Winning Strategies in Infinite Games?
Wblfgang Thomas (RWTH Aachen)

Each submission to SR 2014 was evaluated by four reviewergility and relevance to the topics
of the workshop. All submissions with positive scores wareepted, leading to 14 contributed talks
at the workshop.

We would like to acknowledge the people and institutionsicWitontributed to the success of this
edition of SR. We thank the organizers of the European Joamfé&ences on Theory and Practice
of Software (ETAPS 2014) for giving us the opportunity to h88 2014. Many thanks go to all
the Program Committee members and the additional reviefsertheir excellent work, the fruit-
ful discussions and the active participation during theewing process. We also thank Loredana
Sorrentino for her work as member of the Organizing Committé/e would like to acknowledge
the EasyChair organization for supporting all tasks relédethe selection of contributions, and both
EPTCS and arXiv for hosting the proceedings. We gratefudknawledge the financial supportto SR
2014 by ExCAPE - an NSF-funded Expeditions Project in CompAtigmented Program Engineer-
ing and by OR.C.HE.S.T.R.A. an Italian Ministry and EU raséagunded project on ORganization
of Cultural HEritage for Smart Tourism and Real-time Acdleitity. Finally, we acknowledge the
patronage from the Department of Electrical Engineering) lafiormation Technology of the Uni-
versita degli Studi di Napoli Federico Il.

Grenoble, April 2014
Fabio Mogavero, Aniello Murano, and Moshe Y. Vardi

F. Mogavero, A. Murano, and M.Y. Vardi (Eds.): © F. Mogavero, A. Murano, and M.Y. Vardi
2nd Workshop on Strategic Reasoning 2014 (SR14) This work is licensed under the
EPTCS 146, 2014, pp. i—ii, d0i:10.4204/EPTCS.146.0 Creative Commons Attribution License.
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Simulation Games
Invited Talk

Thomas A. Henzinger
IST Austria

Milner's simulation relation is a fundamental concept tongare the behaviors of two discrete dy-

namical systems. While originally defined for safety prajesrof state transition graphs, its game-
theoretic formulation allows a natural generalizationiverhess and quantitative properties. The re-
sulting games are implication games on product graphsthederived (simulation) objective takes

the form of a logical implication between primary (systerbjextives. We summarize the hardness
of such implication games for important classes of systejaabbes: in some cases the implication

game is no harder to solve than the corresponding primarggiemnother cases the implication game

is open even though we know how to solve the primary game.

This is joint work with Krishnendu Chatterjee and Jan Otamvds supported in part by the European
Research Council (ERC) and the Austrian Science Fund (FWF).

F. Mogavero, A. Murano, and M.Y. Vardi (Eds.): © Thomas A. Henzinger
2nd Workshop on Strategic Reasoning 2014 (SR14) This work is licensed under the
EPTCS 146, 2014, pp. v—v, do0i:10.4204/EPTCS.146.0.1 Creative Commons Attribution License.






Two Themesin Modal Logic
Invited Talk

Wiebe van der Hoek
University of Liverpool

Modal logics form the basis for knowledge representatiomgleages in Al, enabling us to reason
about time, knowledge, beliefs, desires and obligationageints. In my talk, | will address two
contemporary research themes in this field.

A good old fashioned line of research in modal logic is thatamrrespondence theory” which
establishes a direct link between first order propertiesiipikdé models (basically, graphs) and modal
sentences. Standard results have a typical global flavouerims of beliefs for instance, reflexive
models guarantee that the agent’s beliefs are correctpghgsion of the doxastic relation of agent
in that of agenb guarantees that agembelieves whatevdr believes. However, such results cannot
cater for cases where we want to express that such propemtielsold locally, as in "agerd believes
his beliefs are correct, but this is not the case”, or in "dgdpelieves anything agebtbelieves, but
this will cease to hold as soon hgeads the letter”. | will present a logic that can deal witlersu
local cases.

The second theme concerns the question how we compareediffieigics. Standard ways to
comparel; with L, address their expressivity, or the computational complefireasoning prob-
lems one can perform in each. In many cases, two logics arpaahle on both measures. Only
recently the field of knowledge representation has stadexditress the issue of succinctness: how
economically can one express properties in each logic?el giworking definition of what it means
thatL, is exponentially more succinct than, and then | present a tool which can be used to prove
succinctness results, the so-called Formula Size Gameb.daumes are played on two sets of mod-
els, and it establishes a relation between the number of sneeded to win the game, and the length
of a formula that discriminates between the sets. | will présome examples of succinctness results.

F. Mogavero, A. Murano, and M.Y. Vardi (Eds.): (© Wiebe van der Hoek
2nd Workshop on Strategic Reasoning 2014 (SR14) This work is licensed under the
EPTCS 146, 2014, pp. vii—vii, doi:10.4204/EPTCS.146.0.2 Creative Commons Attribution License.






Model Checking Systems Against Epistemic Specifications
Invited Talk *

Alessio R. Lomuscio
Imperial College London

Twenty years after the publication of the influential agitModel checking vs theorem proving: a
manifesto” by Halpern and Vardi, the area of model checkysfesns against agent-based specifica-
tions is flourishing.

In this talk | will present some of the approaches | have dgwedl with collaborators. | will
begin by discussing BDD-based model checking for epistdogjic combined with ATL operators
and then move to abstraction techniques including symnnethyction. | will then highlight how, in
our experience, bounded model checking can also sucdgdsfulsed in this context, particularly in
combination with BDDs, and how synthesis problems can baditated and solved in an epistemic
setting.

The talk will include examples in the context of securitytoiapls and a brief demo of MCMAS,
an open-source model checker implementing some of thesritpes.

*This talk was meant to feature in the SR 2013 programme bud cmi be given due to ill health of the speaker.

F. Mogavero, A. Murano, and M.Y. Vardi (Eds.): © Alessio R. Lomuscio
2nd Workshop on Strategic Reasoning 2014 (SR14) This work is licensed under the
EPTCS 146, 2014, pp. ix—ix, doi:10.4204/EPTCS.146.0.3 Creative Commons Attribution License.






What are “Good” Winning Strategies in Infinite Games?
Invited Talk

Wolfgang Thomas
RWTH Aachen

Infinite games were invented in descriptive set theory, wlilee dominating question was determi-
nacy - the mere existence of a winning strategy for one ofwlreplayers. In computer science the
problem was put into an algorithmic setting: Can one decitle wins and can one effectively con-
struct a winning strategy? In this talk we address quaitgaefinements of the problem, reflecting
a major current trend of research: How to construct winningtsgies that are "good” or even "op-
timal” in some sense? The size of memory of finite-state mmeeshéxecuting winning strategies is a
well-known criterion. Other criteria refer to the efficiglmehavior” of strategies, as captured by the
application of the solution of mean-payoff games. A thirgp@ach aims at novel formats of win-
ning strategies, e.g. as "programs” (rather than statehinas). We survey old and recent work on
these topics, spanning the literature from the beginniBgglji-Landweber 1969) to recent results
obtained in the Aachen research group, among them the sfwdping strategies as Boolean pro-
grams (Britsch 2013) and the Turing machine based modsti@ftegy machine” (Gelderie 2014).

*Research supported by the project Cassting (Collectiveptatize Systems Synthesis With Non-Zero-Sum Games) funded
as part of the FOCAS collaborative action by the Europeani@ission under FP7.

F. Mogavero, A. Murano, and M.Y. Vardi (Eds.): (© Wolfgang Thomas
2nd Workshop on Strategic Reasoning 2014 (SR14) This work is licensed under the
EPTCS 146, 2014, pp. xi—xi, doi:10.4204/EPTCS.146.0.4 Creative Commons Attribution License.






Expectations or Guarantees? I Want It All!
A crossroad between games and MDPs*

Véronique Bruyere Emmanuel Filiot Mickael Randour
Université de Mons Université Libre de Bruxelles Université de Mons
Belgium Belgium Belgium

Jean-Francois Raskin

Université Libre de Bruxelles
Belgium

When reasoning about the strategic capabilities of an agent, it is important to consider the nature of
its adversaries. In the particular context of controller synthesis for quantitative specifications, the
usual problem is to devise a strategy for a reactive system which yields some desired performance,
taking into account the possible impact of the environment of the system. There are at least two
ways to look at this environment. In the classical analysis of two-player quantitative games, the
environment is purely antagonistic and the problem is to provide strict performance guarantees. In
Markov decision processes, the environment is seen as purely stochastic: the aim is then to optimize
the expected payoff, with no guarantee on individual outcomes.

In this expository work, we report on recent results [10, 9] introducing the beyond worst-case
synthesis problem, which is to construct strategies that guarantee some quantitative requirement in
the worst-case while providing an higher expected value against a particular stochastic model of the
environment given as input. This problem is relevant to produce system controllers that provide nice
expected performance in the everyday situation while ensuring a strict (but relaxed) performance
threshold even in the event of very bad (while unlikely) circumstances. It has been studied for both
the mean-payoff and the shortest path quantitative measures.

1 Introduction

Classical models. Two-player zero-sum quantitative games [17, 31, 8] and Markov decision processes
(MDPs) [27, 11] are two popular formalisms for modeling decision making in adversarial and uncertain
environments respectively. In the former, two players compete with opposite goals (zero-sum), and we
want strategies for player 1 (the system) that ensure a given minimal performance against all possible
strategies of player 2 (its environment). In the latter, the system plays against a stochastic model of
its environment, and we want strategies that ensure a good expected overall performance. Those two
models are well studied and simple optimal memoryless strategies exist for classical objectives such as
mean-payoff [25, 17, 18] or shortest path [4, 2]. But both models have clear weaknesses: strategies that
are good for the worst-case may exhibit suboptimal behaviors in probable situations while strategies that
are good for the expectation may be terrible in some unlikely but possible situations.

What if we want both? In practice, we want strategies that both ensure (a) some worst-case threshold no
matter how the adversary behaves (i.e., against any arbitrary strategy) and (b) a good expectation against
the expected behavior of the adversary (given as a stochastic model). We study how to construct such

*Work partially supported by European project CASSTING (FP7-ICT-601148). Filiot and Randour are respectively F.R.S.-
FNRS research associate and research fellow. Raskin is supported by ERC Starting Grant inVEST (279499).

F. Mogavero, A. Murano, and M.Y. Vardi (Eds.): © V. Bruyere, E. Filiot, M. Randour & J.-F. Raskin
2nd Workshop on Strategic Reasoning 2014 (SR14) This work is licensed under the
EPTCS 146, 2014, pp. 1-8, doi:10.4204/EPTCS.146.1 Creative Commons Attribution License.



2 Expectations or Guarantees? I Want It All!

finite-memory strategies. We consider finite memory for player 1 as it can be implemented in practice
(as opposed to infinite memory). Player 2 is not restricted in his choice of strategies, but we show that
simple strategies suffice. Our problem, the beyond worst-case synthesis problem, makes sense for any
quantitative measure. We focus on two classical ones: the mean-payoff, and the shortest path. Our results
are summarized in Table 1.

worst-case expected value BWC
complexity NP N coNP P NP NcoNP
mean-payoff
memory memoryless pseudo-poly.
complexity P pseudo-poly. / NP-hard
shortest path
memory memoryless pseudo-poly.

Table 1: Overview of decision problem complexities and memory requirements for winning strategies of
the first player in games (worst-case), MDPs (expected value) and the BWC setting (combination).

Example. Consider the weighted game in Fig. 1 to

illustrate the shortest path context. Circle states be- }
long to player 1, square states to player 2, integer la-
bels are durations in minutes, and fractions are prob-
abilities that model the expected behavior of player 2.
Player 1 wants a strategy to go from “home” to “work”
such that “work” is guaranteed to be reached within
60 minutes (to avoid missing an important meeting),
and player 1 would also like to minimize the expected
time to reach “work”.

The strategy that minimizes the expectation is to
take the car (expectation is 33 minutes) but it is ex-
cluded as there is a possibility to arrive after 60 min-
utes (in case of heavy traffic). Bicycle is safe but the
expectation of this solution is 45 minutes. We can do
better with the following strategy: try to take the train,
if the train is delayed three time consecutively, then go
back home and take the bicycle. This strategy is safe
as it always reaches “work™ within 59 minutes and its expectation is ~ 37,56 minutes (so better than
taking directly the bicycle). Observe that this simple example already shows that, unlike the situation for
classical games and MDPs, strategies using memory are strictly more powerful than memoryless ones.
Our algorithms are able to decide the existence of (and synthesize) such finite-memory strategies.

back home
1

bicycle
45

station traffic

heavy

1 1
10 10 10\ 70

waiting
room

Figure 1: Player 1 wants to minimize its ex-
pected time to reach “work”, but while ensuring
it is less than an hour in all cases.

Related work. This paper gives an expository presentation of results appeared in [10] (an extended
version of the paper can be found in [9]).

Our problems generalize the corresponding problems for two-player zero-sum games and MDPs. In
mean-payoff games, optimal memoryless worst-case strategies exist and the best known algorithm is in
NP N coNP [17, 31, 8]. For shortest path games, where we consider game graphs with strictly positive
weights and try to minimize the cost to target, it can be shown that memoryless strategies also suffice, and
the problem is in P. In MDPs, optimal expectation strategies are studied in [27, 18] for both measures:
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memoryless strategies suffice and they can be computed in P.

Our strategies are strongly risk averse: they avoid at all cost outcomes below a given threshold (no
matter their probability), and inside the set of those safe strategies, we maximize expectation. To the best
of our knowledge, we are the first to consider such strategies.

Other notions of risk have been studied for MDPs: e.g., in [30], the authors want to find policies
minimizing the probability (risk) that the total discounted rewards do not exceed a specified value; in [19],
the authors want to achieve a specified value of the long-run limiting average reward at a given probability
level (percentile). While those strategies limit risk, they only ensure low probability for bad behaviors
but not their absence, furthermore, they do not ensure good expectation either.

Another body of related work is the study of strategies in MDPs that achieve a trade-off between the
expectation and the variance over the outcomes (e.g., [6] for the mean-payoff, [26] for the cumulative
reward), giving a statistical measure of the stability of the performance. In our setting, we strengthen this
requirement by asking for strict guarantees on individual outcomes, while maintaining an appropriate
expected payoff.

2 Beyond Worst-Case Synthesis

Preliminaries. We consider the classical models of games and MDPs. Both are based on underlying
directed graphs with integer weights on edges.

In games, the set of vertices, called states, is partitioned between states of the first player, denoted
by P, and states of its adversary, denoted by P,. When the game is in a state belonging to P;, i € {1,2},
then P; chooses a successor state according to his strategy, which may in general use memory (i.e.,
depend on the history) and be randomized (i.e., prescribe a probability distribution over successor states).
This process gives rise to a play, an infinite sequence of states corresponding to a path through the game
graph. We assign real values to plays according to a value function.

In MDPs, the set of states is partitioned between states of P; and stochastic states, where the succes-
sor state is chosen according to a given probability distribution. Basically, an MDP is a game where the
strategy of P, is fixed.

When we fix the strategy of P; in an MDP, or the strategies of P; and P, in a game, we obtain a
Markov chain (MC), a graph where all successor states are chosen according to a stochastic transition
function. Given an MC, it is well-known that measurable sets of plays have uniquely defined proba-
bilities [29], and if we have a measurable value function, we can also compute the expected value or
expectation of this function when executing the MC from a given initial state.

Classical problems. In games, the worst-case threshold problem asks if Py has a strategy such that
any possible outcome, against any possible strategy of P,, gives a play with a value higher than a given
threshold. In MDPs, the expected value threshold problem asks if ‘P; has a strategy such that the resulting
MC yields an expectation higher than a given threshold.

Our model. The beyond worst-case (BWC) problem asks if ‘P has a finite-memory strategy ensuring,
simultaneously, a value greater than a threshold u in the worst-case (i.e., against any strategy of the
adversary), and an expected value greater than a threshold v against a given finite-memory stochastic
model of the adversary (e.g., representing commonly observed behavior of the environment). The BWC
synthesis problem asks to synthesize such a strategy if one exists.
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3 Mean-Payoff

What was known. Given a play, its mean-payoff is defined as the (inf or sup) limit of the mean encoun-
tered weights along its finite prefixes: essentially, it is the long-run average weight over the infinite play.
For the worst-case threshold problem, pure memoryless optimal strategies exist for both players [25, 17]
and deciding the winner is in NP N coNP [31, 24, 21]. Whether the problem is in P is a long-standing
open problem [8, 13]. Optimal expected values in MDPs can be achieved by memoryless strategies, and
the corresponding decision problem can be solved in polynomial time through linear programming [18].

Our results. We prove that surprisingly, the BWC problem matches the decision complexity of the
simpler worst-case problem, even collapsing to P if the latter were proved to be in P. Hence, we enrich
the modeling and reasoning power over strategies without negative impact on the complexity class.

Theorem 1. The beyond worst-case problem for the mean-payoff value function is in NP N coNP and at
least as hard as mean-payoff games.

Furthermore, we establish that in contrast to the worst-case and expectation problems, some memory
is now needed to win in general. Nevertheless, we show that elegantly implementable strategies suffice,
constructed using clever alternation between memoryless strategies based on intuitive counters.

Theorem 2. Memory of pseudo-polynomial size may be necessary and is always sufficient to satisfy the
BWC problem for the mean-payoff: polynomial in the size of the game and the stochastic model, and
polynomial in the weight and threshold values.

Some key ideas. Our solving algorithm is too complex to be presented fully in this work. Nonetheless,
we here give a few hints of its cornerstones, highlighting crucial aspects of the problem.

End-components. An important part of the algorithm relies on the analysis of end-components (ECs)
in the MDP, i.e., strongly connected subgraphs in which P; can ensure to stay when playing against the
stochastic adversary. This is motivated by two facts. First, under any arbitrary strategy, the set of states
that are seen infinitely often along an outcome corresponds with probability one to an EC [15, 1]. Second,
the mean-payoff function is prefix-independent, therefore the value of any outcome only depends on the
states that are seen infinitely often. Hence, the expected mean-payoff that P; can achieve on the MDP
depends uniquely on the value obtained in the ECs. Inside an EC, we can compute the maximal expected
value that can be achieved by P, and this value is the same in all states of the EC [18].

Classification of ECs. To be efficient w.r.t. the expectated value criterion, an acceptable strategy has to
favor reaching ECs with a sufficient expectation, but under the constraint that it also guarantees satisfac-
tion of the worst-case requirement: some ECs with high expected values may still need to be avoided
because they do not permit to ensure this constraint. We establish a classification of ECs based on that
observation, partitioning them between winning ECs (WECs) and losing ECs (LECs). Since the total
number of ECs may be exponential, providing a representative subclass of polynomial size and comput-
ing it efficiently is a crucial point to maintain the overall NP N coNP membership.

Within a WEC. We give a particularly interesting family of strategies for P; that both guarantee safe
outcomes for the worst-case, and prove to be efficient w.r.t. the expected value. Actually, we establish
that the worst-case can be guaranteed almost for free in the sense that we can achieve expectations
arbitrarily close (but not exactly equal) to what P; could obtain without considering the worst-case
requirement at all (i.e., in a classical MDP).

To obtain this result we use a finite-memory combined strategy. For two well-chosen parameters
K,L € N, it is informally defined as follows: in phase (a), play a memoryless expected value optimal
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strategy for K steps and memorize Sum € Z, the sum of weights along these steps; in phase (b), if
Sum > 0, go to (a), otherwise play a memoryless worst-case optimal strategy for L steps, then go to (a).
In phases (a), P tries to increase its expectation and approach its optimal one, while in phase (b), he
compensates, if needed, losses that occurred in phase (a).

The crux of the proof is to establish that adequate values of the parameters K and L exist. Essentially,
K needs to be big enough so that the overall expectation is close to the optimal, but then L also needs to
grow to be able to compensate sufficiently for the worst-case, hence lowering to some extent the overall
expectation. Using results related to Chernoff bounds and Hoeffding’s inequality in MCs [28, 22], we
are able to show that the probability of having to compensate decreases exponentially when K increases,
while L only needs to be polynomial in K. Overall, this implies the desired result that the parameters can
be taken large enough for the strategy to be £-optimal w.r.t. the expectation while worst-case safe.

4 Shortest Path

What was known. In this context, we consider game graphs where all weights are strictly positive, and
a target set of states that 7P} wants to reach while giving an upper bound on the cost to reach it. Hence
the inequalities of the BWC problem are reversed. Given a play, the value function for the shortest path
computes the sum of weights up to the first encounter of a state belonging to the target set, or assigning
infinity if the play never reaches such a state. The worst-case threshold problem takes polynomial time,
as a winning strategy of P; should avoid all cycles (because they yield strictly positive costs), hence
usage of attractors and comparison of the worst possible sum of costs with the threshold suffices. For the
expected value threshold problem, memoryless strategies suffice and the problem is in P [4, 2].

Our results. In contrast to the mean-payoff case where we could maintain the complexity of the worst-
case problem, we here provide an algorithm which operates in pseudo-polynomial time instead of truly-
polynomial time. Nevertheless, we prove that the problem is actually NP-hard (reduction from the K"
largest subset problem [20]), hence establishing that a truly-polynomial-time algorithm is highly unlikely.

Theorem 3. The beyond worst-case problem for the shortest path can be solved in pseudo-polynomial
time: polynomial in the size of the underlying game graph, the stochastic model of the adversary and the
encoding of the expected value threshold, and polynomial in the value of the worst-case threshold. The
beyond worst-case problem for the shortest path is NP-hard.

Once again, we show that pseudo-polynomial memory is both necessary and sufficient. Recall that
the example of Fig. 1 already required memory to achieve some thresholds pair for the BWC problem.

Theorem 4. Memory of pseudo-polynomial size may be necessary and is always sufficient to satisfy the
BWC problem for the shortest path: polynomial in the size of the game and the stochastic model, and
polynomial in the worst-case threshold value.

Some key ideas. The shortest path setting has a useful property: the set of all winning strategies of P;
for the worst-case threshold problem can be represented through a finite game. Indeed, we construct,
from the original game G and the worst-case threshold 1, a new game G such that there is a bijection
between the strategies of P in G, and the strategies of P in the original game G that are winning for the
worst-case requirement: we unfold the original graph, tracking the current value of the sum of weights
up to the threshold |, and integrating this value in the states of an expanded graph. In the corresponding
game G', we compute the set of states R from which P; can reach the target set with cost lower than p
and we define the subgame G,, = G’ | R such that any path in G, satisfies the worst-case requirement.
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Assuming that G, is not empty, we can now combine it with the stochastic model of the adversary
to construct an MDP in which we search for a /P; strategy that ensures reachability of the target set with
an expected cost lower than the expectation threshold. If it exists, it is guaranteed that it will also satisfy
the worst-case requirement against any strategy of P, thanks to the bijection evoked earlier.

Hence, in the case of the shortest path, our approach is sequential, first solving the worst-case, then
optimizing the expected value among the worst-case winning strategies. This sequential algorithm is
depicted through Example 5. Observe that such an approach is not applicable to the mean-payoff, as in
that case there exists no obvious finite representation of the worst-case winning strategies.

Example 5. Consider the game G depicted in Fig. 2. We want to synthesize a BWC strategy of P; that
minimizes the expected cost up to the target set {s3 } under the (strict) worst-case threshold u = 8.

1

—_

$2

)

=

Figure 2: Simple BWC shortest path game with target set {s3} and worst-case threshold u = 8.

First, we unfold this game G up to the worst-case threshold (excluded), and obtain the game G’
represented in Fig. 3. Observe that as soon as the worst-case threshold is reached, we stop the unfolding
and associate symbol T: the worst-case requirement is lost if such states are reached. This guarantees a
finite (and at most pseudo-polynomial size) unfolding.

[SIES
—_

1

— Sl,O

Figure 3: Unfolding of the game of Fig. 2: worst-case winning requires to reach a double state. Thick
edges represent the strategy that minimizes the expected cost while ensuring this worst-case.

Therefore, it is clear that a BWC strategy of P; must ensure reachability of states of G’ that represent
reaching the target state with a total cost strictly less than the worst-case threshold. Those states are
depicted by double circles in the figure. Hence, P must stay within the attractor of those double states.
It implies that state (s,3) of the unfolding and subsequent states are off-limits.

Knowing that, it now suffices to minimize the expected value within the safe region, which is
achieved by the memoryless (with regard to G’) strategy that chooses to go in (s, 1) from (s1,0) and
to (s3,7) from (s1,2). This strategy is depicted by the thick edges on the figure. Observe that this
strategy is memoryless in G, hence requires at most pseudo-polynomial memory in G. <
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5 Future Work

We believe that the beyond worst-case framework is a powerful one, well-suited for specifications com-
bining the quest of high expected performance with the need for strong worst-case guarantees. We want
to build on the results presented here and consider several extensions of the initial setting.

The first line of work is applying the problem to other well-known quantitative measures and to more
general classes of games (for example decidable classes of games with imperfect information [16, 23]).

A second interesting question is the extension of our results for mean-payoff and shortest path to
multi-dimension games. It is already known that multi-dimension games are more complex than one-
dimension ones for the worst-case threshold problem alone [12, 14]. Hence, a leap in complexity is also
to be expected for the beyond worst-case problem.

Given the relevance of the framework for practical applications, it would certainly be worthwhile
to develop tool suites supporting it. We could for example build on symblicit implementations recently
developed for monotonic Markov decision processes by Bohy et al. [5].

Links outside computer science are also of interest. Economics is interested in strategies (i.e., in-
vestor profiles) that ensure both sufficient risk-avoidance and profitable expected return. Mathematical
models powerful enough to tackle the previously discussed problems could be an advantage. A related
approach to such questions is the concept of solvency games introduced by Berger et al. [3], and extended
by Brézdil et al. [7]. Solvency games provide a framework for the analysis of risk-averse investors trying
to avoid bankruptcy.
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We introduce a new class of games where each player’s aimranttomise her strategic choices
in order to affect the other players’ expectations asidmft@r own. The way each player intends
to exert this influence is expressed through a Boolean catibim of polynomial equalities and
inequalities with rational coefficients. We offer a logicapresentation of these games as well as a
computational study of the existence of equilibria.

1 Introduction

In the situations of strategic interactions modelled in @arheory, the goal of each player is essentially
the maximisation of her own expected payoff. Players, hawnesften care not only about maximising
their own expectation, but also about influencing othergigyexpected outcomes. As an example, con-
sider a number of competing investment banks selling anthguyadable assets so that the trading of
financial products affects each other’s profit. These barightmandomize their choices and obviously
aim at maximizing their expected profit. Still, their stgganight go beyond the choice of a specific in-
vestment and they might be interested in influencing the etankd the behavior of other banks possibly
undermining the expected gain of their competitors.

In this work, we offer logical models to formalize these lsnof strategic interactions, called Ex-
pectation Games, where each player’s aim is to randomisstieegic choices in order to affect the
other players’ expectations over an outcome as well as theirexpectation. Expectation Games are an
extension of Lukasiewicz games [9] and are based on thed&gi) that formalise reasoning about ex-
pected payoffs in a class of Lukasiewicz games [4]. Lukasiegwames [9], a generalisation of Boolean
games [7], involve a finite set of playeRs each controlling a finite set of propositional variabis
whose strategy corresponds to assigning values from tielsca: {O, %, e %, 1} to the variables in
V. Strategies can be interpreted as efforts or costs, andpbagtr’s strategic choice can be seen as an
assignment to each controlled variable carrying an irtrinest. Each player is given a finitely-valued
t ukasiewicz logic formulag;, with variables fromJ'V;, whose valuation is interpreted as the payoff
function for B and corresponds to the restriction o¥grof a continuous piecewise linear polynomial
function [2].

Expectation Games expand Lukasiewicz games by assigniegcio playei a modal formulad;
of the logicE(®), whose interpretation corresponds to a piecewise ratjpolghomial function whose
variables are interpreted as the expected values of thdffagiotions ¢;. Each formulad; is then meant
to represent a player’s goal concerning the relation betee and other players’ expectations.

1This extended abstract is based on the article [4] and armipgoextended version of the same work.

F. Mogavero, A. Murano, and M.Y. Vardi (Eds.): © L. Godo, E. Marchioni
2nd Workshop on Strategic Reasoning 2014 (SR14) This work is licensed under the
EPTCS 146, 2014, pp. 9-15, doi:10.4204/EPTCS.146.2 Creative Commons Attribution License.
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2 Logical Background

The language of Lukasiewicz logic L (see [2]) is built from @uatable set of propositional variables
{p1,P2,...}, the binary connective+ and the truth constar (for falsity). Further connectives are
defined as follows:

-9 is ¢ —0, dAY is ¢&(d — ),
P&y is (¢ — Y), vy is (9= @)= ),
POy is —(—¢&-UY), p=yg is (9= PE&Y—9),

poy is P&y, d(¢,¢) is —(¢ < ).
Let Form denote the set of tukasiewicz logic formulas. A valuatsfrom Form into [0,1] is a
mappinge: Form — [0, 1] assigning to all propositional variables a value from tre mait interval (with
e(0) = 0) that can be extended to complex formulas as follows:

e¢ —¢) = min(l—e¢)+e(y)1) e(—¢) = 1-€¢)

e(p&y) = max0.e(d)+e(y)—-1) epoy) = min(led)-+ey))
epoy) = max0.e(d)—ey)) e¢pAy) = min(e(d), ey))
fpvy) = max(e() e(y)) ed(¢.y)) = le(¢)—e(y)|
e¢y) = 1-[e(d)—e(y)|

A valuatione satisfies formulag if e(¢) = 1. As usual, a set of formulas is called a theory. A valuation
e satisfies a theor¥, if e(y) =1, foreveryy € T.
Infinite-valued tukasiewicz logic has the following axiotisation:
(tD) ¢ — (Y —9), (£2) (0 = @) = (Y = x) = (¢ = X)),
k) (=)= W—9) ®H(¢—=¢)—y)—(Y—0)—9).
The only inference rule imodus ponens.e.: from¢ — Y and¢ derivey.

A proofin t is a sequences, . .., ¢, of formulas such that eaah either is an axiom of L or follows
from some preceding;, ¢« (j,k < i) by modus ponens. We say that a formglaan be derived from a
theoryT, denoted a3 - ¢, if there is a proof ofp from a sefl’ C T. A theoryT is said to be consistent
if T+ 0.

tukasiewicz logic is complete with respect to deductionsfinite theories for the given semantics,
i.e.: for every finite theoryl and every formula, T - ¢ iff every valuationethat satisfie§ also satisfies
¢.

For eachk € N, the finite-valued Lukasiewicz logicdis the schematic extension of £ with the axiom
schemas:

(£5) (n—1)¢ < ng, (£6) (k$*~1)" » ngk,
for each integek=2,...,n— 2 that does not divide— 1, and wherag is an abbreviation fop &---$ ¢
(ntimes) andpX is an abbreviation fop& ...& @, (k times). The notions of valuation and satisfiability
for L are defined as above just replacifgl] by

1 k—1
Lk—{O,E,...,T,l}

as set of truth values. Everyfis complete (in the above sense) with respect to deductiomns finite
theories for the given semantics.

It is sometimes useful to introduce constants in additio@ that will denote values in the domain
Lx. Specifically, we will denote by } the tukasiewicz logic obtained by adding constamfsr every
valuec € Lx. We assume that valuation functioadterpret such constants in the natural wefc) = c.
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A McNaughton function [2] is a continuous piecewise lineatypomial functions with integer co-
efficients over theath-cube[0,1]". To each tukasiewicz formulé(ps,...,pn) we can associate a Mc-
Naughton functionf, so that, for every valuatioa

fo(e(p1),.--,€(pn)) = &(@(P1; .-, Pn)).

Every t-formula is then said to define a McNaughton functidrne converse is also true, i.e. every
continuous piecewise linear polynomial function with gee coefficients ovel0,1]" is definable by a
formula in Lukasiewicz logic. In the case of finite-valuedkasiewicz logics, the functions defined by
formulas are just the restrictions of McNaughton functiomsr (Lg)". In this sense, we can associate to
every formulag (p, ..., pn) from t a functionfy : (Lx)" — L. As for each ¥, the functions defined
by a formula are combinations of restrictions of McNaughtionctions and, in addition, the constant
functions for eacte € Lx. The class of functions definable by-formulas exactly coincides with the
class of all functiond : (Lx)" — Lk, for everyn > 0.

The expressive power of infinite-valued tukasiewicz loggs lin, and is limited to, the definability
of piecewise linear polynomial functions. Expanding L wiitle connectives), —n of Product logic [6],
interpreted as the product of reals and as the truncatesiatvirespectively, significantly augments the
expressive power of the logic. Thé‘lL% logic [3] is the result of this expansion, obtained by addimg

connectivesy, —n, % whose valuations extend the valuations for £ as follows:

1 _
o) = ed)-e).  ebony) = {% S €y B

Notice that the presence of the constgrmakes it possible to define constants for all rational@®id]
(see [3)). I:l'l%'s axioms include the axioms of Lukasiewicz and Productdedsee [6]) as well as the
following additional axioms, wher@¢ is ~¢ —n O:

(£N1) (poy)e(PoX) < ¢o(YeX),

(£N2) A(¢ — ¢) = (6 —n W),

(£M3)  A(¢ —n ¢) = (¢ = ¥),

(£N4) 3+ -1
The deduction rules are modus ponens for & andand the necessitation rule fari.e.: from¢ derive
Ag. LI'I% is complete with respect to deductions from finite theoraedtie given semantics [3].

While t is the logic of McNaughton functions,rl_% is the logic of piecewise rational functions

over [0,1]", for all n (see [10]). In fact, the function defined by eachl %—formula with n variables
corresponds to a supremum of rational fractions

P(X1,..,X%n)
Q(X1,. .-, X%n)

over [0,1]", whereP(xy,...,%),Q(x1,...,%,) are polynomials with rational coefficients. Conversely,
every piecewise rational function with over the unit cy@el|" can be defined by anl'ﬂ.%-formula.

3 Logics for tukasiewicz Games with Expectations

In this section we briefly introduce tukasiewicz games gratong with the logicsE(®) to represent
expected payoffs in classes of gamegs) will be the basis upon which Expectation Games are defined.
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3.1 tukasiewicz Games

Definition 3.1 ([9]) A tukasiewicz gam& on t; is a tuple¥ = (P,V,{Vi},{Si},{¢i}) where:
1. P={P,...,R} is a set ofplayers
2. V={p1,...,Pm} is afinite set of propositional variables;

3. Foreachie {1,...,n}, V; C V is the set of propositional variables under control of plaig so
that the set¥/; form a partition ofV, with |V;| = m;, andy{L;my = m.

4. Foreachie {1,...,n}, S; is the strategy set for player that consists of all valuations:8/; — Ly
of the propositional variables i, i.e. Si = {s| s: Vi — L}.

5. Foreachic {1,...,n}, ¢i(ps,..., o) is an tg-formula, built from variables iV, whose associated
function §, : (Lk)! — Lk corresponds to thpayoff functionof R, and whose value is determined
by the valuations i{S1,...,Sn}.

We denote bys = S; x --- x Sy the product of the strategy spaces. A tugle (s,...,s,) € S of
strategies is called strategy combinationWith an abuse of notation, we denote fy(S) the value of
the payoff functionfy, under the valuation corresponding to the strategy combim&t

Given a game?, let 6 : P — {1,...,m} be a function assigning to each play&ran integer from
{1,...,m} that corresponds to the number of variables/jni.e.: 6(R) = m. d is called avariable
distribution function Given a game?, thetypeof ¢ is the triple (n,m, ), wheren is the number of
playersmis the number of variables i, andd is the variable distribution function fof.

Definition 3.2 (Class) Let ¥ and ¥’ be two tukasiewicz gamég and ¥’ on . of type(n,m,d) and
(n,m, '), respectively. We say tha@t and%’ belong to the same clags if there exists a permutation
of the indices(1,...,n} such that, for all R 6(P;)) = &'(R).

Notice that what matters in the definition of a type is not ahitayers are assigned certain variables,
but rather their distribution.

Let ¢ be a tukasiewicz game orft A mixed strategyr for playerB is a probability distribution
on the strategy spac®. By 1, we denote the tuple of mixed strategigs,..., -1, 75+1,...,Th).
P_i denotes the tuple of playe(®;,...,R_1,R+1,...,P,). Given the mixed strategi€sa, ..., ), the
expected payofbr B, of playing 75, whenP_; play 1T ;, is given by

expy, (75, Ti) = < Z s <<I£LT[J (Sj)> Ty, (§)>
=(S1,..-,5n)€ =

3.2 The LogicsE(®)

Given a class of game$ on t;, the language dE(®) is defined as follows(1) The set NModF of non-
modal formulas corresponds to the set ffarmulas built from the propositional variablgs, ..., pm.
(2) The set ModF of modal formulas is built from the atomic modahiulasE¢, with ¢ € NModF,
using the connectives of thd‘t% logic. E¢ is meant to encode a player’'s expected payoff of playing a
mixed strategy, given the payoff function associated tdNested modalities are not allowed.

A modelM for E(®) is a tuple(S,e {7 }), such that:

1. S=5; x---x Sy is the set of all strategy combinations, i.e.

{8=(s1,---,%) | (S1,.--,%n) €S1 %X -+- X Sp}.
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2. e: (NModF x S) — L is a valuation of non-modal formulas, such that, for egch NModF
e(¢,8) = fy(S), wherefy is the function associated thandsS= (sy,...,S).

3. 11:S; — [0,1] is a probability distribution, for each.
The truth value of a formule in M ats, denoted|®||y s, is inductively defined as follows:

1. If ®is a non-modal formulg € NModF, then||¢|jm <= €(¢,S),
2. If @ is an atomic modal formul&¢, then||E¢||m s = exp (Tm,..., Th).

3. If @ is a non-atomic modal formula, its truth value is computecdebgluating its atomic modal
subformulas and then by using the truth functions assattatée 1 %—connectives occurring in
®.

Since the valuation of a modal formufa does not depend on a specific strategy combination but
only on the modeM, we will often simply write||®||y to denote the valuation @b in M.

Theorem 3.3 (Completeness) etl” and® be a finite modal theory and a modal formuleE(®). Then,
I Fge) @ if and only if for every modeM such that, for eac €T, ||W|lm = 1, also|®[jy = 1.

4 Expectation Games

In this section we introduce a class of games with polynoooaktraints over expectations. These games
expand Lukasiewicz games by assigning to each player a faqwf E(&), whose interpretation corre-
sponds to a piecewise rational polynomial function whose&ises are expected values. The form@a

is meant to represent a player’s goal concerning the rel&@tween her and other players’ expectations.

Definition 4.1 An Expectation Gamé&, onE(®) is a tupleéy = (¢4, {M;},{®;}), where:
1. ¢ is a Lukasiewicz game dtf, with € &,
2. foreachie {1,...,n}, M; is the set of all mixed strategies 6nof player R,
3. foreach ic {1,...,n}, ®; is anE(&)-formula such that every atomic modal formula occurring in
®; has the formEy, with ¢ € {¢1,...,¢n}, i.e. the payoff formulas if.

A modelM = (S,e {r5}) of E(&) for a gamedsy is called abest response mod&r a playerP,
whenever, for all models’ = (S,e, {17'}) with 7', = 1.,

[Pi[[mr < (| Pilm-

An expectation gaméy on E(®) is said to have &lash Equilibrium whenever there exists a model
M* that is a best response model for each pldem that caseM * is called anequilibrium model

Example 1 Let &y be any expectation game where ed&tlis simply assigned the formul®; := E¢;.
This game corresponds to the the situation where each ptayes only about her own expectation and
whose goal is its maximisation. Clearly, by Nash’'s Theord],[ every &y of this form admits an
Equilibrium, since it offers a formalisation of the clasdicase where equilibria are given by tuples of
mixed strategies over valuations in a tukasiewicz game.

Example 2 Not every expectation game has an equilibrium. In fact,sw@r the following game
&g = P,V {Vi},{Si}, {®i},{Mi},{D;}), with i € {1,2}, where:
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(1) ¢1:= prandez := py, and (2) @1 :=-d(E(p1),E(p2)) and P, := d(E(pl),E(pz)).2

The above game can be regarded as a particular version ohiMgteennies with expectations. In fact,
while P, aims at matchindp,’s expectationP, wants their expectations to be as far as possible. It is easy
to see that there is no moddl that gives an equilibrium fo#z. Therefore:

Proposition 4.2 There exist Expectation Games b(®) that do not admit a Nash Equilibrium.

5 Complexity

Definition 5.1 For a given gamey, the MEMBERSHIP problem is the problem of determining whether
there exists an equilibrium mod&l. For a given gamesy and modelM with with rational mixed
strategies(7, ..., ), theNON-EMPTINESS problem is the problem of determining whettrbelongs

to the set of Nash Equilibria.

Recall that the first-order theoriyh(RR) of real closed fields is the set of sentences in the language of
ordered ringsg+, —,-,0,1, <) that are valid over the field of reals [8]. The existence of guiléorium in
a gamesy can be expressed through a first-order senténaeTh(RR):

Proposition 5.2 For each Expectation Gam®, there exists a first-order senten€ef the theoryTh(RR)
of real closed fields so tha@t, admits a Nash Equilibrium if and only & holds inTh(RR).

As a consequence of the above, it is easy to see that a fame@mits an equilibrium if and only if there
exists a quantifier-free formula in the language of ordenegsrthat defines a non-empty semialgebraic
set over the reals [8].

We exploit the connection witlth(R) to determine the computational complexity of both thenv
BERSHIPand the NMON-EMPTINESS problem. In fact, given a gam#y, it can be shown that the sentence
& can be computed frorg, but its length is exponential in the number of propositioveiables of the
payoff formulasg. Deciding the validity of a sentence Th(R) is singly exponential in the number of
variables and doubly exponential in the number of alteonatiof quantifier blocks [5]. It can be shown
that for every game the alternation of quantifiers iis always fixed. As a consequence, we obtain:

Theorem 5.3 Given an Expectation Gamé&, the NON-EMPTINESS problem can be decided i8-
EXPTIME.

Deciding the validity of a sentence with only existentialagtifiers in Th(R) can be solved in
PSPACE [1]. We can show that, given a ga#iyeand modeM with rational mixed strategiggg, ..., Th),
we can compute in polynomial time an existential sentencBh¢R) whose validity is equivalent to the
fact thatM is an equilibrium model.

Theorem 5.4 Given an Expectation Gan#& and a modeM with rational mixed strategie&m, ..., ),
the MEMBERSHIP problem can be decided IRSPACE

2 Where—d(E(p1),E(p2)) is interpreted as % |expy, (70, T®) — eXf, (70, 2)| andd(E(p1), E(p2)) as|exp, (1, ®) —
exfy, (1, )| (see [4]).
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6 Extensions and Future Work

This work lends itself to several extensions and genet#iza. On the one hand we plan to study
the notion of correlated equilibria for Expectation Gamesaell as to determine the complexity of
checking their existence. In addition, we are interestestudying games where an external agent can
exert influence on the game by imposing constraints on theffsagind the expectations. This agent
would then play the role of an enforcer by pushing the playermake choices that agree with her
dispositions. Also, we plan to investigate games based fimitervalued tukasiewicz logic [2] where
players have infinite strategy spaces. Finally, we intendxjore possible relations with stochastic
games and whether our framework can be adapted to formhbze kinds of strategic interactions.
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We study the security of interaction protocols when inceggtiof participants are taken into account.
We begin by formally defining correctness of a protocol, gigenotion of rationality and utilities of
participating agents. Based on that, we propose how togseeasrity when the precise incentives are
unknown. Then, the security level can be defined in terndeéénder setd.e., sets of participants
who can effectively “defend” the security property as losgleey are in favor of the property.

We present some theoretical characterizations of deféagabtocols under Nash equilibrium,
first for bijective games (a standard assumption in gameryheand then for games with non-
injective outcomes that better correspond to interactiaigeols. Finally, we apply our concepts
to analyze fairness in the ASW contract-signing protocol.

1 Introduction

Interaction protocols are ubiquitous in multi-agent syse Protocols can be modeled as games, since
every participant in the protocol has several strategiaes she can employ. From a game-theoretic
perspective, protocols are an interesting class of games #iey have goal, i.e., a set of outcomes that
are preferred by the designer of the protoc®curity protocolsise cryptography to enforce their goals
against any possible behavior of participants. Such a pobie deemed correct with respect to its goal
if the goal is achieved in all runs where a predefined subsgtagers follows the protocol.

We point out that this definition of correctness can be toongtr since violation of the goal may
be achievable only by irrational responses from the otreygss. On the other hand, the definition may
also prove too weak when the goal can be only achieved byatiomal strategy of agents supporting the
goal, in other words: one that they should never choose fo ptadescribe and predict rational behavior
of agents, game theory has proposed a numbsolotion conceptfl3]. Each solution concept captures
some notion of rationality which may be more or less applieab different contexts. We do not fix a
particular solution concept, but consider it to be a parameftthe problem.

Our main contributions are the following. First, in Secti®d, we define a parametrized notion of
rational correctnesgor security protocols, where the parameter is a suitabllgisa concept. Secondly,
based on this notion, we define a conceptefendability of securityn a protocol, where the security
property is guaranteed under relatively weak assumpti®estion 3.3). Thirdly, in Section 4, we propose
a characterizationof defendable security properties when rationality of ipgrants is based on Nash
equilibrium. Finally, we consider the case of mixed straegn Section 5, we generalize the results to

F. Mogavero, A. Murano, and M.Y. Vardi (Eds.): (© W. Jamroga, M. Melissen, and H. Schnoor
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non-injective game models in Section 6, and apply our casdemnalyze fairness in the ASW contract-
signing protocol in Section 7. Most of this paper (Section5)As a compressed version of the material
already published in [9]. The novel contribution is presenh Sections 6 and 7.

We want to emphasize that our work does not focus on “cladésiegurity protocols where most
participants are assumed to be “honest”, i.e., to followpicslly deterministic sequence of actions. More
appropriately, we should say that we studieraction protocolsn general, where actions of participants
may or may not be “honest”, and the actual set of availablewiels depends on the execution semantics
of the protocol. We believe that the two kinds of assumptigroesty vs. being in favor of the protocol
objective) are largely orthogonal. A study of interplayvee¢n the two is left for future work.

1.1 Related Work

Researchers have considered protocol execution as a gaméheivery pessimistic assumption that
the only goal of the other participants (“adversaries”)adteak the intended security property of the
protocol. In this case, a protocol is correct if the “hongstiticipants have a strategy such that, for all
strategies of the other agents, the goal of the protocotisfiga (cf. e.g. [10]). Recently, protocols have
been analyzed with respect to some game theoretic notioratiohality [7, 2] where preferences of
participants are taken into account. An overview of corinestbetween cryptography and game theory
is given in [6]. Another survey [12] presents arguments sstigg that study of incentives in security
applications is crucial. Buttyan, Hubaux aéapkun [4] model protocols in a way similar to ours, and
also use incentives to model the behavior of agents. Howéwvey restrict their analysis to strongly
Pareto-optimal Nash equilibria which is not necessarilypadysolution concept for security protocols:
First, it is unclear why agents woulddividually converge to a strongly Pareto-optimal play. Moreover,
in many protocols it is unclear why agents would play a Nashliggium in the first place. Our method
is more general, as we use the solution concept as a paraimeter analysis. Asharov et al. (2011)
[2] use game theory to study gradual-release fair exchangleqols. They consider a protocol to be
game-theoretically fair if the strategy that never abdrésgrotocol is a computational Nash-equilibrium.
They prove that their analysis allows for solutions thatraseadmitted by the traditional cryptographic
definition. Groce and Katz [8] show that if agents have aftsimicentive to achieve fair exchange, then
gradual-release fair exchange without trusted third p@MyP) is possible under the assumption that the
other agents play rationally. Syverson [14] presentat@nal exchangerotocol for which he shows
that “enlightened, self-interested parties” have no redsaheat. Finally, Chatterjee & Raman [5] use
assume-guarantee synthesis for synthesis of contraghgigrotocols.

In summary, rationality-based correctness of protocotslieen studied in a number of papers, but
usually with a particular notion of rationality in mind. lroitrast, we define a concept of correctness
where a game-theoretic solution concept is a parameteegdrtthlem. Even more importantly, our con-
cept ofdefendabilityof a security property is completely novel. The same appti@sir characterizations
of defendable properties under Nash equilibrium.

2 Protocols and Games

A protocol is a specification of how agents should interagcbtdtols can contaichoice pointsvhere
several actions are available to the agents. An agembngstif he follows the protocol specification,
anddishonesbtherwise, i.e., when he behaves in a way that is not allowetid protocol. In the latter
case, the agent is only restricted by the physical and lbgittions that are available in the environment.
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For instance, in a cryptographic protocol, dishonest ageah do anything that satisfies properties of
the cryptographic primitives, assuming perfect cryptpbsa(as in [11]). The protocol, together with a
model of the environment of action, a subset of agents whassemed to be honest, and the operational
semantics of action execution, defines a multi-agent tianssystem that we call thenodelof the
protocol. In the rest of the paper, we focus on protocol mgdatd abstract away from how they arise.
We also do not treat the usual “network adversary” that céerdept, delay and forge messages, but
essentially assume the existence of secure channels. Suea$ the “network adversary” is of course
highly relevant for security protocols, but orthogonal te aispects we discuss in this paper. In the full
version of this paper [9], we present contract signing profas a running example. In such a protocol,
Alice and Bob want to sign a contract. Among the most relegame-theoretic security properties of
such protocols are fairness, balancedness, and abusedse

We usenormal-form gameas abstract models of interaction in a protocol.

Definition 2.1 (Frames and gamesi game frames a tuplel’ = (N,Z), where N= {Ay,...,Ay|} isa
finite set ofagentsandZ = 2, x --- x Za is a set of strategy profiles.

A normal-form (NF) gamés a game frame plus atility profile u= {uy,...,un} where y:Z — R
is a utility function assigning utility values to strateggofiles.

Game theory usesolution conceptso define which strategy profiles capture rational intecandi
Let ¢4 be a class of games with the same strategy prokiles-ormally, a solution concept fo¥ is
a functionSC: ¥ — £(Z) that, given a game, returns a setrafional strategy profiles. Well-known
solution concepts include e.g. Nash equilibrium (NE), dwant and undominated strategies, Stackelberg
equilibrium, Pareto optimality etc.
Protocols as GamesLet P be a model of a protocol. We will investigate propertiedPahrough the
game framd (P) in which strategies areonditional plansin P, i.e., functions that specify for each
choice point which action to take. A set of strategies, omeech agent, uniquely determinesua of
the protocol, i.e., a sequence of actions that the agenitsaké. ' (P) takes runs to be the outcomes in
the game, and hence maps strategy profiles to runs.

Security protocols are designed to achieve one or rseoerity requirementand/orfunctionality
requirements We only consider requirements that can be expressed irstefraingle runs having a
certain property. We model this by a subset of possible berg\wcalled theobjective of the protocol

Definition 2.2. Given a game framE = (N, X), an objectiveis a sety C 2. We cally nontrivial in I iff
y is neither impossible nor guaranteedlini.e.,0 # y # 2.

3 Incentive-Based Security Analysis

In this section, we give a definition of correctness of seégyriotocols that takes into account rational
decisions of agents, based on their incentives.

3.1 Incentive-Based Correctness

As we have pointed out, the requirement that all strategfjlescsatisfy the objective might be too strong.
Instead, we will require that athtional runs satisfy the objective. In case there are no rationa, ralh
behaviors are equally rational; then, we require that edtsgyy profiles must satisfy.
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Definition 3.1. A protocol model represented as game frame (N,Z) with utility profile u iscorrect
with respect to objectivg under solution conce@C, written(I", u) =scy, iff:

{ SQr,uyCy ifSC(,u)#0

y=2 otherwise

3.2 Unknown Incentives

Definition 3.1 applies to a protocol when a utility profile isgn. However, the exact utility profiles are
often unknown. One way out is to require the protocol to beemtiforall possibleutility profiles.

Definition 3.2. A protocol model represented by game fraimie valid with respect to objectivg under
solution concept SC (writteln =sc y) iff (I',u) =sc y for all utility profiles u.

It turns out that, under some reasonable assumptions,gatetare only valid for trivial objectives.

Definition 3.3. Let G= (N, Z, (uy,...,Un)). Letrt= (mm,..., M), where forallie N, 7t : & — Zj is a
permutation on%;. We slightly abuse the notation by writimg(s;,...,s)) for (1a(sy),..., Th(s)).
A solution concept islosed under permutatioiff s € SQ(N,Z, (u},...,u,))) if and only if r(s) €
SAN,Z, (o ... Uho i 1)),
Theorem 3.4.1f SC is closed under permutation, thErf=sc y iff y= 2.1

Thus, correctness for all distributions of incentives igiegjent to correctness in all possible runs.

3.3 Defendability of Protocols

Typical analysis of a protocol implicitly assumes someipgrants to be aligned with its purpose. E.g.,
one usually assumes that communicating parties are itedresexchanging a secret without the eaves-
dropper getting hold of it, that a bank wants to prevent webkivey fraud etc. In this section, we
formalize this idea by assuming a subset of agents, calleddfendersof the protocol, to be in favor
of its objective. Our new definition of correctness says thatotocol is correct with respect to some
objectivey if and only if it is correct with respect to every utility pridiin which the preferences of all
defenders comply witly.2

Definition 3.5. A group of agents BC N supportsthe objectivey in game(N, X, u) iff for all i € D, if
seyand$e X\ ythen u(s) > ui(s).

A protocol model represented as game frames defended by agentS, written I' |=sc [D]y, iff
(F,u) =scy for all utility profiles u such that D supportgin game(I",u).

Clearly, if there are no defenders, then defendability iswedent to ordinary protocol validity:
Proposition 3.6. If " is a game frame and SC is a solution concept, we havdthagc [0]y iff ' =sc.

If all agents are defenders, any protocol is correct, as &mthe solution concept does not select
strongly Pareto-dominatedtrategy profiles, and there always is some strategy profiiehwis rational
according to the solution concept.

Definition 3.7. A solution concept isveakly Paretaff it never selects a strongly Pareto dominated
outcome (i.e., such that there exists another outcomelgtpceferred by all the players). It isfficient
iff it never returns the empty set.

1 For proofs of all theorems and definitions of auxiliary cqisewe refer to the original paper [9].
2 There is an analogy of the concept to [1] where “robust” gasgsstudied, i.e., goals that are achieved as long as aeslect
subset of agents behaves correctly.
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Theorem 3.8.1f I is a game frame and SC is an efficient weakly Pareto solutionegat theri” =sc [N]y.
Many solution concepts are both efficient and weakly Pafeteexample: Stackelberg equilibrium,
maximum-perfect cooperative equilibrium, backward irtthrc and subgame-perfect Nash equilibrium
in perfect information games. On the other hand, Nash dmjiuiln is neither weakly Pareto nor efficient,
and equilibrium in dominant strategies is weakly Paretonmitnecessarily efficient.
Clearly, defendability of a protocol is monotonic with respto the set of defenders. This justifies
the following definition.
Definition 3.9. Thegame-theoretic security levef protocol P is the antichain of minimal sets of de-
fenders that make the protocol correct.

4 Characterizing Defendability under Nash Equilibrium

In this section, we turn to properties that can be defendadehts’ rationality is based on Nash equilib-
rium or Optimal Nash Equilibrium.

4.1 Defendability under Nash Equilibrium

From Theorem 3.4, we know that no protocol is valid under Neghilibrium (NE) for any nontrivial
objective, since NE is closed under permutation. Do thingisbetter if we assume some agents to be
in favor of the security objective? We now look at the extraragant of the question, i.e., defendabil-
ity by the grand coalitiorN. Note that, by monotonicity of defendability wrt the set @fendersD,
nondefendability byN implies that the objective is not defendable by any coaliiball.

Ouir first result in this respect is negative: we show that iarg\game frame there are nontrivial
objectives that are not defendable under NE.

Theorem 4.1. LetI" be a game frame with at least two players and at least twoegjras per player.
Moreover, lety be a singleton objective, i.g/,= {w} for somew € . Then," F~ne [N]y.

In particular, the construction from the above proof shdveg,tas mentioned before, there are cases
where the “defending” coalition has a strategy to achieveal g, but there are still rational plays in
which the goal is not achieved.

To present the general result that characterizes defditgdaibisecurity objectives under Nash equi-
librium, we need to introduce additional concepts. In wb#ofvs, we useslt; /i] to denotgsy, ..., S_1,t,
S+1,---,5N), I.€., the strategy profile that is obtained frewhen playeii changes her strategy to
Definition 4.2. Let y be a set of strategy profiles In Thedeviation closuref y is defined as Gly) =
{seZ|JieNtieZ.dt/i] €y}

Cl(y) extendsy with the strategy profiles that are reachable by unilategsladions fromy. Thus,
Cl(y) can be seen as the closureyoivith the behaviors that are relevant for Nash equilibriumoré4
over, the following notion captures strategy profiles that be used to construct sequences of unilateral
deviations ending up in a cycle.

Definition 4.3. Astrategic knotn y is a subset of strategy profilesSSy such that there is a permutation
(sl,...,5) of S where: (a) for alll < j < k, 91 = si[g/""/i] for some ie N, and (b) $ = [g//i] for
some ie N, j < k.

Essentially, this means that every stratedjy! is obtained froms' by a unilateral deviation of a
single agent. If these deviations are rational (i.e., iaseethe utility of the deviating agent), then the
knot represents a possible endless loop of rational, endhteviations which precludes a group of
agents from reaching a stable joint strategy. We now statenthin result of this section.
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Theorem 4.4. Let T be a finite game frame anga nontrivial objective in. Then,I" =xg [N]y iff
Cl(y) = Z and there is a strategy profile inthat belongs to no strategic knots yn

4.2 Optimal Nash Equilibria

Nash equilibrium is a natural solution concept for a gameedarepeatedly until the behavior of all
players converges to a stable point. For a one-shot game pisi§ilyly captures convergence of the pro-
cess of deliberation. It can be argued that, among the &laitlutions, no player should contemplate
those which are strictly worse for everybody when compaoeahbther stable point. This gives rise to
the following refinement of Nash equilibrium: OptE u) is the set obptimal Nash equilibrign game
(F,u), defined as those equilibrtaat are not strongly Pareto-dominated by another Nash ldgjiuim.
Defendability by the grand coalition under OptNE has th&oWing simple characterization.

Theorem 4.5. Let T be a finite game frame angla nontrivial objective in". Then,I" =opie [N]y iff
there is a strategy profile igrthat belongs to no strategic knots yn

5 Defendability in Mixed Strategies

So far, we considered only deterministic (pure) strategless well known that for many games and
solution concepts, rational strategies exist only wherntaknixed strategies into account. We now
extend our definition of correctness to mixed strategies, iandomized conditional plans represented
by probability distributions over pure strategies frag). Letdom(s) be the support (domain) of a mixed
strategy profiles, i.e., the set of pure strategy profiles that have nonzerbatibty in s. We extend the
notion to sets of mixed strategy profiles in the obvious waySB™ we denote the variant &Cin mixed
strategy profiles. A protocol is correct in mixed stratedfiall the possible behaviors resulting from a
rational (mixed) strategy profile satisfy the gaalformally: I',u =& y iff dom(SC™(I",u)) C y when
SC"(I',u) # 0 andy = X1 otherwise. The definitions of protocol validity and defeitity in mixed
strategies [ =4 y andl™ =& [D]y) are analogous. For defendability in mixed strategies uiesh
equilibrium, we have the following, rather pessimisticules

Theorem 5.1. Letl" be a finite game frame, andan objective in it. Therl;,u = [N]yiff y=Z.

On the other hand, it turns out thaptimal Nash equilibriunyields a simple and appealing charac-
teristics ofN-defendable properties. In the followingis closed under convex combination of strategies
iff every combination of strategies that appear in some lgrafiy again is an element of

Theorem 5.2.T =g, [N]yiff y=Con\y), i.e.,yis closed under convex combination of strategies.

Corollary  53. T Egyuwe [Nly iff there exist subsets of individual —strategies
X1CZ1,.., Xin| € Zny such thaty = X1 X -+ X X|n|-

That is, security property is defendable by the grand coalition liniff y can bedecomposed into
constraints on individual behavior of particular agents

6 Defendability in Non-Injective Games

Normal game frames are usually defined in the literature as(N, %, Q,0), whereN, X are as before,
Q is the set of (abstracutcomesf the game, and : ~ — Q maps strategy profiles to outcomes. Our
analysis so far has been based on the standard assumptianisha bijection. In other words, there
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mscNaive Contract Signing
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Figure 1: Naive contract-signing: from protocol to EF gam&/& game

is a 1-1 relationship between joint behaviors of agents hadttcomes of those behaviors. Then, we
can identify outcomes with strategy profiles, and omit thenfer from the game model. However, the
standard construction of a game model from a protocol asstinesoutcomes to beinsof the protocol.

In that case, the assumption does hold; in particular, the mapping is not injective.

Example 6.1. Consider the naive contract signing protocol in Figure licAlsends her signature to

Bob, who responds with his signature. Alice and Bob can dtepptotocol at any moment (thereby
deviating from the protocol). If we assume runs of the protd@oc be the outcomes, this gives rise to
an Extensive Form game frame, which can be then transformad NF game frame by the canonical
construction. Clearly, the mapping between strategy mefiind outcomes is not injective.

In general NF games, utility functions assign utility vadue outcomesather than strategy profiles.
Thatis,u; : Q — R. Moreover, an objective is assumed to selestilaset of outcomeFhis follows from
the methodological assumption that an outcome encapsuwagry relevant aspect of the play that has
occurred. We observe that the definitions in Section 3 caiiftbd ko the general case by changing the
types ofu; andy accordingly. However, the results in Sections 4-5 canndifted that easily. Games
with non-injective outcome functions require a more gelnteeatment, which we present below.

Definition 6.2. Given a game framEg, we define theleviation graph of (DevI")) to be the undirected
graph where outcomes fromare vertices, and edges connect outcomes that are obtaioedstrategy
profiles which differ only irl individual strategy (thus corresponding to a potentiallatéral deviation).

Moreover, for an objectivg’ C Q, we will use Dey(I") to denote the subgraph of D@V) consisting
only of the vertices frony and the edges between them.

It is easy to see that the constructionDv(I") andDev,(I") from I', y is straightforward. LeV be a
subset of nodes in a graph. We define tleéghborhood of VdenotedNeighl{V ), asV together with all
the nodes adjacent 0. We observe thalleighldV) “implements” the deviation closure ®fin Dev(I").
Moreover,w does not lie on a strategic knot iff its connected componeesadot include a cycle. This
leads to the following, more general, characterizationdeféndability (we omit the proofs due to lack
of space). Again, we assume thas nontrivial, i.e., 0 y # Q.

Theorem 6.3. yis defended by the grand coalition inunder Nash equilibrium iff:

1. The neighborhood gofin in De\T") covers the whole graph (Neighh = Q), and
2. Dey,(I') includes at least one connected component with no cycles.

Theorem 6.4. y is defended by the grand coalition ihunder optimal Nash equilibrium iff De#")
includes at least one connected component with no cycles.

Theorem 6.5. yis defended in mixed strategies by the grand coalitioh imder optimal Nash equilib-
rium iff y is obtained by a convex combination of strategies.
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7 Example: The ASW contract-signing protocol

A contract-signing protocol is used by two participantgjally called Alice and Bob, to sign a contract
over an asymmetric medium as the internet. The central ibgquoperties ardairness(Alice should
get a signed copy of the contract if and only if Bob gets oba)ancednesgthere is no point in the
protocol run where Bob alone can decide whether the coniviliche signed or not, i.e., Alice cannot
abort the signing anymore but Bob still can abort) ahdise-freenes@f balance cannot be achieved,
then at least Bob should not be able to prove the fact that behgaabove-mentioned strong position
in the current state of the protocol to an outsider). The reatisigning protocoPasw, introduced
in [3], usescommitmentswhich are legally binding “declarations of intent” by Adi@and Bob to sign the
contract. The protocol operates as follows: (1) Alice semdemmitmentm, to Bob; (2) Bob sends his
commitmentcmg to Alice; (3) Alice sends the contrasty, digitally signed with her signature, to Bob;
(4) Bob sends the contrasts, signed with his signature, to Alice.

If one of these messages is not sent by the correspondingrstge other party may contact the TTP:

¢ If Alice does not receive a commitment from Bob, she can airtee TTP with arabort request
which instructs the TTP to mark this session of the protosalzorted;

e If Bob does not receive Alice’s signature, but has her committ, he can sendrasolve request
to the TTP, who then issuesreplacement contracta document that is legally equivalent to the
contract signed by Alice), unless Alice has sent an abotestearlier,

e If Alice does not receive Bob’s signature, but has his commaiit, she can sendresolve request
to the TTP as well, which allows her to receive a replacementract.

It can be shown that the protocol is fair if the TTP is reliafitewill never stop the protocol on its
own). It is also balanced if neither Alice nor Bob can drop elay messages from the other signer to
the TTP. Let us denote outcomes by sets of agents who haveetbtine signature of the other player.
Thus, 0 represents the situation where nobody got a signettiact, {sign,} the situation where Alice
obtained Bob’s signature but note vice versa, etc. Applyiregdefinitions in Section 3.3, one can show
the following. If SCis eitherNash equilibriumor undominated strategiesve have:

1. Pasw [=sc[{Bob} {0, {signg}, {signa,signg}},

2. Pasw =sc[{Alice}[{0, {signp}, {signa,signg}}.

We now consider the case where TTP is not necessarily relidbthe TTP can stop the protocol
at any time, then the protocol does not guarantee fairnggaae. On the other hand, if Bob wants
the protocol to be fair, then he can ensure fairness by sisgigling a signed contract to Alice as soon
as he receives her signature. Clearly, Alice alone (witlwuhonest TTP to assist her) cannot achieve
fairness. Hence the game-theoretic security level of thevAfotocol without reliable TTP is the set
{{Bob},{TTP}}. This holds for both Nash equilibrium and undominated sgis.

8 Conclusions

We propose a framework for analyzing security protocolsl @her interaction protocols), that takes into
account the incentives of agents. In particular, we comsid®vel notion oflefendabilitythat guarantees
that all the runs of the protocol are correct as long as a giubset of the participants (the “defenders”) is
in favor of the security property. We have obtained someattarization results for defendability under
Nash equilibria and optimal Nash equilibria. In the oridipaper [9], we also address the computational
complexity of the corresponding decision problems, bottheégeneric case and in some special cases.
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In the future, we plan to combine our framework with resuttisgrotocol verification using game logics
(such as ATL), especially for those solution concepts thatlie expressed in that kind of logics.

Acknowledgements.We thank the SR2014 reviewers for their extremely usefulardsh Addressing
the fundamental ones was not possible in this extendedaabstue to space and time constraints, but
we will use them in the journal version of the paper (in pragian).

Wojciech Jamroga acknowledges support of the National&elsd=und Luxembourg (FNR) under
project GaLOT — INTER/DFG/12/06.

References

[1] T. Agotnes, W. van der Hoek & M. Wooldridge (2010Robust normative systems and a logic of horm
compliance Logic Journal of the IGP1.8(1), pp. 4-30, doi:0.1093/jigpal/jzp070.

[2] G. Asharov, R. Canetti & C. Hazay (2011Jowards a Game Theoretic View of Secure Computation
Proceedings of EUROCRYRPp. 426—-445, doi:0.1007/978-3-642-20465-4_24,

[3] N. Asokan, V. Shoup & M. Waidner (1998Asynchronous protocols for optimistic fair exchande: Pro-
ceedings of the IEEE Symposium on Research in Security aknddyrIEEE Computer Society Press, pp.
86-99, d0i10.1109/SECPRI.1998.674826

[4] L. Buttyan, J. Hubaux & SCapkun (2004)A formal model of rational exchange and its application te th
analysis of Syverson’s protocalournal of Computer Securit2(3,4), pp. 551-587.

[5] K. Chatterjee & V. Raman (2010)Assume-Guarantee Synthesis for Digital Contract Signif@oRR
abs/1004.2697.

[6] Y. Dodis & T. Rabin (2007)Cryptography and Game Theorln: Algorithmic Game Theorychapter 8, pp.
181-208, doit0.1017/CB09780511800481.010

[7] G. Fuchsbauer, J. Katz & D. Naccache (201®fficient Rational Secret Sharing in Standard Communicatio
Networks In: Proceedings of TC(p. 419-436, doi:0.1007/978-3-642-11799-2_25.

[8] A. Groce & J. Katz (2012)Fair Computation with Rational Playerdn: Proceedings of EUROCRYRPp.
81-98, d0i10.1007/978-3-642-29011-4_7.

[9] W. Jamroga, M. Melissen & H. Schnoor (201®)efendable Security in Interaction Protocols:: Proceed-
ings of the 16th International Conference on Principles Rrattice of Multi-Agent Systems PRIMA 2013
LNCS8291, Springer, pp. 132148, dii:. 1007/978-3-642-44927-7_10.

[10] S. Kremer & J. Raskin (2002)5ame Analysis of Abuse-Free Contract Signilng Proceedings of the 15th
IEEE Computer Security Foundations Workshop (CSFWOZEE Computer Society Press, pp. 206—220,
do0i:10.1109/CSFW.2002.1021817.

[11] S. Kremer & J.-F. Raskin (2003% game-based verification of non-repudiation and fair exaeprotocols
Journal of Computer Securityd(3), doi10.1007/3-540-44685-0_37.

[12] T. Moore & R. Anderson (2011Economics and Internet Security: a Survey of Recent AcalyiEmpirical
and Behavioral ResearcfTechnical Report TR-03-11, Computer Science Group, Hdrdaiversity.

[13] M. Osborne & A. Rubinstein (19944 Course in Game TheorIT Press.

[14] P. Syverson (1998MVeakly Secret Bit Commitment: Applications to Lotteried Bair Exchange In: Pro-
ceedings of CSF\Wpp. 2—13, doit0.1109/CSFW.1998.683149.






Reasoning about Knowledge and Strategies:
Epistemic Strategy Logic

Francesco Belardinelli
Laboratoire IBISC — Unversité d’Evry

belardinelli@ibisc.fr

In this paper we introduce Epistemic Strategy Logic (ESL), an extension of Strategy Logic with
modal operators for individual knowledge. This enhanced framework allows us to represent explicitly
and to reason about the knowledge agents have of their own and other agents’ strategies. We provide
a semantics to ESL in terms of epistemic concurrent game models, and consider the corresponding
model checking problem. We show that the complexity of model checking ESL is not worse than
(non-epistemic) Strategy Logic.

1 Introduction

Formal languages to represent and reason about strategies and coalitions are a thriving area of research
in Artificial Intelligence and multi-agent system [4, 8, 19]. Recently, a wealth of multi-modal logics have
appeared, which allow to formalise complex strategic abilities and behaviours of individual agents and
groups [2, 5]. In parallel to these developments, in knowledge representation there is a well-established
tradition of extending logics for reactive systems with epistemic operators to reason about the knowledge
agents have of systems evolution. These investigations began in the *80s with contributions on combi-
nations of linear- and branching-time temporal logics with multi-agent epistemic languages [9, 10, 6].
Along this line of research, [11] introduced alternating-time temporal epistemic logic (ATEL), an ex-
tension of ATL with modalities for individual knowledge. The various flavours of logics of time and
knowledge have been successfully applied to the specification of distributed and multi-agent systems in
domains as diverse as security protocols, UAVs, web services, and e-commerce, as well as to verification
by model checking [7, 16].

In this paper we take inspiration from the works above and pursue further this line of research by
introducing Epistemic Strategy Logic, an extension of Strategy Logic (SL) [5, 17] that allows agents to
reason about their strategic abilities. The extension here proposed is naive in the sense that it suffers many
of the shortcomings of its relative ATEL [12]. Nonetheless, we reckon that it constitutes an excellent
starting point to analyse the interaction of knowledge and strategic abilities in a language, such as SL,
that explicitly allow for quantification on strategies.

Related Work. This paper builds on previous contributions on Strategy Logic. SL has been intro-
duced in [5] for two-player concurrent game structures (CGS). In [17] the semantics has been extended
to a multi-player setting. Also, [17] introduced bind operators for strategies in the syntax. In the present
contribution we consider multi-agent CGS in line with [17]. However, we adopt an agent-based perspec-
tive and consider agents with possibly different actions and protocols [6]. Also, our language do not
include bind operators to avoid the formal machinery associated with these operators. We leave such an
extension for future and more comprehensive work. Finally, the model checking results in Section 4 are
inspired by and use techniques from [17].

F. Mogavero, A. Murano, and M.Y. Vardi (Eds.): © F. Belardinelli
2nd Workshop on Strategic Reasoning 2014 (SR14) This work is licensed under the
EPTCS 146, 2014, pp. 27-33, doi:10.4204/EPTCS.146.4 Creative Commons Attribution License.
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Even though to our knowledge no epistemic extension of SL has been proposed yet, the interaction
between knowledge and strategic reasoning has been studied extensively, especially in the context of
alternating-time temporal logic. An extension of ATL with knowledge operators, called ATEL, was
put forward in [11], and immediately imperfect information variants of this logic were considered in
[14], which introduces alternating-time temporal observational logic (ATOL) and ATEL-R*, as well as
uniform strategies. Notice that [14] also analyses the distinction between de re and de dicto knowledge
of strategies; this distinction will also be considered later on in the context of Epistemic Strategy Logic.
Further, [13] enriches ATL with a constructive notion of knowledge. As regards (non-epistemic) ATL,
more elaborate notions of strategy have been considered. In [1] commitment in strategies has been
analysed; while [15] introduced a notion of “feasible” strategy. In future work it might be worth exploring
to what extent the theoretical results available for the various flavours of ATEL transfer to ESL.

Scheme of the paper. In Section 2 we introduce the epistemic concurrent game models (ECGM),
which are used in Section 3 to provide a semantics to Epistemic Strategy Logic (ESL). In Section 4 we
consider the model checking problem for this setting and state the corresponding complexity results.
Finally, in Section 5 we discuss the results and point to future research. For reasons of space, all proofs
are omitted. An extended version of this paper with complete proofs is available [3].

2 Epistemic Concurrent Game Models

In this section we present the epistemic concurrent game models (ECGM), an extension of concurrent
game structures [2, 11], starting with the notion of agent.

Definition 1 (Agent) An agent is a tuple i = (L;, Act;, Pr;) such that (i) L; is the set of local states I, 1/, .;
(ii) Act; is the finite set of actions o;,0},...; and (iii) Pr; : L; — 24¢li js the protocol function.

Intuitively, each agent i is situated in some local state /; € L;, representing her local information, and
performs the actions in Act; according to the protocol function Pr; [6]. Differently from [17], we assume
that agents have possibly different actions and protocols. To formally describe the interactions between
agents, we introduce their synchronous composition. Given a set AP of atomic propositions and a set
Ag ={ip,...,i} of agents, we define the set L of global states s,s', ... (resp. the set Act of joint actions
0,0’,...) as the cartesian product Lo X ... X L, (resp. Acty X ... X Acty,). In what follows we denote the
Jjth component of a tuple  as ¢; or, equivalently, as ().

Definition 2 (ECGM) Given a set Ag = {y,...,in} of agents i = (L;,Act;, Pr;), an epistemic concurrent
game model is a tuple & = (Ag, so, T, ) such that (i) so € L is the initial global state; (ii) 7: L x Act — L
is the global transition function, where (s,0) is defined iff o; € Pri(l;) for every i € Ag; and (iii) 7 :
AP s 2L is the interpretation function for atomic propositions in AP.

The transition function T describes the evolution of the ECGM from the initial state sop. We now
introduce some notation that will be used in the rest of the paper. The transition relation — on global
states is defined as s — s’ iff there exists ¢ € Act s.t. ©(s,0) =s'. A run A from a state s, or s-run,
is an infinite sequence s° — s' — ..., where s° = 5. For n,m € N, with n < m, we define A(n) = s"
and Aln,m| = s" 5"t ... s". A state s' is reachable from s if there exists an s-run A s.t. A(i) = 5
for some i > 0. We define S as the set of states reachable from the initial state so. Further, let f be a
placeholder for arbitrary individual actions. Given a subset A C Ag of agents, an A-action oy is an |Ag|-
tuple s.t. (i) 04 (i) € Act; fori € A, and (ii) 64(j) = f for j ¢ A. Then, Act, is the set of all A-actions and
Dy(s) ={0a € Acty | forevery i € A, 0; € Pri(l;) } is the set of all A-actions enabled at s = (lo, ..., l,). A
joint action ¢ extends an A-action oy, or 04 C 0, iff 04(i) = o(i) for all i € A. The outcome out(s,0y)
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of action G, at state s is the set of all states s’ s.t. there exists a joint action ¢ J 04 and 7(s,0) = 5.
Finally, two global states s = (ly, ..., l,) and s’ = (I}, ...,l,) are indistinguishable for agent i, or s ~; s/,
iff 1; = 1] [6].

3 Epistemic Strategy Logic

We now introduce Epistemic Strategy Logic as a specification language for ECGM. Hereafter we con-
sider a set Var; of strategy variables x;,x},.. ., for every agent i € Ag.

Definition 3 (ESL) For p € AP, i € Ag and x; € Var, the ESL formulas ¢ are defined in BNF as follows:

¢ = p[-99—=90|X0[9U¢|Ki¢|Ixid

The language ESL is an extension of the Strategy Logic in [5] to a multi-agent setting, including
an epistemic operator K; for each i € Ag. Alternatively, ESL can be seen as the epistemic extension
of the Strategy Logic in [17], minus the bind operator. We do not consider bind operators in ESL for
ease of presentation. The ESL formula dx;¢ is read as “agent i has some strategy to achieve ¢”. The
interpretation of LTL operators X and U is standard. The epistemic formula K;¢ intuitively means that
“agent i knows ¢”. The other propositional connectives and LTL operators, as well as the strategy
operator V, can be defined as standard. Also, notice that we can introduce the nested-goal fragment
ESL[NG], the boolean-goal fragment ESL[BG], and the one-goal fragment ESL[1G] in analogy to SL
[17]. Further, the free variables fr(¢) C Ag of an ESL formula ¢ are inductively defined as follows:

fr(p) =0

fr(—¢) =fr(Ki¢) = fr(9)

Jr(¢p —¢') = fr(¢)Ufr(¢")
fr(X¢)=fr(pU¢’) = Ag
fr(3xi¢) = fr(¢)\{i}

A sentence is a formula ¢ with fr(¢) = 0, and the set bnd(¢) of bound variables is defined as Ag \ fr(¢).
To provide a semantics to ESL formulas in terms of ECGM, we introduce the notion of strategy.

Definition 4 (Strategy) Let ¥ be an ordinal s.t. 1 <y < @ and A C Ag a set of agents. A 7y-recall
A-strategy is a function Fp[Y] : Ui<uc14yS" = Uses Da(s) s.t. Fa[Yl(k) € Da(last(k)) for every x €
Ui<n<1+yS", where 1 +y =y for y = o and last(x) is the last element of k.

Hence, a y-recall A-strategy returns an enabled A-action for every sequence K € Jj<,<jqyS" of
states of length at most y. Notice that for A = {i}, Fa[y] can be seen as a function from U <,<14,5"
to Act; s.t. Falyl(k) € Pri(last(k)) for Kk € Uj<y<14,S". In what follows we write F[y] for F;[y].
Then, for A = {io,...,im} C Ag, Fa[y] is equal to Fj,[y] x ... x F;, [y}, where for every K € U;<,<14,5",
(Fio[7] % ... x F;, [y])(x) is defined as the set of actions 0 € J,cgDa(s) s.t. 0; = F[y|(k) ifi€ A, 0; =14
otherwise. Therefore, a group strategy is the composition of its members’ strategies. Further, the outcome
of strategy F4[y] at state s, or out (s, F[Y]), is the set of all s-runs A s.t. A(i+ 1) € out (A (i), F[y](A]},i]))
forall i >0 and j = max(i—7y+1,0). Depending on y we can define positional strategies, strategies with
perfect recall, etc. [8]. However, these different choices do not affect the following results, so we assume
that y is fixed and omit it. Moreover, by Def. 4 it is apparent that agents have perfect information, as
their strategies are determined by global states [4]; we leave contexts of imperfect information for future
research.

Now let x be an assignment that maps each agent i € Ag to an i-strategy F;. For Ag = {io,...,i,}, we
denote x(ip) X ... x x(in) as F*, that is, the Ag-strategy s.t. for every kK € Uj<,<14y5", F¥(kK) =0 €
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Uses Dag(s) iff o; = x(i)(x) for every i € Ag. Since |out (s, F*)| = 1, we simply write A = out(s,F%).
Also, x}l denotes the assignment s.t. (i) for all agents j different from i, x}p, (j)=x(j),and (ii) x}pl (i)=F,.

Definition 5 (Semantics of ESL) We define whether an ECGM &2 satisfies a formula ¢ at state s ac-
cording to assignment X, or (2,s,X) = @, as follows (clauses for propositional connectives are straight-
forward and thus omitted):
(Z.s.0)Ep iff sexn(p)
(Z.s,0) EXyiff  for A =out(s,F*), (Z,A(1),2) ¥
(Z,s,x) EwUY iff  for A =out(s,F¥) thereisk > 0s.t. (Z,A(k),x) E vV
and 0 < j < k implies (Z,A(j),x) E WV

(2,s,x) EKw iff foralls€S, s~;s implies (P25, x)Ew
(P,s,x) E Iy iff  there exists an i-strategy F; s.t. (Q,s,x}i) Evy
An ESL formula ¢ is satisfied at state s, or (Z,s) |= ¢, if (2,s,x) | ¢ for all assignments x; ¢ is true
inZ,or Z =@, if (Z,s0) = ¢. The satisfaction of formulas is independent from bound variables, that
is, x(fr(¢)) = x'(fr(¢)) implies that (2,s,x) = ¢ iff (Z,s,x’) = ¢. In particular, the satisfaction of
sentences is independent from assignments.

We can now state the model checking problem for ESL.

Definition 6 (Model Checking Problem) Given an ECGM & and an ESL formula @, determine whether
there exists an assignment ¥ s.t. (2,s0,X) = ¢.

Notice that, if y;,...,y, is an enumeration of fr(¢), then the model checking problem amounts to
check whether & |= 3yy,..., 3y, ¢, where Jy;,..., Iy, ¢ is a sentence.
Hereafter we illustrate the formal machinery introduced thus far with a toy example.

Example. We introduce a turn-based ECGM with two agents, A and B. First, A secretly chooses
between 0 and 1. Then, at the successive stage, B also chooses between 0 and 1. The game is won
by agent A if the values provided by the two agents coincide, otherwise B wins. We formally de-
scribe this toy game starting with agents A and B. Specifically, A is the tuple (L4,Acts,Prs), where
(i) Lsy = {€4,0,1}; (ii) Acta = {set(0),set(1),skip}; and (iii) Pra(€a) = {set(0),set(1)} and Pra(0) =
Prs(1) ={skip}. Further, agent B is defined as the tuple (Lg,Actg, Prg), where Ly = {€g,A,0,1}; Actp =
{wait,set(0),set(1),skip}; Prg(eg) = {wait}, Prg(A) = {set(0),set(1)} and Prg(0) = Prg(1) = {skip}.
The intuitive meaning of local states, actions and protocol functions is clear. Also, we consider the set
AP = {winy,wing} of atomic propositions, which intuitively express that agent A (resp. B) has won the
game. We now introduce the ECGM 2, corresponding to our toy game, as the tuple (Ag, so, T, T), where
(i) so = (€a,€p); (ii) the transition function 7 is given as follows for i, j € {0,1}:

o T((&4,€p), (set(i),wait)) = (i,A)

o 7((i,A), (skip,set(j))) = (i, J)

o 7((i, ), (skip,skip)) = (&a,€B)
and (iii) m(wing ) = {(0,0),(1,1)}, m(wing) = {(1,0),(0,1) }. Notice that we suppose that our toy game,
represented in Fig. 1, is non-terminating.

Now, we check whether the following ESL specifications hold in the ECGM 2.

2 E Vxa X Kg Jyp X wing (1)
2 W Vxa X Jyp K X wing 2)
2 = Vxa X Kp Ky 3yp X wing 3)
2 = Vxs X Kp Jyp Ko X wing )
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50
) (&a,€B)
(set(0),wait) (set(1),wait)
/ B \
R O B S12
(skip,set(0)) (skip,set(1)) (skip,set(0)) (skip,set(1))
s00 ( (0,0) (0,1) ] so1 s10 ((1,0) (1,1)]) s11

Figure 1: the ECGM 2. Transitions from s, So1, S10, and s11 to s¢ are omitted.

Intuitively, (1) expresses the fact that at the beginning of the game, independently from agent A’s
move, at the next step agent B knows that there exists a move by which she can enforce her victory. That
is, if agent A chose O (resp. 1), then B can choose 1 (resp. 0). However, B only knows that there exists
a move, but she is not able to point it out. In fact, (2) does not hold, as B does not know which specific
move A chose, so she is not capable of distinguishing states sy, and s;;. Moreover, by (3) B knows that
A knows that there exists a move by which B can let A win. Also, by (4) this move is known to A, as it is
the B-move matching A’s move.

Indeed, in ESL it is possible to express the difference between de re and de dicto knowledge of
strategies. One of the first contributions to tackle this issue formally is [14]. Formula (1) expresses agent
B’s de dicto knowledge of strategy yp; while (2) asserts de re knowledge of the same strategy. Similarly,
in (3) agent A has de re knowledge of strategy yp; while (4) states that agent A knows the same strategy
de dicto. The de relde dicto distinction is of utmost importance as, as shown above, having a de dicto
knowledge of a strategy does not guarantee that an agent is actually capable of performing the associated
sequence of actions. Ideally, in order to have an effective strategy, agents must know it de re.

4 Model Checking ESL

In this section we consider the complexity of the model checking problem for ESL. In Section 4.1 and 4.2
we provide the lower and upper bound respectively. For reasons of space, we do not provide full proofs,
but only give the most important partial results. We refer to [3] for detailed definitions and complete
proofs.

For an ESL formula ¢ we define alt(¢) as the maximum number of alternations of quantifiers 3 and
Vin ¢. Then, ESL[k-alt] is the set of ESL formulas ¢ with alf(¢) equal to or less than .

4.1 Lower Bound

In this section we prove that model checking ESL formulas is non-elementary-hard. Specifically, we
show that for ESL formulas with maximum alternation k the model checking problem is k-EXPSPACE-
hard. The proof strategy is similar to [17], namely, we reduce the satisfiability problem for quantified
propositional temporal logic (QPTL) to ESL model checking. However, the reduction applied is differ-
ent, as ESL does not contain the bind operator used in [17].

We first state that the satisfiability problem for QPTL sentences built on a finite set AP = {po, ..., pu}
of atomic propositions can be reduced to model checking ESL sentences on a ECGM 2 of fixed size on
|AP|, albeit exponential.
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Lemma 1 (QPTL Reduction) Let AP = {po,...,p,} be a finite set of atomic propositions. There exists
an ECGM 2 on AP s.t. for every QPTL[k-alt] sentence ¢ on AP, there exists an ESL{k-alt] sentence 5
s.t. ¢ is satisfiable iff 2 = ¢.

By this result and the fact that the satisfiability problem for QPTL[k-alt] is k.-EXPSPACE-hard [17],
we can derive the lower bound for model checking ESL[k-alt].
Theorem 2 (Hardness) The model checking problem for ESL[k-alt] is k-EXPSPACE-hard.

In particular, it follows that ESL model checking is non-elementary-hard.

4.2 Upper Bound

In this section we extend to Epistemic Strategy Logic the model checking procedure for SL in [17],
which is based on alternating tree automata (ATA) [18]. We state the following result, which extends
Lemma 5.6 in [17].

Lemma 3 Let & be an ECGM and ¢ an ESL formula. Then, there exists an alternating tree automaton
%g, s.t. for every state s € S and assignment ), we have that (Z,s,x) |= ¢ iff the assignment-state
encoding .Z;* belongs to the language £ (%g;)

The following result corresponds to Theorem 5.4 in [17].

Theorem 4 (ATA Direction Projection) Let 42/; be the ATA in Lemma 3, and s € S a distinguished
state. Then, there exists a non-deterministic ATA JV$ s 8-t for all Actg,)-labelled A-tree T = (T,V),
we have that T € $(</V$7S) iff 7' e f(ﬂ/ﬁ), where 7' is the (Acts(y) % S)-labelled A-tree (T,V')
s.. V'(x) = (V(x),last(Ks.x))-

Then, by using Lemma 3 and Theorem 4 we can state the following result.

Theorem 5 Let &2 be an ECGM, s a state in &, x an assignment, and ¢ an ESL formula. The non-
deterministic ATA ,/Vq) in Theorem 4 is such that (2 ,s,x) = ¢ lﬁ”.i”(JV/ﬁ BEA

We can finally state the following extension to Theorem 5.8 in [17], which follows from the fact that
the non-emptyness problem for alternating tree automata is non-elementary in the size of the formula.
Theorem 6 (Completeness) The model checking problem for ESL is PTIME-complete w.r.t. the size of
the model and NON-ELEMENTARYTIME w.r.t. the size of the formula.

We remark that Theorem 6 can be used to show that the model checking problem for the nested-
goal fragment ESL[NG] is PTIME-complete w.r.t. the size of the model and (k4 1)-EXPTIME w.r.t. the
maximum alternation k of a formula. We conclude that the complexity of model checking ESL is not
worse than the corresponding problem for the Strategy Logic in [17].

5 Conclusions

In this paper we introduced Epistemic Strategy Logic, an extension of Strategy Logic [17] with modal-
ities for individual knowledge. We provided this specification language with a semantics in terms of
epistemic concurrent game models (ECGM), and analysed the corresponding model checking problem.
A number of developments for the proposed framework are possible. Firstly, the model checking prob-
lem for the nested-goal, boolean-goal, and one-goal fragment of SL has lower complexity. It is likely
that similar results hold also for the corresponding fragments of ESL. Secondly, we can extend ESL with
modalities for group knowledge, such as common and distributed knowledge. Thirdly, we can consider
various assumptions on ECGM, for instance perfect recall, no learning, and synchronicity. The latter two
extensions, while enhancing the expressive power of the logic, are also likely to increase the complexity
of the model checking and satisfiability problems.
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An Epistemic Strategy Logic (Extended Abstract)

Xiaowei Huang Ron van der Meyden
The University of New South Wales The University of New South Wales

The paper presents an extension of temporal epistemic logic with operators that quantify over strate-
gies. The language also provides a natural way to represent what agents would know were they to
be aware of the strategies being used by other agents. Some examples are presented to motivate the
framework, and relationships to several variants of alternating temporal epistemic logic are discussed.
The computational complexity of model checking the logic is also characterized.

Introduction

There are many subtle issues concerning agent knowledge in settings where multiple agents act strategi-
cally. In the process of understanding these issues, there has been a proliferation of modal logics dealing
with epistemic reasoning in strategic settings, e.g., [14, 12, 9]. The trend has been for these logics to
contain large numbers of operators, each of which combines several different concerns, such as the exis-
tence of strategies, and knowledge that groups of agents may have about these strategies. We argued in a
previous work [8] that epistemic temporal logic already has the expressiveness required for many appli-
cations of epistemic strategy logics, provided that one works in a semantic framework in which strategies
are explicitly rather than (as in most alternating temporal epistemic logics) implicitly represented, and
makes the minor innovation of including new agents whose local states correspond to the strategies being
used by other agents. This gives a more compositional basis for epistemic strategic logic. In the case of
imperfect recall strategies and knowledge operators, and a CTL* temporal basis, this leads to a temporal
epistemic strategy logic with a PSPACE complete model checking problem.

However, some of our results in [8] required a restriction to cases not involving a common knowledge
operator, because certain notions could not be expressed. In the present paper, we develop a remedy for
this weakness. We propose an epistemic strategy logic which, like [3, 11], supports explicit naming and
quantification over strategies. However we achieve this in a slightly more general way: we first generalize
temporal epistemic logic to include operators for quantification over global states and reference to their
components, and then apply this generalization to a system that includes strategies encoded in the global
states and references these using the “strategic” agents of [8] . The resulting framework can express many
of the subtly different notions that have been the subject of proposals for alternating temporal epistemic
logics. In particular, it generalizes the expressiveness of the logic in [8] but is able to also deal with the
common knowledge issues that restricted the scope of that work. The new logic retains the pleasant com-
positional capabilities of the prior proposal. There is, however, a computational cost to the generalization:
the complexity of model checking for the extended language based on CTL* is EXPSPACE-complete, a
jump over the previous PSPACE-completeness result. However, for the fragment based on CTL temporal
operators, model checking remains PSPACE-complete.

An extended temporal epistemic logic

We extend temporal epistemic logic with a set of variables Var, an operator dx. and a construct e;(x),
where x is a variable and dx.¢ says, intuitively, that there exists in the system a global state x such that ¢

F. Mogavero, A. Murano, and M.Y. Vardi (Eds.): © X. Huang & R. van der Meyden
2nd Workshop on Strategic Reasoning 2014 (SR14) This work is licensed under the
EPTCS 146, 2014, pp. 3541, doi:10.4204/EPTCS.146.5 Creative Commons Attribution License.
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holds at the current point, and e;(x) says that agent i has the same local state at the current point and at
the global state x. Let Prop be a set of atomic propositions and let Ags be a set of agents. Formally, the
language ETLK(Ags, Prop, Var) has syntax given by the grammar:

¢=pl-¢l 1V |Ad| O¢ | d1U: | Ix.¢ | ei(x) | D¢ | Coé

where p € Prop, x € Var, i € Ags, and G C Ags. The construct D¢ expresses that agents in G have
distributed knowledge of ¢, i.e., could deduce ¢ if they pooled their information, and Cg¢ says that ¢
is common knowledge to group G. The temporal formulas O¢, ¢ U¢,, A¢ have the standard meanings
from CTL", i.e.,O¢p says that ¢ holds at the next moment of time, ¢; U, says that ¢; holds until ¢, does,
and A¢ says that ¢ holds in all possible evolutions from the present situation. Other operators can be
obtained in the usual way, e.g., ¢1 A d2 = =(=¢ V ), OP = (truelU ¢), O¢ = =S¢, etc. The universal
form Vx.¢ = -dx.—¢ expresses that ¢ holds for all global states x. For an agent i € Ags, we write K;¢
for Dy;¢; this expresses that agent i knows the fact ¢. The notion of everyone in group G knowing ¢ can
then be expressed as Eg¢ = A ;e Kip. We write eg(x) for A ;g ei(x). This says that at the current point,
the agents in G have the same local state as they do at the global state named by variable x.

The semantics of ETLK(Ags, Prop, Var) builds straightforwardly on the following definitions used
in the standard semantics for temporal epistemic logic [4]. Consider a system for a set of agents Ags. A
global state is an element of the set G = L, X [1;ca45L;, where L, is a set of states of the environment and
each L; is a set of local states for agent i. A run is a mapping r : N — G giving a global state at each
moment of time. A point is a pair (r,m) consisting of a run r and a time m. An interpreted system is a
pair 7 = (R,m), where R is a set of runs and r is an interpretation, mapping each point (r,m) with r € R
to a subset of Prop. For n < m, write r[n...m] for the sequence r(n)r(n+ 1)...r(m). Elements of R XN
are called the points of 1. For each agent i € Ags U {e}, we write r;(m) for the component of r(m) in L;,
and then define an equivalence relation on points by (r,m) ~; (+',m’) if r;(m) = r/(m"). We also define
~gs Nieg ~i, and ~gz Uieg ~i, and ~gz (Ujeg ~i)* for G C Ags. We take ~®D to be the universal relation
on points, and ~g and ~g to be the identity relation.

To extend this semantic basis for temporal epistemic logic to a semantics for ETLK(Ags, Prop, Var),
we just need need to add a construct that interprets variables as global states. A context for an interpreted
system 7 is a mapping I from Var to global states occurring in 7. We write ['[g/x] for the context I/
with I'(x) = g and I’(y) = ['(y) for all variables y # x. The semantics of the language ETLK is given by
a relation I', 7, (r,m) = ¢, representing that formula ¢ holds at point (r,m) of the interpreted system J,
relative to context I'. This is defined inductively on the structure of the formula ¢, as follows:

o I 1, (r,m)E pif pen(r,m);

o I, (rm)E—-¢ifnotl,I,(r,m)E ¢;

o LI,.(rrmEodANY I, I,(rrm)E¢and ], 1,(r,m)Ey;

e I, (rm)EAQifI,I,(r',m)E ¢ forall ¥ € Rwith r[0...m] =+'[0...m];
o I (rrm)ECYIfT,I,(rnm+1) E ¢;

o I, 1,(r,m) E ¢Uy if there exists m’ >m such that I', 7,(r,m") = ¢ and T, 7, (r,k) | ¢ for all k with
m<k<m';

o [ 1 (rym)EAx.@if ['[r'(m')/x],1,(r,m) [ ¢ for some point (+',m") of I;
o I.1,(r,m) k= e;i(x) if ri(m) =T'(x);;
o [ 1 (rrm)E Dgpif ', I,(r',m") E ¢ for all (+',m") such that (+',m") ~g (r,m);
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e I, (rm)ECgopifI,I,(r',m’)E ¢ for all (+',m’) such that (+',m") ~g (r,m).

The definition is standard, except for the constructs dx.¢ and e;(x). The clause for the former says that
dx.¢ holds at a point (r,m) if there exists a global state g = r’(m’) such that ¢ holds at the point (r,m),
provided, we interpret x as referring to g. Note that it is required that g is attained at some point (r',m’),
so actually occurs in the system 7. The clause for e;(x) says that this holds at a point (r,m) if the local
state of agent i, i.e., r;(im), is the same as the local state I'(x); of agent i at the global state I'(x) that
interprets the variable x according to I'.

We remark that these novel constructs introduce some redundancy, in that the set of epistemic op-
erators D¢ could be reduced to the “universal” operator Dy, since Dg¢ = dx.(eg(x) A Dg(eg(x) = ¢)).
Evidently, given the complexity of this formulation, D remains a useful notation.

Strategic Environments

In order to deal with agents that operate in an environment by strategically choosing their actions, we
introduce a richer type of transition system that models the available actions and their effects on the
state. An environment for agents Ags is a tuple £ = (S, 1,Acts, —,{O;}icags,7), Where S is a set of states,
I is a subset of S, representing the initial states, Acts = IlieagsActs; is a set of joint actions, where each
Acts; is a nonempty set of actions that may be performed by agent i, component -»C § X Acts X S is
a transition relation, O; : § — L; is an observation function, and 7 : S — P(Prop) is a propositional
assignment. An environment is said to be finite if all its components, i.e., S,Ags,Acts;,L; and Prop are
finite. Intuitively, a joint action a € Acts represents a choice of action a; € Acts; for each agent i € Ags,
performed simultaneously, and the transition relation resolves this into an effect on the state. We assume
that — is serial in the sense that for all s € S and a € Acts there exists t € S such that (s,a,t) €—.

A strategy for agent i € Ags in such an environment F is a function a : § — P(Acts;) \ {0}, selecting a
set of actions of the agent at each state.! We call these the actions enabled at the state. A group strategy,
or strategy profile, for a group G is a tuple ag = {@;)icc Where each q; is a strategy for agent i. A strategy
a; is deterministic if a;(s) is a singleton for all s. A strategy «; for agent i is uniform if for all states s, , if
0;i(s) = O;(1), then a;(s) = ;(¢). A strategy ag = {(@;)iec for a group G is locally uniform (deterministic)
if @; is uniform (respectively, deterministic) for each agent i € G. Given an environment E, we write
x4¢!(E) for the set of deterministic strategies, X"/ (E) for the set of all locally uniform joint strategies,
and T*-4et( £ for the set of all deterministic locally uniform joint strategies.

We now define an interpreted system that contains all the possible runs generated when agents Ags
behave by choosing a strategy from some set X of joint strategies in the context of an environment E.
One innovation, introduced in [8], is that the construction introduces new agents (i), for each i € Ags.
The observation of o () is the strategy currently being used by agent i. Agent o(i) is not associated with
any actions, and is primarily for use in epistemic operators, to allow reference to what can be deduced
were agents to reason using information about each other’s strategies. For G C Ags, we write o(G) for
the set {o(i) | i € G}. Additionally, we include an agent e for representing the state of the environment.
(This agent, also, is not associated with any actions.)

Formally, given an environment E = (S,1,Acts,—,{O;};eags, ) for agents Ags, where O; : § — L; for
each i € Ags, and a set X C IT;cq44; of joint strategies for the group Ags, we define the strategy space
interpreted system 7(E,X) = (R,n’). The system 7(E,X) has global states G = § X IjeagsLi X TicagsXi.
Intuitively, each global state consists of a state of the environment E, a local state for each agent i in E,

More generally, a strategy could be a function of the history, but we focus here on strategies that depend only on the final
state.
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and a strategy for each agent i. We index the components of this cartesian product by e, the elements of
Ags and the elements of o-(Ags), respectively. We take the set of runs R of 7 (E,X) to be the set of all runs
r: N — G satisfying the following constraints, for allm e N and i € Ags

1. r(0) € I and (ro(;(0))icags € %,
2. rim) = O(re(m)),

3. (re(m),a,r.(m+ 1)) €— for some joint action a € Acts such that for all j € Ags we have a; €
aj(rj(m)), where aj = ryj(m), and

4. re@py(m+1) = rgu(m).

The first constraint, intuitively, says that runs start at an initial state of £, and the initial strategy profile
at time 0O is one of the profiles in . The second constraint states that the agent i’s local state at time m
is the observation that agent i makes of the state of the environment at time m. The third constraint says
that evolution of the state of the environment is determined at each moment of time by agents choosing
an action by applying their strategy at that time to their local state at that time. The joint action resulting
from these individual choices is then resolved into a transition on the state of the environment using the
transition relation from E. The final constraint says that agents’ strategies are fixed during the course
of a run. Intuitively, each agent picks a strategy, and then sticks to it. The interpretation n’ of 7(E,X) is
determined from the interpretation 7 of E by taking =’ (r,m) = n(r.(m)) for all points (r,m).

Our epistemic strategy logic is now just an instantiation of the extended temporal epistemic logic
in the strategy space generated by an environment. That is, we start with an environment £ and an
associated set of strategies X, and then work with the language ETLK(Ags U o (Ags) U {e}, Prop, Var) in
the interpreted system 7 (E,X). We call this instance of the language ESL(Ags, Prop, Var), or just ESL
when the parameters are implicit.

Applications

In [8], we proposed a logic CTL*K(Ags U o (Ags), Prop) extending temporal epistemic logic with strat-
egy agents to allow the reasoning about knowledge and strategy by standard epistemic operators. The
language introduced above is a generalization of the definitions in [8], to which we have added the con-
structs dx.¢ and e;(x). For formulas without these constructs, the semantics of ESL ignores the context
I', so this component of the triple I', 7(E, X), (r,m) can be removed from the definition, and it collapses to
the definitions for CTL*K(Ags U o(Ags), Prop) in [8].

In the system J(E,X) we may refer, using distributed knowledge operators D where G contains the
new strategic agents o(i), to what agents would know, should they take into account not just their own
observations, but also information about other agent’s strategies. For example, the distributed knowledge
operator Dy »;)»(j)) captures what agent i would know, taking into account its own strategy and the
strategy being used by agent j. Various applications of the usefulness of these distributed knowledge
operators containing strategic agents are given in [8]. For example, we describe an application to erasure
policies in computer security in which we write formulas such as

—~Dy—(done A —exploited A EF \/ Dia o). (CC # X))
xeCCN

to state that it is possible for an attacker A on an e-commerce payment gateway to obtain information
about a credit card number cc even after the transaction is done, provided that the attacker reasons using
knowledge about their own observations, their own strategy, but also knowledge of the strategy being
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used by the merchant M. Here done A —exploited captures a situation where the transaction is done
but the attacker has not run any exploit, and D4 (4).0(m))(CC # x) says that the attacker is able to rule
out the specific credit card number x from the range of possible values CCN for the actual credit card
number cc (so the attacker has at least one bit of information about the actual credit card number). The
modality —Dgp— is used to state that there is a point of the system where the formula holds. In particular,
since the system builds in all possible strategies for the players, this modality captures a quantification
over strategies.

In further applications given in [8], we showed that CTL*K(Ags U o(Ags), Prop) can be used to
express game theoretic equilibria, to reason about knowledge-based programs [4], and that many variants
of alternating temporal epistemic logics that have been proposed in the literature can be expressed using
CTL*K(AgsU o (Ags), Prop). We refer the reader to [8] for details.

However, we had to make a restriction for some of these expressiveness results to formulas that do
not contain uses of a common knowledge operator. We now show how the extended language of the
present paper can remove this restriction.

Jamroga and van der Hoek [10] formulate a construct (H >>;<(G)¢ that says, effectively, that there is a
strategy for a group H that another group G knows (for notion of group knowledge %, which could be E
for everyone knows, D for distributed knowledge, or C for common knowledge) to achieve goal ¢. The
semantics of this construct is given with respect to an environment £ and a state s, and (in outline) is
given by E,s = (H )>;((G)¢ if there exists a uniform strategy « for group H such that for all states # with

s ~7G( t, we have that all paths p from ¢ that are consistent with « satisfy ¢. Here ~g is the appropriate
epistemic indistinguishability relation on states of E. We show in [8] how {(H )),;«G)qﬁ can be expressed in
CTL*K(Ags U o (Ags), Prop) for the cases where K is either E or D.

In the case of the operator { H )}'C(G)¢, the definition involves the common knowledge that a group G
of agents would have if they were to reason taking into consideration the strategy being used by another
group H. This does not appear to be expressible using CTL*K(Ags U 0(Ags), Prop). In particular, the
formula Cgue()¢ does not give the intended meaning. Instead, what needs to be expressed is the greatest
fixpoint X of the equation X = A ;g Dyjjusc)(X A ¢). The language CTL*K(AgsU o (Ags), Prop) does not
include fixpoint operators and it does not seem that the intended meaning is expressible. On the other
hand, it can be expressed with ESL(Ags, Var, Prop) in a natural way by a formula Cg(esm)(x) = ¢),
which says that it is common knowledge to the group G that ¢ holds if the group H is running the
strategy profile capture by the variable x. Using this idea, the construct {H ))'C(G)¢ can be represented
with ESL as

HX.C(;(GO—(H)(X) = ¢) .

(We remark that a carefully stated equivalence result requires an appropriate treatment of initial states
in the environment E. We refer to [8] for details.) Applying similar ideas, ESL can also be used to
eliminate, from the results on reasoning about knowledge-based programs presented in [8], the restriction
to knowledge-based programs not containing common knowledge operators.

Model Checking

Since interpreted systems are always infinite objects, we use environments to give a finite input for the
model checking problem. For an environment E, a set of strategies X for E, and a context I for 7(E,X),
we write [, E,X E ¢ if I, 7(E,X),(r,0) E ¢ for all runs r of 7 of 7(E,X). (Often, the formula ¢ will
be a sentence, i.e., will have all variables x in the scope of an operator Jx. In this case the statement
I',E,Z = ¢ is independent of I' and we may write simply E,X |= ¢) The model checking problem is to
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determine whether I', E, X = ¢ for a finite state environment E, a set X of strategies and a context I', where
¢ is an ESL(Ags, Var, Prop) formula.

For generality, we abstract X to a paramaterized class such that for each environment E, the set Z(E)
is a set of strategies for E. We say that the parameterized class 2(E) is PTIME-presented, if it is presented
by means of an algorithm that runs in time polynomial in the size of E and verifies if a given strategy «
is in Z(E). For example, the class X(E) of all strategies for E can be PTIME-presented, as can Tuif (E),
Zdet(E) and Zunif,det(E).

A naive model checking algorithm would construct a transition system over the set of states § X X(E),
where § is the set of states of E, then apply model checking techniques on it. Note that a joint strategy
for an environment E can be represented in space |S | X |Acts|. Thus, the size of S X X(E) is exponential as
a function of the size of E. This means that the naive procedure requires exponential space. This indeed
turns out to be the complexity of model checking the logic. However, it is possible to do better than
this provided we restrict to the CTL-based fragment of the language. This is the fragment in which the
temporal operators occur only in the forms AQ¢@, “A-O¢, Ap1Ug,, and ~A-¢; Us.

Theorem 1 Let X(E) be a PTIME presented class of strategies for environments E. The complexity of
deciding, given an environment E, an ESL formula ¢ and a context I for the free variables in an ESL
formula ¢ relative to E and Z(E), whether I, E,X(E) | ¢, is EXPSPACE-complete. For the restriction of
the problem to ¢ in the CTL-based fragment, the complexity is PSPACE-complete.

Conclusions

Hybrid logic [1] is an approach to the extension of modal logics that uses “nominals”, i.e., propositions p
that hold at a single world. These can be used in combination with operators such as dp, which marks an
arbitrary world as the unique world at which nominal p holds. Our construct Jx is closely related to the
hybrid construct dp, but we work in a setting that is richer in both syntax and semantics than previous
works. There have been a few works using hybrid logic ideas in the context of epistemic logic [7, 13]
but none are concerned with temporal logic. Hybrid temporal logic has seen a larger amount of study
[2, 6, 5, 15], with variances in the semantics used for the model checking problem.

We note that if we were to view the variable x in our logic as a propositional constant, it would be
true at a set of points in the system 7 (E,X), hence not a nominal in that system. Results in [2], where a
hybrid linear time temporal logic formula is checked in all paths in a given model, suggest that a variant
of ESL in which x is treated as a nominal in J(E,X) would have a complexity of model checking at least
non-elementary, compared to our EXPSPACE and PSPACE complexity results.

Our model checking result seems to be more closely related to the a result in [5] that model checking
a logic HL(4, @, F, A) is PSPACE-complete. Here F is essentially a branching time future operator and
A is a universal operator (similar to our Dyp), the construct @ ,¢ says that ¢ holds at the world marked
by the nominal p, and dp(¢) says that ¢ holds after marking some world by p. The semantics in this
case does not unfold the model into either a tree or a set of linear structures before checking the formula,
so the semantics of the hybrid existential 3 is close to our idea of quantifying over global states. Our
language, however, has a richer set of operators, even in the temporal dimension, and introduces the
strategic dimension in the semantics. It would be an interesting question for future work to consider
fragments of our language to obtain more precise statement of the relationship with hybrid temporal
logics.

Strategy Logic [3] is a (non-epistemic) generalization of ATL for perfect information strategies in
which strategies may be explicitly named and quantified. Work on identification of more efficient variants
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of quantified strategy logic includes [11], which formulates a variant with a 2-EXPTIME-complete model
checking problem. In both cases, strategies are perfect recall strategies, rather than the imperfect recall
strategies that form the basis for our PSPACE-completeness result for model checking. The exploration
of our logic over such a richer space of strategies is an interesting topic for future research.

References

(1]

(2]

(3]

(4]
(5]

(6]

(7]

(8]

[9]

(10]

(11]

(12]

[13]

(14]

[15]

P. Blackburn & J. Seligman (1998): What are hybrid languages? In M. de Rijke, H. Wansing & M. Za-
kharyaschev, editors: Advances in Modal Logic, 1, CSLI Publications, pp. 41-62.

Laura Bozzelli & Ruggero Lanotte (2010): Complexity and succinctness issues for linear-time hybrid logics.
Theoretical Computer Science 411(2), pp. 454-469, doi:10.1016/j.tcs.2009.08.009.

Krishnendu Chatterjee, Thomas A. Henzinger & Nir Piterman (2010): Strategy logic. Information and Com-
putation 208(6), pp. 677-693, doi:10.1016/j.ic.2009.07.004.

R. Fagin, J.Y. Halpern, Y. Moses & M.Y. Vardi (1995): Reasoning About Knowledge. The MIT Press.

Massimo Franceschet & Maarten de Rijke (2006): Model checking hybrid logics (with an application to
semistructured data). Journal of Applied Logic 4(3), pp. 279-304, doi:10.1016/j.jal.2005.06.010.

Massimo Franceschet, Maarten de Rijke & Bernd-Holger Schlingloff (2003): Hybrid Logics on Linear Struc-
tures: Expressivity and Complexity. In: 10th International Symposium on Temporal Representation and Rea-
soning / 4th International Conference on Temporal Logic (TIME-ICTL 2003), pp. 166—-173. Available at
http://doi.ieeecomputersociety.org/10.1109/TIME.2003.1214893.

Jens Ulrik Hansen (2011): A Hybrid Public Announcement Logic with Distributed Knowledge. Electronic
Notes in Theoretical Computer Science 273, pp. 33-50, doi:10.1016/j.entcs.2011.06.011.

Xiaowei Huang & Ron van der Meyden (2014): A Temporal Logic of Strategic Knowledge. To appear KR’ 14,
extended version available at http://www.cse.unsw.edu.au/~meyden/research/atl_obs.
pdf.

Wojciech Jamroga & Thomas Agotnes (2007): Constructive knowledge: what agents can achieve under im-
perfect information. Journal of Applied Non-Classical Logics 17(4), pp. 423475, doi:10.3166/jancl.17.423-
475.

Wojciech Jamroga & Wiebe van der Hoek (2004): Agents that Know How to Play . Fundamenta Informaticae
62, pp. 1-35.

Fabio Mogavero, Aniello Murano & Moshe Y. Vardi (2010): Reasoning About Strategies. In: IARCS Annual
Conference on Foundations of Software Technology and Theoretical Computer Science (FSTTCS 2010), pp.
133-144, doi:10.4230/LIPIcs.FSTTCS.2010.133.

Sieuwert van Otterloo & Geert Jonker (2005): On Epistemic Temporal Strategic Logic. Electronic Notes in
Theoretical Computer Science 126, pp. 77-92, doi:10.1016/j.entcs.2004.11.014.

0. Roy (2009): A dynamic-epistemic hybrid logic for intentions and information changes in strategic games.
Synthese 171(2), pp. 291-320, doi:10.1007/s11229-009-9644-3.

Pierre-Yves Schobbens (2004): Alternating-time logic with imperfect recall. Electronic Notes in Theoretical
Computer Science 85(2), pp. 82-93, doi:10.1016/S1571-0661(05)82604-0.

Thomas Schwentick & Volker Weber (2007): Bounded-Variable Fragments of Hybrid Logics. In: Proc.
STACS 2007, 24th Annual Symposium on Theoretical Aspects of Computer Science, Springer LNCS 4393,
pp- 561-572, doi:10.1007/978-3-540-70918-3_48.






*

Doomsday Equilibria for Games on Graphs

Krishnendu Chatterjee’ Laurent Doyen
IST Austria LSV, ENS Cachan & CNRS

Emmanuel Filiot*  Jean-Frangois Raskin®
Université Libre de Bruxelles — U.L.B.

Two-player games on graphs provide the theoretical framework for many important problems such
as reactive synthesis. While the traditional study of two-player zero-sum games has been extended to
multi-player games with several notions of equilibria, they are decidable only for perfect-information
games, whereas several applications require imperfect-information games.

In this paper we propose a new notion of equilibria, called doomsday equilibria, which is a
strategy profile such that all players satisfy their own objective, and if any coalition of players deviates
and violates even one of the players objective, then the objective of every player is violated.

We present algorithms and complexity results for deciding the existence of doomsday equilibria
for various classes of w-regular objectives, both for imperfect-information games, and for perfect-
information games. We provide optimal complexity bounds for imperfect-information games, and in
most cases for perfect-information games.

1 Introduction

Two-player games on finite-state graphs with @-regular objectives provide the framework to study many
important problems in computer science [22, 20, 9]. One key application area is synthesis of reactive
systems [2, 21, 19]. Traditionally, the reactive synthesis problem is reduced to two-player zero-sum
games, where vertices of the graph represent states of the system, edges represent transitions, one player
represents a component of the system to synthesize, and the other player represents the purely adversarial
coalition of all the other components. Since the coalition is adversarial, the game is zero-sum, i.e., the
objectives of the two players are complementary. Two-player zero-sum games have been studied in great
depth in literature [15, 9, 11].

Instead of considering all the other components as purely adversarial, a more realistic model is to
consider them as individual players each with their own objective, as in protocol synthesis where the
rational behavior of the agents is to first satisfy their own objective in the protocol before trying to be
adversarial to the other agents. Hence, inspired by recent applications in protocol synthesis, the model of
multi-player games on graphs has become an active area of research in graph games and reactive synthe-
sis [1, 10, 23]. In a multi-player setting, the games are not necessarily zero-sum (i.e., objectives are not
necessarily conflicting) and the classical notion of rational behavior is formalized as Nash equilibria [18].
Nash equilibria perfectly capture the notion of rational behavior in the absence of external criteria, i.e.,
the players are concerned only about their own payoff (internal criteria), and they are indifferent to the
payoff of the other players. In the setting of synthesis, the more appropriate notion is the adversarial
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not send mag

not send mag

not send mga not send mga

send mga send mga

not send mga not send mga

send mga send mga

o

Figure 1: A simple example in the domain of Fair Exchange Protocols

external criteria, where the players are as harmful as possible to the other players without sabotaging
with their own objectives. This has inspired the study of refinements of Nash equilibria, such as secure
equilibria [4] (that captures the adversarial external criteria), rational synthesis [10], and led to several
new logics where the non-zero-sum equilibria can be expressed [5, 8, 17, 24, 16]. The complexity of
Nash equilibria [23], secure equilibria [4], rational synthesis [10], and of the new logics has been studied
recently [5, 8, 17, 24].

Along with the theoretical study of refinements of equilibria, applications have also been developed
in the synthesis of protocols. In particular, the notion of secure equilibria has been useful in the synthe-
sis of mutual-exclusion protocol [4], and of fair-exchange protocols [13, 3] (a key protocol in the area
of security for exchange of digital signatures). One major drawback that all the notions of equilibria
suffer is that the basic decision questions related to them are decidable only in the setting of perfect-
information games (in a perfect-information games the players perfectly know the state and history of
the game, whereas in imperfect-information games each player has only a partial view of the state space
of the game), and in the setting of multi-player imperfect-information games they are undecidable [19].
However, the model of imperfect-information games is very natural because every component of a sys-
tem has private variables not accessible to other components, and recent works have demonstrated that
imperfect-information games are required in synthesis of fair-exchange protocols [12]. In this paper, we
provide the first decidable framework that can model them.

We propose a new notion of equilibria which we call doomsday-threatening equilibria (for short,
doomsday equilibria). Given n objectives @y, ..., ¢, and n strategies Ay,...,A, for each of the n players
respectively, the strategy profile A = (Ay,...,A,) is a doomsday equilibrium if:

(a) all players satisfy their own objectives, that is outcome(A) € @; for all 1 <i <n (where outcome(A)
is the path obtained according to the strategies in the profile), and

(b) if any coalition of players deviates and violates even one of the players objective, then doomsday
follows (every player objective is violated), that is for all 1 < i < n, for all strategy profiles A’ =
(A],...,A,) such that A} = A;, if outcome(A’) & @;, then outcome(A') & @; forall 1 < j <n.

Note that in contrast to other notions of equilibria, doomsday equilibria consider deviation by an
arbitrary set of players, rather than individual players. Moreover, in case of two-player non-zero-sum
games they coincide with the secure equilibria [4] where objectives of both players are satisfied.

Example 1. Consider the two trees of Figure 1. They model the possible behaviors of two entities Alice
and BODb that have the objective of exchanging messages: mag from Alice o Bob, and mga from Bob
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to Alice. Assume for the sake of illustration that mag models the transfer of property of a house from
Alice to Bob, while mga models the payment of the price of the house from Bob ro Alice.

Having that interpretation in mind, let us consider the left tree. On the one hand, Alice has as
primary objective (internal criterion) to reach either state 2 or state 4, states in which she has obtained
the money. She has a slight preference for 2 as in that case she received the money while not transferring
the property of her house to BOb, this corresponds to her adversarial external criterion. On the other
hand, Bob would like to reach either state 3 or 4 (similarly with a slight preference for 3). Also, it should
be clear that Alice would hate to reach 3 because she would have transferred the property of her house
to Bob but without being paid. Similarly, Bob would hate to reach 2. To summarize, Alice has the
following preference order on the final states of the protocol: 2 >4 > 1 > 3, while for Bob the order is
3>4>1> 2. Is there a doomsday-threatening equilibrium in this game ? For such an equilibrium to
exist, we must find a pair of strategies that please the two players for their primary objective (internal
criterion): reach {2,4} for Alice and reach {3,4} for Bob. Clearly, this is only possible if at the root
Alice plays "send mag”, as otherwise we would not reach {3,4} violating the primary objective of
Bob. But playing that action is not safe for Alice as Bob would then choose "not send mgp ” because
he slightly prefers 3 to 4. It can be shown that the only rational way of playing (taking into account
both internal and external criteria) is for Alice to play "not send mag” and for Bob to play “not send
mpa ~. This profile is in fact the only secure equilibrium of the game but this is not what we hope from
such a protocol.

The difficulty in this exchange of messages comes from the fact that Alice is starting the protocol
by sending her part and this exposes her. To obtain a better behaving protocol, one solution is to add
an extra stage after the exchanges of the two messages as shown in the right tree of Figure 1. In this
new protocol, Alice has the possibility to cancel the exchange of messages (in practice this would be
implemented by the intervention of a TTP!). For that new game, the preference orderings of the players
are as follows: for Alice itis 3>7>1=2=4=6=8>5,and forBoditis5>7>1=2=
4 =6 =28 > 3. Now let us show that there is a doomsday equilibrium in this new game. In the first
round, Alice should play “send mag” as otherwise the internal objective of Bob would be violated,
then Bob should play ”send mga”, and finally Alice should play “OK” to validate the exchange of
messages. This profile of strategies satisfies the first property of a doomsday equilibrium: both players
have reached their primary objective, and no player has an incentive to deviate. Indeed, if Alice deviates
then Bob would play “not send mgp ”, and we obtain a doomsday situation as both players have their
primary objectives violated. If Bob deviates by playing “not send mga ”, then Alice would cancel the
protocol exchange which again produces a doomsday. So, no player has an incentive to deviate from
the equilibrium and the outcome of the protocol is the desired one: the two messages have been fairly
exchanged. So, we see that the threat of a doomsday brought by the action "Cancel” has a beneficial
influence on the behavior of the two players. ([

Example 2. Figure 2 gives two examples of games with safety and Biichi objectives respectively.

(Safety) Consider the 3-player game arena with perfect information of Figure 2(a) and safety objec-
tives. Unsafe states for each player are given by the respective nodes of the upper part. Assume that the
initial state is one of the safe states. This example models a situation where three countries are in peace
until one of the countries, say country i, decides to attack country j. This attack will then necessarily be
followed by a doomsday situation: country j has a strategy to punish all other countries. The doomsday
equilibrium in this example is to play safe for all players.

ITTP stands for Trusted Third Party.
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(a) Doomsday (Safety) (b) Biichi objectives

Figure 2: Examples of doomsday equilibria for Safety and Biichi objectives

(Biichi) Consider the 3-player game arena with perfect information of Figure 2(b) with Biichi objec-
tives for each player: Player i wants to visit infinitely often one of its “happy” states. The position of the
initial state does not matter. To make things more concrete, let us use this game to model a protocol where
3 players want to share in each round a piece of information made of three parts: for all i € {1,2,3},
Player i knows information (i+ 1) mod 3 and (i+2) mod 3. Player i can send or not these informations
to the other players. This is modeled by the fact that Player i can decide to visit the happy states of the
other players, or move directly 10 S(; oq 3)11- The objective of each player is to have an infinite number
of successful rounds where they get all information.

There are several doomsday equilibria. As a first one, let us consider the situation where for all
i € {1,2,3}, if Player i is in state s;, then he alternately moves to the happy states and to S(i mod 3)+1-
This defines an infinite play that visits all the states infinitely often. Whenever some player deviates from
this play, the other players retaliate by always choosing in the future to go to the next s-state instead of
visiting the happy states. Clearly, if all players follow their respective strategy, then all happy states are
visited infinitely often. Now consider the strategy of Player i against two strategies of the other players
that makes him lose. Clearly, the only way Player i loses is when the other two players eventually never
visit their happy states anymore, but then all the players lose.

As a second one, consider the strategies where Player 2 and Player 3 always take their loop but
Player 1 never takes his loop, and such that whenever the play deviates, Player 2 and 3 retialate by
never taking their loops. For the same reasons as before this strategy profile is a doomsday equilibrium.

Note that the first equilibrium requires one bit of memory for each player, to remember if they visit
their s state for the first or second time. In the second equilibrium, only Player 2 and 3 need a bit of
memory. An exhaustive analysis shows that there is no memoryless doosmday equilibrium. O

It should now be clear that multi-player games with doomsday equilibria provide a suitable frame-
work to model various problems in protocol synthesis. In addition to the definition of doomsday equilib-
ria, our main contributions are to present algorithms and complexity bounds for deciding the existence
of such equilibria for various classes of @-regular objectives both in the perfect-information and in the
imperfect-information cases. Our technical contributions are summarized in Table 1. More specifically:

1. (Perfect-information games). We show that deciding the existence of doomsday equilibria in multi-
player perfect-information games is (i) PTIME-complete for reachability, Biichi, and coBiichi ob-
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objectives safety reachability Biichi co-Biichi parity
PSPACE
perfect information PSPACE-C PTIME-C PTIME-C PTIME-C NP-HARD
CONP-HARD
imperfect information | EXPTIME-C | EXPTIME-C | EXPTIME-C | EXPTIME-C | EXPTIME-C

Table 1: Summary of the results

jectives; (ii) PSPACE-complete for safety objectives; and (iii) in PSPACE and both NP-hard and
coNP-hard for parity objectives.

2. (Imperfect-information games). We show that deciding the existence of doomsday equilibria in

multi-player imperfect-information games is EXPTIME-complete for reachability, safety, Biichi,
coBiichi, and parity objectives.

In a long version of this paper [6], we also prove that deciding the existence of a doomsday threatening
equilibrium in a game whose objectives are given as LTL formula is 2EXPTIME-complete, but we devise
a Safraless procedure [14] suitable to efficient implementation.

The area of multi-player games and various notions of equilibria is an active area of research, but

notions that lead to decidability in the imperfect-information setting and has applications in synthesis has
largely been an unexplored area. Our work is a step towards it.
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We investigate a model for representing large multiplayer games, which satisfy strong symmetry
properties. This model is made of multiple copies of an arena; each player plays in his own arena,
and can partially observe what the other players do. Therefore, this game has partial information and
symmetry constraints, which make the computation of Nash equilibria difficult. We show several
undecidability results, and for bounded-memory strategies, we precisely characterize the complexity
of computing pure Nash equilibria (for qualitative objectives) in this game model.

1 Introduction

Multiplayer games. Games played on graphs have been intensively used in computer science as a tool
to reason about and automatically synthesize interacting reactive systems [10]. Consider a server granting
access to a printer and connected to several clients. The clients may send requests to the server, and the
server grants access to the printer depending on the requests it receives. The server could have various
strategies: for instance, never grant access to any client, or always immediately grant access upon request.
However, it may also have constraints to satisfy (which define its winning condition): for instance, that
no two clients should access the printer at the same time, or that any request must eventually be granted.
A strategy for the server is then a policy that it should apply in order to achieve these goals.

Until recently, more focus had been put on the study of purely antagonistic games (a.k.a. zero-sum
games), which conveniently represent systems evolving in a (hostile) environment: the aim of one player
is to prevent the other player from achieving his own objective.

Non-zero-sum games. Over the last ten years, computer scientists have started considering games with
non-zero-sum objectives: they allow for conveniently modelling complex infrastructures where each
individual system tries to fulfill its own objectives, while still being subject to uncontrollable actions of
the surrounding systems. As an example, consider a wireless network in which several devices try to
send data: each device can modulate its transmitting power, in order to maximize its bandwidth or reduce
energy consumption as much as possible. In that setting, focusing only on optimal strategies for one single
agent is too narrow. Game-theoreticians have defined and studied many other solution concepts for such
settings, of which Nash equilibrium [11] is a prominent one. A Nash equilibrium is a strategy profile
where no player can improve the outcome of the game by unilaterally changing his strategy. In other
terms, in a Nash equilibrium, each individual player has a satisfactory strategy. Notice that Nash equilibria
need not exist or be unique, and are not necessarily optimal: Nash equilibria where all players lose may
coexist with more interesting Nash equilibria. Finding constrained Nash equilibria (e.g., equilibria in
which some players are required to win) is thus an interesting problem for our setting.

Networks of identical devices. Our aim in this paper is to handle the special case where all the inter-
acting systems (but possibly a few of them) are identical. This encompasses many situations involving
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computerized systems over a network. We propose a convenient way of modelling such situations, and
develop algorithms for synthesizing a single strategy that, when followed by all the players, leads to a
global Nash equilibrium. To be meaningful, this requires symmetry assumptions on the arena of the game
(the board should look the same to all the players). We also include imperfect observation of the other
players, which we believe is relevant in such a setting.

Our contributions. We propose a convenient model for representing large interacting systems, which
we call game structure. A game structure is made of multiple copies of a single arena (one copy per
player); each player plays on his own copy of the arena. As mentioned earlier, the players have imperfect
information about the global state of the game (they may have a perfect view on some of their “neighbours”,
but may be blind to some other players). In symmetric game structures, we additionally require that any
two players are in similar situations: for every pair of players (A, B), we are able to map each player C to a
corresponding player D with the informal meaning that ‘player D is to B what player C is to A’. Of course,
winning conditions and imperfect information should respect that symmetry. We present several examples
illustrating the model, and argue why it is a relevant model for computing symmetric Nash equilibria.
We show several undecidability results, in particular that the parameterized synthesis problem (aiming
to obtain one policy that forms a Nash equilibrium when applied to any number of participants) is unde-
cidable. We then characterize the complexity of computing (constrained) pure symmetric Nash equilibria
in symmetric game structures, when objectives are given as LTL formulas, and when restricting to memo-
ryless and bounded-memory strategies. This problem with no memory bound is then proven undecidable.

Related work. Game theory has been a very active area since the 1940’s, but its applications to computer
science via graph games is quite recent. In that domain, until recently more focus had been put on
zero-sum games [10]. Some recent works have considered multi-player non-zero-sum games, including
the computation of (constrained) equilibria in turn-based and in concurrent games [5, 14, 2] or the
development of temporal logics geared towards non-zero-sum objectives [4, 6].

None of those works distinguish symmetry constraints in strategy profiles nor in game description.
Still, symmetry has been studied in the context of normal-form games [12, 7]: in such a game, each player
has the same set of actions, and the utility function of a player only depends on his own action and on
the number of players who played each action (it is independent on ‘who played what’). Finally, let us
mention that symmetry was also studied in the context of model checking, where different techniques
have been developped to deal with several copies of the same system [9, 8, 1].

By lack of space, most of the technical developments could not be included in this extended abstract.
They are available in the technical report [3].

2 Symmetric concurrent games

2.1 Definitions

For any k € INU {eo}, we write [k] for the set {i € IN | 0 <i < k} (in particular, [oo] = IN). Let s = (p;) e[
be a sequence, with n € INU {e} being the length |s| of 5. Let j € INs.t. j— 1 < n. The jth element of s,
denoted s;_1, is the element p;_; (so that a sequence (p;) ic[»] may be named p when no ambiguity arises).
The jth prefix s of s is the finite sequence (p;);c(;- If 5 is finite, we write last(s) for its last element sy ;.

Definition 1 An arena is a tuple (States, Agt, Act, Mov, Tab) where States is a finite set of states; Agt is
a finite set of agents (also named players); Act is a finite set of actions; Mov: States x Agt — 2\ {0}
is the set of actions available to a given player in a given state; Tab: States x Act"8t — States is a
transition function that specifies the next state, given a state and an action of each player.
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The evolution of such a game is as usual: at each step, the players propose a move, and the successor
state is given by looking up this action vector in the transition table. A path is a sequence of states obtained
this way; we write Hist for the set of finite paths (or histories).

Let A € Agt. A strategy for A is a mapping o4 : Hist — Act such that for any p € Hist, o4(p) €
Mov(last(p),A). Given a set of players C C Agt, a strategy for C is a mapping o assigning to each A € C
a strategy for A (we write o4 instead of 6(A) to alleviate notations). As a special case, a strategy for Agt
is called a strategy profile. A path 7 is compatible with a strategy o of coalition C if, for any i < |7|, there
exists a move (m4)acagt such that Tab(pi_1, (ma)acagt) = pi and my = 04 (p<;) for all A € C. The set of
outcomes of ¢ from a state s, denoted Out(s, ), is the set of plays from s that are compatible with G.

Let ¢ be a game. A winning condition for player A is a set Q4 of plays of 4. We say that a play
p € Q4 yields payoff 1 to A, and a play p ¢ Q4 yields payoff 0 to A. A strategy ¢ of a coalition C
is winning for A from a state s if Out(s,0) C Q4. A strategy profile o is a Nash equilibrium if, for
any A € Agt and any strategy o}, if o is losing for A, then so is 6[A — &]. In other terms, no player can
individually improve his payoft.

Remark 2 In this paper, we only use purely boolean winning conditions, but our algorithms could easily
be extended to the semi-quantitative setting of [2], where each player has several (pre)ordered boolean
objectives. We omit such extensions in this paper, and keep focus on symmetry issues.

The model we propose is made of a one-player arena, together with an observation relation. Intuitively,
each player plays in his own copy of the one-player arena; the global system is the product of all the local
copies, but each player observes the state of the global system only through the observation relation. This
is in particular needed for representing large networks of systems, in which each player may only observe
some of his neighbours.

Example 3 Consider for instance a set of identical devices (e.g. cell phones) connected on a local area
network. Each device can modulate its emitting power. In order to increase its bandwidth, a device
tends to increase its emitting power; but besides consuming more energy, this also adds noise over the
network, which decreases the other players’ bandwidth and encourages them to in turn increase their
power. We can model a device as an m-state arena (state i corresponding to some power p;, with pyg =0
representing the device being off). Any device would not know the exact state of the other devices, but
would be able to evaluate the surrounding noise; this can be modelled using our observation relation.
Based on this information, the device can decide whether it should increase or decrease its emitting
power (knowing that the other devices play the same strategy as it is playing), resulting in a good balance
between bandwidth and energy consumption.

Definition 4 An n-player game network is a tuple 4 = (G, (=:)icjn), (i)icpn)) 5. G = (States, {A}, Act,
Mov, Tab) is a one-player arena; for each i € |n|, =; is an equivalence relation on States" (extended in a
natural way to sequences of states of States"). Two =;-equivalent configurations are indistinguishable to
player i. This models imperfect information for player i; for each i € [n], Q; C (States")? is the objective
of player i. We require that for all p,p’ € (States™)?, if p =; p’ then p and p' are equivalently in Q;.

The semantics of this game is defined as the “product game” &’ = (States’, [n], Act, MoV, Tab’, (€;);c )
where States’ = States”, MoV/((so,...,S,—1),i) = Mov(s, ), and the transition table is defined as

Tab'((s0,---,8n-1), (mi)icin) = (Tab(so,mo), ..., Tab(sp—1,mn-1)).

An element of States” is called a configuration of 4. The equivalence relation =; induces equivalence
classes of configurations that player i cannot distinguish. We call these equivalence classes information
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sets and denote .¥; the set of information sets for player i. Strategies should respect these information sets:
a strategy o; for player i is =;-realisable whenever for all p,p’ € Hist, p =; p’ implies o;(p) = o;(p’).
A strategy profile 0 = (0;)1<i<y is said realisable in 4 whenever o; is =;-realisable for every i € [n].

Remark 5 We assume that each equivalence relation =; is given compactly using templates whose size
is independant of n. As an example, for P C Agt, the relation Id(P) defined by (t,t") € Id(P) iff t[i] = 1'][i]
for alli € P encodes perfect observation of the players in P, and no information about the other players.

Example 6 Consider the cell-phone game again. It can be modelled as a game network where each
player observes everything (i.e., the equivalence relations =; are the identity). A more realistic model for
the system can be obtained by assuming that each player only gets precise information about his close
neighbours, and less precise information (only an estimation of the global noise in the network), or no
information at all, about the devices that are far away.

Despite the global arena being described as a product of identical arenas, not all games described
this way are symmetric: the observation relation also has to be symmetric. We impose extra conditions
on that relation in order to capture our expected notion of symmetry. Given a permutation 7 of [n], for
a configuration t = (s;);c[, We let () = (sz(i))ic[n); for a path p = (¢;) jew, we let p(7r) = (;(7)) je-

Definition 7 A game network 9 = (G, (=)ic(n], (i) ic[n)) is symmetric whenever for any two players i, j €
[n], there is a permutation m; j of [n] such that m; ;(i) = j and satisfying the following conditions for every
i,j,k € [n]:

. . . . -1 _
1. m;; is the identity, and T ;o T;; = T; j; hence T =T

2. the observation made by the players is compatible with the symmetry of the game: for any two

configurations t and t', t =; ' iﬁ”t(n;jl) =; t’(nijjl);

3. objectives are compatible with the symmetry of the game: for every play p, p € Q; iff p(n[:/.l) €Q;.

In that case, T = (T, ;); jeln 1s called a symmetric representation of ¢.

The mappings 7; ; define the symmetry of the game: 7; j(k) = [ means that player / plays vis-a-vis
player j the role that player k plays vis-a-vis player i. We give the intuition why we apply nijjl in the
definition above, and not 7; ;. Assume configuration t = (so,...,s,—1) is observed by player i. The
corresponding configuration for player j is ¢’ = (s,...,s),_,) where player-; ;(k) state should be that of
player k in ¢. That is, s;r,-_,-(k) = sy, so that ¢/ = t(ni:,-l).

These mappings also define how symmetry must be used in strategies: let ¢ be a symmetric n-player
game network with symmetric representation 7. We say that a strategy profile 6 = (0;);c[y is symmetric
for the representation 7 if it is realisable (i.e., each player only plays according to what he can observe)
and if for all i, j € [n] and every history p, it holds o;(p) = Gj(p(ﬂ;jl)).

The following lemma characterizes symmetric strategy profiles:

Lemma 8 Fix a symmetric representation 7t for 9. If oy is an =g-realisable strategy for player 0, then
the strategy profile ¢ defined for all i > 0 by c;(p) = cro(p(ﬂ,'i_o1 )) is symmetric.

Example 9 Consider a card game tournament with six players, three on each table. Here each player
has a left neighbour, a right neighbour, and three opponents at a different table. To model this, one could
assume player 0 knows everything about himself, and has some informations about his right neighbour
(player 1) and his left neighbour (player 2). But he knows nothing about players 3, 4 and 5.

Now, the role of player 2 vis-a-vis player 1 is that of player 1 vis-a-vis player O (he is his right neigh-
bour). Hence, we can define the symmetry as my1(0) =1, mp 1(1) =2, mp,1(2) =0, and my1({3,4,5}) =
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{3,4,5} (any choice is fine here). As an example, the observation relation in this setting could be that
player 0 has perfect knowledge of his set of cards, but only knows the number of cards of players 1 and 2,
and has no information about the other three players. Notice that other observation relations would have
been possible (for instance, giving more information about the right player).

In this paper we are interested in computing (symmetric) Nash equilibria in symmetric game networks:

Problem 1 (Constrained existence of (symmetric) NE) The constrained existence problem asks, given
a symmetric game network ¢, a symmetric representation T, a configuration t, a set L C [n] of losing play-
ers, and a set W C [n] of winning players, whether there is a (symmetric) Nash equilibrium ¢ in 9 from t for
the representation T, such that all players in L lose and all players in W win. If L and W are empty, the prob-
lem is simply called the existence problem. If W = [n], the problem is called the positive existence problem.

We first realise that even though symmetric Nash equilibria are Nash equilibria with special properties,

they are in some sense at least as hard to find as Nash equilibria. This can be proved by seeing the
individual game structure as a product of n disconnected copies of the original individual structure.
This way, the strategy played by one player on one copy imposes no constraints on the strategy played by
another player on a different copy.
Proposition 10 From a symmetric game network & we can construct in polynomial time a symmetric
game network F€ such that there exists a symmetric Nash equilibrium in F€ if, and only if, there exists a
Nash equilibrium in 4. Furthermore the construction only changes the arena, but does not change the
number of players nor the objectives or the resulting payoffs.

3  Our results

Undecidability with non-regular objectives. Our games allow for arbitrary boolean objectives, defined
for each player as a set of winning plays. As can be expected, this is too general to get decidability of our
problems even with perfect information, since it can be used to encode the runs of a two-counter machine:
Theorem 11 The (constrained) existence of a symmetric Nash equilibrium for non-regular objectives in
(two-player) perfect-information symmetric game networks is undecidable.

Undecidability with a parameterized number of players. Parameterized synthesis of Nash equilibria
(that is, synthesizing a single strategy that each player will apply, and that yields a Nash equilibrium for
any number of players) was one of our targets in this work. We show that computing such equilibria is
not possible, even in rather restricted settings.

Theorem 12 The (positive) existence of a parameterized symmetric Nash equilibrium for LTL objectives
in symmetric game networks is undecidable (even for memoryless strategies).

This is proved by encoding a Turing machine as a game network with arbitrarily many players, each
player controlling one cell of the tape. The machine halts if there exists a number n of players such that the
play reaches the halting state. We use LTL formulas to enforce correct simulation of the Turing machine.

From positive existence to existence. Because of the previous result, we now fix the number » of players.
Before turning to our decidability results, we begin with showing that positive existence of Nash equilibria
is not harder than existence. Notice that this makes a difference with the setting of turn-based games,
where Nash equilibria always exist.

Proposition 13 Deciding the (symmetric) existence problem in (symmetric) game networks is always
at least as hard as deciding the positive (symmetric) existence problem. The reduction doubles the
number of players and uses LTL objectives, but does not change the nature of the strategies (memoryless,
bounded-memory, or general).
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Bounded-memory strategies.

Theorem 14 The (positive, constrained) existence of a bounded-memory symmetric Nash equilibrium for
LTL objectives in symmetric game networks is EXPSPACE-complete.

The EXPSPACE-hardness results are direct consequences of the proof of Theorem 12 (the only
difference is that we restrict to a Turing machine using exponential space).

The algorithm for memoryless strategies is as follows: it first guesses a memoryless strategy for one
player, from which it deduces the strategy to be played by the other players. It then looks for the players
that are losing, and checks if they alone can improve their payoff. If they cannot improve the guessed
strategy yields a Nash equilibrium, otherwise it does not yield an equilibrium.

The first step is to guess and store an =p-realisable memoryless strategy op for player 0, which
we then prove witnesses the existence of a symmetric Nash equilibrium. Such a strategy is a mapping
from States” to Act. We intend player 0 to play according to oy, and any player i to play according
to 60(7; ' (50, -+, Sn—1)) in state (so, ..., s,—1). From Lemma 8 we know that all symmetric memoryless
strategy 7pr0ﬁles can be characterized by such an =g-realisable memoryless strategy for player 0.

The algorithm then guesses a set W of players (which satisfies the given constraint), and checks that
under the strategy profile computed above, the players in W achieve their objectives while the players not
in W do not. This is achieved by computing the non-deterministic Biichi automata for ¢; if i € W and for
—¢; if i ¢ W, and checking that the outcome of the strategy profile above (which is a lasso-shaped path
and can easily be computed from strategy op) is accepted by all those automata.

It remains to check that the players not in W cannot win if they deviate from their assigned strategy. For
each player i not in W, we build the one-player game where all players but player i play according to the
selected strategy profile. The resulting automaton contains all the plays that can be obtained by a deviation
of player i. It just remains to check that there is no path satisfying ¢; in that automaton. If this is true for
all players not in W, then the selected strategy oy gives rise to a memoryless symmetric Nash equilibrium.

Regarding (space) complexity, storing the guessed strategy requires space O(|States|”). The Biichi
automata have size exponential in the size of the formulas, but can be handled on-the-fly using classical
constructions, so that the algorithm only requires polynomial space in the size of the formula. The
lasso-shaped outcome, as well as the automata representing the deviations of the losing players, have size
O(|States|"), but can also be handled on-the-fly. In the end, the whole algorithm runs in exponential space
in the number of players, and polynomial in the size of the game and in the size of the LTL formulas.

The above algorithm can be lifted to bounded-memory strategies: given a memory bound m, it guesses
a strategy op using memory m, and does the same computations as above. Storing the strategy now
requires space O(m - |States|"), which is still exponential, even if m is given in binary.

Remark 15 Notice that the algorithms above could be adapted to handle non-symmetric equilibria in
non-symmetric game networks: it would just guess all the strategies, the payoff, and check the satisfaction
of the LTL objectives in the product automaton obtained by applying the strategies.

The algorithm could also be adapted, still with the same complexity, to handle richer objectives, in
particular in the semi-quantitative setting of [2], where the players have several (pre)ordered objectives.
Instead of guessing the set of winners, the algorithm would guess, for each player, which objectives are
satisfied, and check that no individual improvement is possible. The latter can be achieved by listing all
possible improvements and checking that none of them can be reached.

General strategies. We already mentioned an undecidability result in Theorem 11 for two-player games
and perfect information when general strategies are allowed. However, the objectives used for achieving
the reduction are quite complex. On the other hand, imperfect information also leads to undecidability for
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LTL objectives with only 3 players. To show this, we can slightly alter a proof from [13]. Here, synthesis
of distributed reactive systems (corresponding to finding sure-winning strategies) with LTL objectives
is shown undecidable in the presence of imperfect information. The situation used in the proof can be
modelled in our framework and by adding a matching-penny module in the beginning and slightly changing
the LTL objectives, we can obtain undecidability of Nash equilibria instead of sure-winning strategies.

Theorem 16 The existence of a (symmetric) Nash equilibrium for LTL objectives in symmetric game
networks is undecidable for n > 3 players.
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We propose extending Alternating-time Temporal Logic (AHy an operatofi C )¢ to express
thati can distribute its powers to a set of sub-agdnts a way which satisfies ATL condition
¢ on the strategic ability of the coalitions they may form, giblyy together with others agents.
We prove the decidability of model-checking of formulas wl@ C .)-subformulas have the form
(Ii1CT1)...(imE 'm)¢, with no further occurrences ¢fC .) in ¢.

Introduction

The basic co-operation modality of Alternating-time Temgdd.ogics (ATL, [AHK97, AHKO02]) invites
perceiving agent coalitions as single agents who enjoy dhgbined powers of the coalition members.
We investigate an operator to reverse this, by addressmgadhsibility to partition the strategic ability
of a single agent among several sub-agents. We Wiritel')¢ to denote that agemtcan partition its
strategic ability among the members of a set of fresh subtafiein a way which satisfieg, a formula
written in terms of the new agentswho assumé's powers, and the other original agents, exdejgor
example, a purchase scenario with the vendor representsdldgpersosPand delivery teanDT can
be described as
((customerSP) Cpurchase agreement
(vendorL. SP.DT) ( [SP]O(purchase agreement ((DT, custome}) o delivery) ) '

The combined powers of all @6 sub-agents are always equali’'®

(u{ithe < IET(AN\{iHUT )¢
where[i C '] stands for—(i C ')-. CoalitionsA 2 I' may be weaker than but also have abilities
contributed by agents frofh\ I". The realizability of schemes such as the example one gsnéepends
on the basic composition of agents’ actions. For instanogple mechanisms make it always possible
to deny theproper subsets of all substantial strategic ability or makkeuse simple majority vote as
indicated by the validity of the formula:

(N A(iNg =GN A ~(@enier) A —@aen A Q).

ACT ACT A< |M\A| ACT ,|A[>[M\A|

Subtracting strategic ability from one agent and transégitiin the form of a virtual sub-agent to another
is a way of implementinglelegation Refinement can be instrumental in expressingatienability of
the ability in question. E.g.,

{(i)) ounlockA —((j)) o unlockA (i C i’  key) (—=((i"}) o unlockA {(j, key)) o unlock)
——
j/
states the possibility of givings unlocking ability separate identitikeywhich enables its passage jto
The relevant vocabulary introduced consistkefitself, { j, key} for j keyin-hand and’ for i without
key, respectively.

F. Mogavero, A. Murano, and M.Y. Vardi (Eds.): © D. P. Guelev
2nd Workshop on Strategic Reasoning 2014 (SR14) This work is licensed under the
EPTCS 146, 2014, pp. 57-63, doi:10.4204/EPTCS.146.8 Creative Commons Attribution License.
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Notably we investigate refining and delegating powers artdesponsibilities as in, e.g., [NR02].
Sub-agents can pursue their own goals. As it becomes cléaw,libey do so by influencing the choice
of actions on behalf of their super-agent with the share @ftiper-agents’ power given to them. Unlike
proper delegation as in, e.g., [vdHWW10] and [BFDO02], whgikers and receivers of control co-exist,
just (i C I') is aboutreplacing iby its sub-agents.

Our main result about ATL with. C .) in this paper is a model-checking procedure for the subset
in which (. C .) is restricted to occur only in subformulas of the fofmC M1)...(im C 'y) @, with no
further occurrences daf C .) in ¢. This is sufficient for the handling of scenarios like therapde one
above, but with refinements affecting more than one primgena

Structure of the paper After brief formal preliminaries on ATL on GCMs, we introdeiour proposed
operator and model-checking algorithm. We conclude byflgreommenting on some more related
work, assessing our result and mentioning some work in pesgr

1 Preliminaries

Definition 1 (concurrent game structures and models)A concurrent game structurgCGS) for some
given set of agents = {1,...,N} is a tuple of the formW, (Act : i € Z),0) where
W is a non-empty set dftates

Act; is a non-empty set aictions i € Z; given al” C Z, Act- stands for[] Act;
iel

0:W x Acts — W is atransition function.

A concurrent game modéCGM) for Z and atomic proposition&Pis a tuple of the formW, (Act; :
i €Z),0,V) where(W, (Act; : i € Z),0) is a CGS forz andV C W x APis a valuation relation.

In the sequel we always assumet;, i € X to be pairwise disjoint.

Below we writear to indicate that € Act- wherell C Z. If a € Acta andl” C A, thenar also stands
for the subvector o& consisting of the actions for the memberdofGiven disjointl",A C %, we write
ar - by for ¢ € Actrua which is defined by putting; = g fori € ' andc; = b; for i € A.

Definition 2 (ATL on CGMs) The syntax ofAT L formulas¢ is given by the BNF

¢, pi=Llp[(@=y)[{(M)ed (MUY [IF(eUy)

where p ranges over atomic propositions ahdanges over finite sets of agents. Satisfaction of ATL
formulas are defined in terms of strategiesstfategyfor i € = in CGM M = (W, (Act : i € £),0,V) is

a function fromW to Act. Given a vector of strategiess = (s : i € ') for the members of C Z, the
possible outcomes df starting from statev and followings is the set of infinite runs

out(w,sr) = {wPwl... e W®: w0 = w,wk+! = o(wK ak),a%t... € Act®, af = sr(WP...wX) k < w}.

Assuming a fixedM, we write §- for the set of all vectors of strategies foin M. Satisfaction is defined
on CGMsM, statesv € W and formulasp:
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M,w L
M.w=p iff V(w,p)
MwgE¢ =y iff either M,w k= ¢ orM,w [~ ¢

M,w= (M) o@ iff there exists arsr € S s. t.wPw?... € out(w,sr) impliesM,w! = ¢
M,w= (M) (¢Uy) iff there exists arsr € S s. t. for anyw®w?. .. € out(w,s)

there exists & < ws. t MWl = ¢,... .M, W1 = ¢ andM,wK = @
M,w= [F](¢Uy) iff for every s € S there exists aPw!. .. € out(w,sr)

andak < ws. t MW = ¢,..., MWK = ¢ andM, WK |=

T, -, V, A and< and the remaining combinations @f)) and[.]] with the temporal connectives <
andO are regarded as derived constructs. See, e.g., [AHKOZ2h&odeéfinitions.

2 Refining Strategic Ability in ATL: ATL

Definition 3 (I-to-i homomorphisms of CGMs) Given ~ and AP, ani € Z and some non-empty set
of agent name§ which is disjoint withX, consider CGMIM = (W, (Act; : j € Z),0,V) and M’ =
(W', (Act; : j € 3),0,V’) for AP, andZ andZ’ = (2\ {i}) UT, respectively. A mapping: _|‘|rAct’j —
je
Act; is al-to-i homomorphism from Mo M, if
W' =W, V' =V andAct; = Act; for j € Z\ {i};
rangeh = Act ando’(w,a) = o(w, as\ iy - h(ar)) for all w € W and alla € Acts,.

Informally, if M is al'-to-i homomorphism oM, then the strategic ability ofin M is distributed among
the new agentgc I in M’. For each actiom; of i in M there exists a vector of actioas for the members

of ' in M’ such thah(ar) = &. Together with the correspondence between the outcoméduso and

o of the two models, this means that the combined powers of #ralers of” in M’ are equal to those

of i in M, but proper sub-coalitions &f may be less powerful. Next we introduce the operator which is
central to this work. LeM, i andl" be as above.

Definition 4 (refinement operator) Let ¢ be written in terms ofZ\ {i}) UI'. Then

MwE(CMNe
iff there exist anM’ for ¥’ andAP such thatM’,w |= ¢, and al -to-i homomorphism fronM’ to M.

The occurrences of € ' in (i C IN)¢ areboundin the usual sense. Informallyi C I')¢ means that
can distribute its powers among the memberE b that¢ holds in about the new set of agents. Its dual
[i C I'l¢ means thap holds regardless of how the powersi @fre distributed among the agents frém

3 Model-checking(. C .)*-Flat ATL

(.C .)*-flat ATLc is the subset of ATE in which (. C .)-subformulas have the form

<i1§rl>~-'<imgrm>¢ (1)
where¢ has no further occurrences ofC .). Note that only occurrences @fC .) of the same polarity
can be chained. E.g., # andy are (. C .)-free, then((i) (I CM{(J T A AKC Y]l C Z]Y) is
(.C )y*flat, but[i CT](j CA)¢ and(i C M) ({(k))<(j C A)¢ are not. Our algorithm reduces the model-
checking problem to satisfiability in thé))o-subset of ATL, or, equivalently, in Coalition Logic [Pajp2

which is known to be decidable. We first do the casencf 1 and¢ being a boolean combination of
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((.))o-formulas with boolean combinations of atomic proposgias the arguments {f))o, in full detail.
Then we explain how the technigue extends to arbitnargind, finally, however inefficiently, to formulas
of the form (1) with an(. C .)-free ¢ in which the use of the ATL connectives is unrestricted.

The case ofm=1 Consider some formuléd C I')¢ with ¢ restricted as above. Let CGM be as
above and consider a CGM’ = (W, (Act :i € Z'),0,V), ¥ =Z\ {i} U, and al -to-i homomorphism
h from M’ to M. Let ((A)) o x be a subformula of. For M’ ;w |= ((A)) o x to hold, there should be a
vector of actionsaa such that, for anyor\a, aa\r - h(@anr - br\a) givesA\T U {i} a strategy to achieve
oX in M. For a fixedan,r this means

h(aanr -bria) € {ai € Act : Vex\ (augiy)M. 0(W,an\r - & - C5\(augiy)) E X} 2
Henceforth we writé\ a,  wx for the subset ofct; in (2).

Now consider a CGMM = (W, (Act; : j € I'),0,V) for I as the set of agent&P = Act as the set
of atomic propositions and/ = Act; U {w°} as the set of states. L¥{(w,a) be equivalent tav = a for
a € Act, thus enabling reference to each individual action dfhe intended meaning of the statedvbf
from Act; is to represent the possible choices’sfactions by the members 6f WP is a distinguished
reference state. Lefct; = Act for j € I, and leto(w?,a) = h(a) for all a € Actr. Then

Mo = (@) \/ an A (@)o-(arnb)a A (M)ea ®3)

acAct; a,beAct ,a£b acAct;
since, due to the surjectivity ¢f each ofi's actions can be enforced by which is the grand coalition
in M.
Let the translation replace subformulas df of the form((A)) o x by their corresponding
Voo@nme /o a.

ap\r €ACHr & A ap,
ThenM,w = (i C )¢ is equivalent tavl,w° = t(¢).

Conversely, let a mod®fl = (W, (Act; : j € I'),0,V) exist such thaM,w® = t(¢) and (3) hold. Then
we can define aM’ and a -to-i homomorphisni to withnessM,w = (i £ T') ¢ as follows. We pufict; =
A_ctj, j € T. For everyar € Act-, we defineh(ar) as the uniquey € Act such thatV,o(w®,ar) = a;.
The identityd (w,a) = o(wP, h(a)) determinesy’. Now a direct check shows thit,w = (i C ') ¢.

Hence, the existence of a moddl which satisfies(¢) and (3) at some state is equivalent to the
satisfaction ofp at the given state of the givenM. Since satisfiability of formulas such &g) and (3)
is solvable, this entails the solvability of model-cheakinC .)-formulas.

The case oin>1 To keep notation simple, let= 2, i.e., consider formulas of the for(d C '1) (2 C
2)¢. Biggerm are handled analogously. We first revise condition (2), wepect to formulagA)) o
X € Subf(¢) inwhichA C Y, ¥ =%\ {1,2} Ul Ul,. Them= 2-form of (2) is about sets gfairs of
actions, for 1 and 2, respectively. Given a fix@dr,r,), (2) assumes the form

(h1(@anr, -brpa)s h2(danr, - bry\a)) €
{(a1,@2) € Acts x Acty : VCz\ (aug1,2)M, 0(W, a1 - 82 - 8\ (ryur,) * Cx\(auf,2y) F X}
We denote the subset ALt x Act, above byALZ.,aA\(rlurz)w x- The ability of A to achievey in one step
from w is equivalent to the ability of each éffn M, andANT , to enforce actiong; anda, on behalf
of 1 and 2, respectively, so théd,ay) € A1,27aﬂ\(rlur2),\,\,7 x for some appopriatén r,ur,)- Therefore we
definet({(A)) o x) as
\/ \/ {(ANTq))o \/ ap A {(ANT L))o \/ a.

ap\(r,ury) EACh\(rury) Ac ><A2§A1.2.aA\<|—1U|—2).wX ajeM are,
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Formulas obtained by the C I'1) (2 C I'p)-form of t are boolean combinations of formulas of the form
((A)) o x whereA C 'y and is a disjunction of members @éfct, for k being either 1 or 2. In the single
(.C.) case we are interested in the existence of a satisfying niddet t(¢) as the transitin function
of such a model can be used to determine the homomorghismneed. For the case of= 2, the part
of M is played by a pair of modeMl = (ActU{Wox}, (Ack : j € k),0k V) to represent the ability
ﬂ—/
W,

of coalitions withinglk to enforce actions with sgme desired effect on behalf of tigdn=1,2. We are
interested in the satisfiability aftranslations at pairs of such models in the following serGensider
a ((A)) o x € Subf(t(¢)) with eitherA C I'; and x a boolean combination of atomic propositions from
AP; = Acty, or A C ', and a boolean combination of atomic propositions fré, = Act,. We define
M1, M2,Wo.1,Wo 2 = ((A)) 0 x asMy,Wok = ((A)) o x for ¢ being ((A)) o x with A C ' and x written in
terms ofAct, k = 1,2. The clauses fot. and for formulas built usings- are as usual.

Satisfiability at pair of models of the special type of foramibbove straightforwardly reduces to the
usual satisfiability at single models ont@) is given a disjunctive normal form: &¢) of this form
is satisfiable iff some of its disjunctive members is, andhedisjunctive member can be viewed as a
conjunction of two formulaglk, Y« being a conjunction of formulas of the for({i\)) o x with A C 'y
and x written in terms ofAPy, k = 1,2. The satisfiability ofy; A ¢, is obviously equivalent to the
satisfiability of bothys; and (s, in the usual sense, at a model of the typd/qf

Formulas (1) with arbitrary (. C .)-free ¢ Removing the restriction ogs to be in the flat(.))o-
subset of ATL makes it necessary to synthesisélaand the respective with conditions such as (the
many-dimensional form of) (2) associated with not just onedhl the statesv of M. To enable this, we
first elimitate the use of.U.) in ¢ using thatW| is known! Assuming thatp is (.U.)-free, and that
m= 1 again, for the sake of simplicity, we consider assignménts Subf ¢) — 2. We are interested
in the existence of an assignmenf such that artM’ that admits d -to-i homomorphisih to M exists
in which ¢ holds at the given state and{w : MW = ¢} = |||| for all ¢ € Subf(¢). For ¢ being
somep € AP the latter condition holds iffip|| is as detemined from the valuativhof M. For ¢ being
either L, or with = as the main connective, or of the forffd\)) o ' whereANT =0, ||y || is similarly
unambiguously determined by the identities|| = 0, ||¢' = ¢"|| = ||[¢/'|| = ||¢"| and||{{A)) o Y| =
{W eW:M,wW E ((A)) o/'}. The latter set can be computed using just ATL model-checkgimilarly,
1{A) o || ={W e W: M,W = ((A\T)U{i}) oy} in caseA D I'. Therefore every acceptable
assignment is determined unambiguously as soon as itssalige) o || for ((A)) o € Subf(¢) such
that 04 ANT # T are specified, and the latter values satisfy the inclusions

{WeW:MW = ((A\T) ot} C[[((A) o] S{W eW MW = (A\T)U{i}) oy}

Assuming an assignmeiit|| of the above form, the existence of the requicté@ndh which link M’ to
M depends on the satisfiability of the conjunction

A AV odanme Vo a

<<A>q>);£§u#brf(¢) We| () ol anr €AC\r aj GAi,aA\r,w.HwH

at a model of the type ofl already introduced above. As expected, h&r,%\ﬁw,w“ = {g € Act :
Ve (augiy) (O(W, aa\r - & - Cs\ augit)) € X)}-

Obviously the algorithm implied by the above argument isyaydod to conclude decidability in
principle because of the forbidding numberjdfs to be considered.

IThis can cause an(|W|)-blowup in the number of the subformulas of the giyermaking it clear that we are after nothing
more than decidability in principle.
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4 Concluding Remarks

Related Work There is an analogy between olrC .) and the refinement quantifier &fefinement
Modal Logic[BvDF*12] and its extensions to special classes of multimodal éaflFD12]. For-
mal studies focusing on controlling the decisions of seféiested delegates can be found in [KW12,
EPW13]. A notion ofrefinementof alternating transition systems, ATL'’s original type obdels from
[AHK97], allowing, unlike [AHKV98], the powers of differensetsof agents to be related, was studied
in [RSO01]. The approach of [RS01] suggests considering aemfént modality of the formA C I')
with |A] > 1. The authors of [RS01] stopped short of extending Ayhtaxby such an operator. Our
model-checking algorithm extends to the case of non-diogleoalition-to-coalition refinement as in our
CGM-based setting in a straightforward way. Abstractiarhtéques with the agents being jlstowers
were studied in [EDO7, CDLR09]. Abstraction involving ovend under-approximation of coalitions
to contain model size was proposed in [KL11]. A formalizatiof teaming sub-agents under a sched-
uler as turn-based simulation was proposed in [GF10, GR34@&Jelling varying the considered set of
agents is addressed imodular interpreted systeni@A07, JMS13]. Distinctively, our setting is about
varying the set of agents in a system by just redistributitngtegic ability, with the overall activities
which the system can accommodate unchanged. In CGMs, thet effactions is defined by means of
the transition function. Considering actions which are ptate with a description of their effect and an
additional parameter to the co-operation modality measptrify the availability of actions to agents
as in [HLW13, Herl14] enables specifying delegation too, hyying availability of actions to express
their changing hands with their effect on system state beangsferred too. This form of delegation is,
broadly speaking, complementary to our work as we proposgoreng about migrating the ability to
enforce temporal conditions, asginthesizingmplementations in terms of actions through satisfiability
checking.

Some Work in Progress (. C .) admits a definition with no reference ffeto-i homomorphisms, which
enables translating thg.))o-subset of ATL: into a promising looking subset of many-sorted predicate
logic or, similarly, into ((.))o-subsets of explicit strategy languages such as strateggsi¢CHPO7,
MMV10]. Exploring the tractability of the translated forhas is one way of addressing satisfiability in
ATL, which is yet to be done. The translation gives rise to a canopaoperator, which holds some
promise as the means for indirect axiomatization. Reggrdirect axiomatization, for any fixadandr",
(iCT)is aKD- and, with some adjustment to compensate for switchingeddbal agent vocabulary
2\ {i}ur, also aT-modality. We have also established some non-trivial $jgebasic equivalences
leading to a normal form, and a conventional-looking rulafitroducing negative occurrences(of- .),

but still lack sufficiently strong axioms for the positivecogrences.
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We present a prototype tool for automated reasoning for Coalition Logic, a non-normal modal logic
that can be used for reasoning about cooperative agency. The theorem prover CLProver is based on
recent work on a resolution-based calculus for Coalition Logic that operates on coalition problems, a
normal form for Coalition Logic. We provide an overview of coalition problems and of the resolution-
based calculus for Coalition Logic. We then give details of the implementation of CLProver and
present the results for a comparison with an existing tableau-based solver.

1 Introduction

Coalition Logic CL is a formalism intended to describe the ability of groups of agents to achieve an
outcome in a strategic game [14]. CL is a multi-modal logic with modal operators of the form [.<7], where
o/ is a set of agents. The formula [<7]¢@ reads as the coalition </ has a strategy to achieve @, where
¢ is a formula. We note that CL is a non-normal modal logic, as the schema that represents additivity,
(o N[y = [](@ A Wy),is not valid. However, monotonicity, [/](¢ A\ y) = [<Z]@ A <]y, holds.

Coalition Logic is equivalent to the next-time fragment of Alternating-Time Temporal Logic (ATL)
[1, 5], where [«7] ¢ translates into (<)) O @ (read as the coalition <7 can ensure @ at the next moment in
time). The satisfiability problems for ATL and CL are EXPTIME-complete [16] and PSPACE-complete
[14], respectively. Proof methods for these logics include, for instance, tableau-based methods for ATL
[16, 6] and a tableau-based method for CL [8].

In order to make the paper self-contained, we present here the resolution-based calculus for CL,
RESc| [12]. As to the best of our knowledge, there are no other resolution-based methods for either ATL
or CL. Providing such a method for CL gives the user a choice of proof methods. Several comparisons
of tableau algorithms and resolution methods [10, 7] indicate that there is no overall best approach: for
some classes of formulae tableau algorithms perform better whilst on others resolution performs better.
So, with a choice of different provers, for the best result, the user could run several in parallel or the
one most likely to succeed depending on the type of the input formulae. RES¢, is sound, complete, and
terminating as shown in [12].

The paper is organised as follows. In the next section, we present the syntax, axiomatisation, and
semantics of CL. In Section 3, we introduce the resolution-based method for CL, the main results, and
provide a small example. In Section 4, we introduce the theorem-prover for CL. We give details of the
implementation and discuss the results for a comparison with an existing tool. Conclusions and future
work are given in Section 5.

F. Mogavero, A. Murano, and M.Y. Vardi (Eds.):
2nd Workshop on Strategic Reasoning 2014 (SR14) © C. Nalon, L. Zhang, C. Dixon & U. Hustadt
EPTCS 146, 2014, pp. 65-73, doi:10.4204/EPTCS.146.9
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2 Coalition Logic

As in [6], we define £ C N to be a finite, non-empty set of agents. A coalition .27 is a subset of X. For-
mulae in CL are constructed from propositional symbols (IT = {p,q,r,...,p1,q1,71,...}) and constants
(true, false), together with Boolean operators (—, for negation, and A, for conjunction) and coalition
modalities. Formulae whose main operator is classical are built in the usual way. A coalition modality
is either of the form [<7]¢@ or (<7)¢, where ¢ is a well-formed CL formula. The coalition operator (<)
is the dual of [.¢7], that is, (<)@ is an abbreviation for —[.<7]—¢, for every coalition </ and formula ¢.
We denote by WFF (| the set of CL well-formed formulae. Parentheses will be omitted if the reading is
not ambiguous. We also omit the curly brackets within modalities. For instance, we write [1,2]¢ instead
of [{1,2}]¢. Formulae of the form \/ ¢; (resp. A @), 1 <i<n,n €N, ¢; € WFF(|, represent arbitrary
disjunctions (resp. conjunctions) of formulae. If n =0, \/ ¢; (resp. A ¢;) is called the empty disjunction
(resp. empty conjunction), denoted by false (resp. true).

A literal is either p or —p, for p € I1. For a literal [ of the form —p, where p is a propositional
symbol, =/ denotes p; for a literal / of the form p, - denotes —p. The literals / and —/ are called
complementary literals. We assume that literals are in simplified form, that is, =—/[ is assumed to be /.
A positive coalition formula (resp. negative coalition formula) is a formula of the form [<7]¢ (resp.
(7)), where @ € WFF¢| . A coalition formula is either a positive or a negative coalition formula.

Coalition logic can be axiomatised by the following schemata (where .7, /" are coalitions and @, @y,
¢, are well-formed formulae) [14]:

1 —[o/false

T : [/]true

£ 09 = [Ze

M [ Z(Ag) = [

S : I A = [FUL | (@A A@), it TN =0

together with propositional tautologies and the following inference rules: modus ponens (from ¢; and
¢ = ¢, infer ¢,) and equivalence (from ¢; < @, infer [7]|Q; < [&7]@;). It can be shown that the
inference rule monotonicity (from ¢, = ¢, infer [/]@; = [</]@,) is a derivable rule in this system.
The next result will be used later.

Lemma 1 The formula [<f |y N (B)yr = (B\ o) (y1 A\ ) where o/ and B are coalitions, o/ C B,
and Y1,y € WFFc, is valid.

Proof.
L [y N2\ (v = —o) = [Bl(yi A (v = ) S, =B\

Or=VY1,0 =Y = Y

2. A (y1 = y) = oy, propositional tautology
3. [Blyi ANy = ) = [D]-y, 2, monotonicity

4. [y N[B\ A](y1 = ) = [DB]-y, 1,3, chaining

5. [y A=[Bl-yr = B\ L~y V ) 4, rewriting

6. [y N(B)~yn = (B\ )~ (-y1 V-yn) 5, def. dual

7. [yi N(B)yr = (B\ ) (y1 Ayn) 6, rewriting O

The semantics of CL is given in terms of Concurrent Game Structures (CGS) [2] and it is positional,
that is, agents have no memory of their past decisions and, thus, those decisions are made by taking
into account only the current state. We note that the semantics of CL is often presented in terms of
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Multiplayer Game Models (MGMs) [13]. Note also that MGMs yield the same set of validities as CGSs
[5]. As we intend to extend the proof method given here to full ATL, the correctness proofs are based on
the tableau procedure for full ATL [6] and we follow the semantics presentation given there.

Def. 1 A Concurrent Game Frame (CGF) is a tuple .% = (X,.%,50,d, ), where

e Y is a finite non-empty set of agents;

e . is a non-empty set of states, with a distinguished state s, termed initial state;

o d:¥ x. — NT, where the natural number d(a,s) > 1 represents the number of moves that the
agent a has at the state s. Every move for agent a at the state s is identified by a number between 0
and d(a,s) — 1. Let D(a,s) ={0,...,d(a,s) — 1} be the set of all moves available to agent a at s.
For a state s, a move vector is a k-tuple (o7, ..., 0;), where k = |X|, such that 0 < o6, < d(a,s) — 1,
for all a € X. Intuitively, o, represents an arbitrary move of agent a in s. Let D(s) = I,exD(a, s)
be the set of all move vectors at s. We denote by ¢ an arbitrary member of D(s).

e § is a transition function that assigns to every s € . and every 6 € D(s) a state 6(s,0) € . that
results from s if every agent a € X plays move o.

In the following, let % = (¥,.%,50,d,8) be a CGF with 5,5’ € .. We say that s is a successor of
s (an s-successor) if s = §(s,0), for some o € D(s). If k is a tuple, then k;, (or k(n)) denotes the n-th
element of k. Let |X| = k and let &7 C X be a coalition. An .7-move o, at s € . is a k-tuple such that
0./(a) € D(a,s) for every a € o/ and 0./(d’) = * (i.e. an arbitrary move) for every @’ ¢ </. We denote
by D(7,s) the set of all «/-moves at state s. A move vector o extends an ./ -move vector 0, denoted
by 6 C o or 6 J 0y, if 6(a) = 0 (a) for every a € o/. Let 6y € D(<7,s) be an </-move. The
outcome of o, at s, denoted by out (s, 0.,), is the set of all states s” € . for which there exists a move
vector 0 € D(s) such that 6, C o and 6(s,0) = .

Def. 2 A Concurrent Game Model (CGM) is a tuple .# = (%11, &), where % = (£,.%,50,d,0)
is a CGF; IT is the set of propositional symbols; and 7 : .# — 21 is a valuation function.

Def. 3 Let # = (X,.,50,d,0,I1,) be a CGM with s € .. The satisfaction relation, denoted by
k=, is inductively defined as follows.

) £ true;

) = piff p € n(s), for all p € IT;

) =@ iff (A ,5) = ¢;

) EQAYIff (A,s) = @ and (A ,s) |= v

) = [7] @ iff there exists a .7-move 0.y € D(,s) s.t. (A ,s') |= ¢ forall s’ € out(s,0.);
) = () iff for all «7-moves 6., € D(,s) exists s’ € out(s,0.7) s.t. (M ,s") = ¢.

Semantics of false, disjunctions, and implications are given in the usual way. Given a model .Z, a state
sin .#, and a formula ¢, if (.#,s) = @, s € .7, we say that @ is satisfied at the state s in .7

In this work, we consider tight satisfiability, i.e. the evaluation of a formula ¢ depends only on the
agents occurring in ¢ [16]. We denote by ¥, where Xy C X, the set of agents occurring in a well-formed
formula @. If @ is a set of well-formed formulae, £g C X denotes Uycqp Xy Let ¢ € WFF¢| and
M = Xy, ,50,d,0,I1,m) be a CGM. Formulae are interpreted with respect to the distinguished world
so. Thus, a formula ¢ is said to be satisfiable in .7, denoted by .# = @, if (4 ,s¢) |= ¢; it is said to be
satisfiable if there is a model .# such that (.#,so) = ¢; and it is said to be valid if for all models .#
we have (. ,s0) = ¢. A finite set I' C WFF (| is satisfiable in a state s in ./, denoted by (.#,s) =T,
ifforall;, €eT,0<i<n,neN, (#,s) v, is satisfiable in a model .7, .# =T, if (A4 ,s9) =T
and I is satisfiable, if there is a model .# such that .# =T
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3 Resolution Calculus

The resolution calculus for CL, RES¢, operates on sets of clauses. A formula in CL is firstly converted
into a coalition problem, which is then transformed into a coalition problem in Divided Separated Normal
Form for Coalition Logic, DSNF, .

Def. 4 A coalition problem is a tuple (., % ,./"), where .#, the set of initial formulae, is a finite
set of propositional formulae; %, the set of global formulae, is a finite set of formulae in WFF(| ; and
A, the set of coalition formulae, is a finite set of coalition formulae, i.e. those formulae in which a
coalition modality occurs.

The semantics of coalition problems assumes that initial formulae hold at the initial state; and that
global and coalition formulae hold at every state of a model.

Def. 5 Given a coalition problem ¢ = (%, % ,./"), we denote by L the set of agents Xy, 4. If
C¢ = (S, %,./) is acoalition problem and .#Z = (X4,.7,s0,d,0,I1, 1) is a CGM, then .# |= % if, and
only if, (A ,s0) = and (M ,s) =% U, forall s € .. We say that € = (., % ,.V') is satisfiable,
if there is a model .# such that #Z |= €.

In order to apply the resolution method, we further require that formulae within each of those sets are
in clausal form: initial clauses and global clauses are of the form \/’}:1 l;; positive coalition clauses are
of the form A}, [; = [</]\/'}_; ;; and negative coalition clauses are of the form A/, [; = (<) \V/_, I;;
where m,n > 0 and l,{ Jj,forall 1 <i<m, 1< j<n,are literals or constants. We assume that clauses are
kept in the simplest form by means of usual Boolean simplification rules. Tautologies are removed from
the set of clauses as they cannot contribute to finding a contradiction. A coalition problem in DSNF
is a coalition problem (.#,% ,.#") such that .# is a set of initial clauses, % is a set of global clauses,
and ./ is a set of positive and negative coalition clauses.

The transformation of a coalition logic formula into a coalition problem in DSNF¢, is analogous to
the approach taken in [4]. The transformation of a formula into a coalition problem in DSNF |, which
is given in [11, 12], reduces the number of operators and separates the contexts to which the resolution
inference rules are applied, but may add new propositional symbols.

The set of inference rules for RES, are given as follows. Let (.%,%,.4") be a coalition problem in
DSNF¢; C,C’ be conjunctions of literals; D, D’ be disjunctions of literals; /,/; be literals; and &/, 4 C ¥
be coalitions (where ¥ is the set of all agents). The first rule, IRES]1, is classical resolution applied
to clauses which are true at the initial state. The next inference rule, GRES1, performs resolution on
clauses which are true in all states.

IRES1 DVI =4 GRES1 DvVvI cEY
D'v-l e FUUY Dv-l ey
DvD e.7 DVD ey

Soundness of IRES1 and GRESI follow from the semantics of coalition problems and the soundness
result for classical propositional resolution [15]. The following rules perform resolution on positive and
negative coalition clauses.

CRES1 Cc = [Z|(DVI) €./  CRES2 DVI cU
dNAB=0 C = [B|(DV-I) eN C = [H|(DV-l) eN
CNC = [FdUB|(DVD) €N C = [J|(DVvD) eN

CRES3 C = [Z|(DVI]) cN CRES4 DVI cU
o C B C' = (B)(D V-l cN C = (&) DV-l) €N
CNC = (B\A)(DVD) €N C = (#)(DVD) eN
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Soundness of the inference rules CRES1-4 follow from the axiomatisation of CL, given in Section 2. We
give sketches of the proofs here. Let .#Z be a CGM and s € .# a state. Recall that coalition clauses
are satisfied at any state in .#. For CRESI, if (#,s) = CAC’, by the semantics of conjunction
and implication, we have that (.#,s) = CAC' = [|(DVI) A\ [Z](D'V —l). By axiom S, we have
that [«/](DV 1) A [PB](D'V —l) implies [«/ UB|((DVI) A (D' Vv =l)). Therefore, (A ,s) ECNC =
[« UB]((DVI)A(D'V-l)). By classical resolution applied within the successor states, we obtain that
(M,s) ECNC = [/ UB|(DV D). For CRES3, by Lemma 1, we have that [«Z](D V) A (B)(D' Vv
=) = (B\F)(DVI)N(D'V L)), with & C A, is valid. If (#,s) = CAC', by the semantics of
implication, we have that (#,s) = CAC' = (B\ o )((DVI)A\(D'V—-l)). Applying classical resolu-
tion within the successor states, we obtain that (.#,s) = CAC' = (#\ «/)(DV D'). Soundness of the
inference rules CRES2 and CRES4 follow from the above and the semantics of coalition problems: as
DV 1in 7 is satisfied at all states, we have that true = [0](D V]) is also satisfied at all states.

The next two inference rules are justified by the axioms L and T, given by —[.<7]false and [</|true,
respectively, which imply that the consequent in both rewriting rules cannot be satisfied.

RW1 AL, L= [/|false €.V RW2 AL, L= (o )false € .4

As sketched above, the resolution-based calculus for Coalition Logic is sound.

Theorem 1 (Soundness) Let € be a coalition problem in DSNF¢|. Let 6" be the coalition problem in
DSNF | obtained from € by applying any of the inference rules IRES1, GRES1, CRES1-4 or RW1-2
to €. If € is satisfiable, then €' is satisfiable.

A derivation from a coalition problem in DSNF¢| € = (%, % ,./") by RES¢, is a sequence €, % 1,
€ »,... of problems such that g =€, ¢, = (Si,%i,-/Vi), and €4, is either (S, U{D}, % i, N i),
where D is the conclusion of IRES1; (.%;, % ;U{D},.#";), where D is the conclusion of GRES1, RW1,
or RW2; or (;,% i,/ ;U{D}), where D is the conclusion of CRES1, CRES2, CRES3, or CRES4;
and D is not a tautology.

A refutation for a coalition problem in DSNF| ¢ = (#,% ,. /") (by RES¢|) is a derivation from &
such that for some i > 0, ¢; = (¥, % i,-//;) contains a contradiction, where a contradiction is given by
either false € .7; or false € 7%/;. A derivation terminates if, and only if, either a contradiction is derived
or no new clauses can be derived by further application of resolution rules of RES¢, .

The completeness proof for RES¢| is based on the tableau construction given in [6]. Given an
unsatisfiable coalition problem in DSNF¢| %, an initial tableau is obtained by this construction which
is then reduced to an empty tableau via a sequence of deletion steps. We show that each deletion step
corresponds to an application of the resolution inference rules to (sub)sets of clauses in ¢ or clauses
previously derived from 4. The derivation constructed in this way is shown to be a refutation of €.

Theorem 2 (Completeness) Let ¢ = (%, % ,.N) be an unsatisfiable coalition problem in DSNF¢,.
Then there is a refutation for € using the inference rules IRES1, GRES1, CRES1-4, and RW1-2.

The proof that every derivation terminates is trivial and based on the fact that we have a finite num-
ber of clauses that can be expressed. As the number of propositional symbols after translation into the
normal form is finite and the inference rules do not introduce new propositional symbols, we have that
the number of possible literals occurring in clauses is finite and the number of conjunctions (resp. dis-
junctions) on the left-hand side (resp. right-hand side) of clauses is finite (modulo simplification). As the
number of agents is finite, the number of coalition modalities that can be introduced by inference rules
is also finite. Thus, only a finite number of clauses can be expressed (modulo simplification), so at some
point either we derive a contradiction or no new clauses can be generated.
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Theorem 3 Let € = (%, % ,. V) be a coalition problem in DSNF¢ . Then any derivation from € by
RESc, terminates.

Full proofs for soundness, completeness, termination, and complexity of the resolution-based method
for CL are given in [11, 12].

Example 1 We show a simple example, adapted from [9], of the application of RES¢| to a problem
involving the cooperation of agents. There are two agents (1 and 2) and two toggle switches. For each
agent a = 1,2, there are two possible actions: |altog, N [a|—tog,, where tog, denotes that the agent a can
toggle the switch a (clauses 3, 9—13). The light is initially off, i.e. we have that ty = —l (clauses I and
2). If the light is off and the switch is toggled, then at the next moment the light is on: tog, N -l = [a]l
(clauses 5 and 6). Similarly, if the light is on and the agent toggles the switch, then at the next moment
the light is off: tog, Nl = [a]—l (clauses 7 and 8). We prove that the agents can cooperate to turn on the
light, that is, we introduce the clauses 4 and 14, which corresponds to the negation of [1,2]I.

] o ] 14 o= (0] 4
2 —ito V -l [@/] 15. —tgViy [% GRES],3, 4]
3 —toVty (%] 16. taAtogiA—l = [l]false [.#,CRESL,5, 14]
4. 11 Viy [@/] 17. nh = [@]M [JV CRES2, /3, 4]
5. togiAN—l = [l}l [:/V] 18. IV =ty V—togy [@/RWI ]6]
6. togayN—l = [2}[ [,/V] 19. h = [0][ V —tog [JVCRESZ 17, ]8]
7 togi Nl = [1]-l [A]  20. n = [l [/,;CRESL,19, 9]
8 togo Nl = [2}—\1 [,/V] 21. HA\ty = [l]false [JVCRES] 20, ]4]
9. Hh = [l}togl [:/V] 22. -V ity [02/ RW1, 21]
10. n = [2}t0g2 [,/V] 23. -ty V ity [% GRES1,22, ]5]
11. 1 = [l]-togy [A] 24. ) [%,GRES1,23, 3|
12. n = [Z}ﬁtogz [JV] 25. false [jIRESI 1, 24]
13 no= o ]
4 CLProver

CLProver is a prototype implementation of the resolution-based method given in [12]. The prover
is written in SWI-Prolog (Multi-threaded, 64 bits, Version 6.0.2) and the compiled binaries for Linux
x86_64 together with instructions for usage and example files are available at http://www.cic.unb.
br/docentes/nalon/#software.

The prover recurs over the set of clauses using breadth-first search for a proof. The resolution infer-
ence rules for CL are in fact variations of the propositional resolution rule. Before presenting the general
form of the inference rules, we explain the data structures that are employed by the prover. A clause core
is implemented as a list with three elements, all of which are lists: a list of literals on the left-hand side
of a clause, a list of agents, and a list of literals on the right-hand side of a clause. The only operator
allowed within the lists of literals is the negation operator, neg. Clauses are then given as Prolog lists,
with four elements. The first element is the clause number, the second is the clause core, the third is the
justification (‘given’, if the clause is an input clause; or a list containing the numbers of the clauses from
which it was derived, together with the literal being resolved, and the inference rule applied), and the
fourth is an indication to which set within a coalition problem the clause belongs (‘i’ for initial, ‘u’ for
global, ‘p’ for positive, and ‘n’ for negative). Thus, for instance, the clauses 1, 3, and 20 from Example 1
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are represented as [1, [[1, []1,[t0]], [given],il, [3,[[],[], [neg t0, t1l], [given],ul, and
(20, [[t1],[1],[11],[9,19,togl,cres1] ,n], respectively.

Given this representation, the propositional resolution inference rule is modified in such a way that
a clause [_, [LHS1], [AG1], [RHS1],_,S1] is resolved with [_, [LHS2], [AG2], [RHS2],_,S2], if
such clauses meet the side conditions given by the inference rules presented in Section 3. For instance,
the rule CRES1 is applied if both S1 and S2 are equal to ’p’ and if the intersection between LHS1 and
LHS2 is empty. The prover then recurs over the set of initial, global and coalition clauses using the
following procedure (where S is a saturated set of clauses and N is a non-saturated set of clauses):

procedure resolution(S, N)
while (N # 0 and false ¢ N)
do Given < choose(N);
N < N\ {Given};
S «+ S U {Given};
New < rewrite(res(Given,S));
/* Forward Subsumption */
N « sub(sub(New,S),N);
end-while
if false € N then S < S U {false};
return S;

where choose(N) randomly picks a clause in N; res(C, N) is the set of all non-tautological resolvents
in simplified form derivable between a clause C and a set of clauses N by one of the inference rules;
rewrite(N) is the union of N and the set of clauses derived by the rewriting rules; and sub(M,N) is the
set of clauses in M not subsumed by a clause in N. Forward subsumption is implemented for both the
propositional and modal portions of the language. For the propositional part, a clause D in .# (resp. %)
is subsumed by a clause D' in ¥ U% (resp. %) if D' C D. A positive coalition clause C = [«7]D is
subsumed by another positive coalition clause C' = [&'|D/,if C' C C, &' C o/, and D' C D. A negative
coalition clause C = («7)D is subsumed by another negative coalition clause C' = («/")D', if C' C C,
o/ C /', and D' C D. Some other forms of subsumption have not been implemented in the current
version of the prover, as, for instance, coalition clauses which are subsumed by global clauses.

The current version of CLProver is a prototype. The prover implements subsumption, but it does
not implement any of the usual performance improving techniques for resolution-based methods. For ex-
ample, the function choose(N) does not use any heuristic to determine what given clause to pick. Further
refinements of the resolution calculus, for example, ordered resolution or the the use of a set of support
strategy would also greatly improve the performance of the prover. CLProver, however, performs well
when compared with both versions of another tool, namely, TATL, a tableau-based prover for ATL [3].
In the following, TATL-A refers to the April version of the TATL prover, available at at https://www.
ibisc.univ-evry.fr/~adavid/bin/tatl.tar.gz; and TATL-N refers to the November version,
available at http://atila.ibisc.univ-evry.fr/tableau_ATL/bin/tatl.tar.gz.

A benchmark, consisting of six sets of randomly generated CL formulae, was designed to compare
the performance of both provers. The formulae in the benchmark are characterised by five parameters:
(1) the number of propositional symbols N; (2) the number of agents A; (3) the number of conjuncts
L; (4) the modal degree D; and (5) the probability P. Based on a given choice of parameters random
formulae in conjunctive normal form (CNF) are defined inductively as follows. A random (coalition)
atom of degree 0 is a propositional variable randomly chosen from the set of N propositional symbols.
A random coalition atom of degree D, D > 0, is with probability P: (a) an expression of the form [.<7] ¢,
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Figure 1: Performance Comparison between CLProver, TATL-A, and TATL-N.

where [2/] is a coalition modality with a set of agents ./ randomly chosen from A} and ¢Qisa
random coalition CNF clause of modal degree D — 1 (defined below), or (b) a random atom of degree
0, otherwise. A random coalition literal (of degree D) is with probability 0.5 a random coalition atom
(of degree D) or its negation, otherwise. A random coalition CNF clause (of degree D) is a disjunction
of three random coalition literals (of degree D). A random coalition CNF formula (of degree D) is a
conjunction of L random coalition CNF clauses (of degree D).

The six sets of problems used to compare CLProver and TATL were generated using N =5, A =2,
Le{5,...,10}, D=1, and P = 1. The experiment was run on an i7-3537U CPU at 3.00GHz, 8GB RAM,
under Linux kernel 3.11.10-100. The average run-time for each set of problems is shown in Figure 1.
The provers were given a timeout of 1000 seconds. CLProver has solved all problems in all sets within
the given time. TATL-A has failed to solve any problems in the sets 5-2-009-1 and 5-2-010-1. TATL-N
has solved all problems in the sets 5-2-005-1 and 5-2-006-1; nine problems in 5-2-007-1; three in 5-2-
008-1; four in 5-2-009-1; and none in 5-2-010-1. For the calculation of the average times, whenever the
prover has timed out, we have set the corresponding time to 1000 seconds.

5 Conclusion

The resolution-based calculus for the Coalition Logic CL is applied to a coalition problem in DSNF¢,
which separates the dimensions to which the resolution rules are applied. The transformation into the
normal form is satisfiability preserving and polynomially bounded by the size of the original formula.
Soundness of the method follows from the axiomatisation of CL. Completeness is proved with respect to
the tableau procedure given in [6]: if a tableau for a coalition problem is closed, there is a refutation based
on the calculus given here. Termination is ensured by the fact that number of propositional symbols and
agents is finite, so there are only a finite number of clauses that can be generated.

The decision procedure based on RES¢, is in EXPTIME, as shown in [12]. This is optimal, as the
satisfiability problem for coalition problems in DSNF¢, is EXPTIME-hard, thus more expressive than
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the language of CL. This result follows from [16, Lemma 4.10, page 785] and the fact that an extension
of CL with positive occurrences of ATL’s ((0)) [_] operator can be translated into DSNF¢, . It also follows
that DSNF | is more expressive than CL.

CLProver is the first (prototype) implementation of RES¢,. The experiments we have performed

suggest that it is a viable tool for reasoning about Coalition Logic. Future work includes further im-
provements to CLProver. We also intend to extend our calculus to the full language of ATL.
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Exploiting the algebraic structure of the set of bimatrix games, a divide-and-conquer algorithm for
finding Nash equilibria is proposed. The algorithm is fixed-parameter tractable with the size of the
largest irreducible component of a game as parameter. An implementation of the algorithm is shown
to yield a significant performance increase on inputs with small parameters.

1 Introduction

A bimatrix game is given by two matrices (A, B) of identical dimensions. The first player picks a row
i, the second player independently picks a column j. As a consequence, the first player receives the
payoff A;;, the second player B;;. Both player are allowed to randomize over their choices, and will
strive to maximize their expected payoff. A Nash equilibrium is a pair of strategies, such that no player
can improve her expected payoff by deviating unilaterally.

If the payoff matrices are given by natural numbers, then there always is a Nash equilibrium using
only rational probabilities. The computational task to find a Nash equilibrium of a bimatrix game is
complete for the complexity class PPAD [21, 7, 6]. PPAD is contained in FNP, and commonly believed
to exceed FP. In particular, it is deemed unlikely that a polynomial-time algorithm for finding Nash
equilibria exists.

The next-best algorithmic result to hope for could be a fixed-parameter tractable (fpt) algorithm [8],
that is an algorithm running in time f(k)p(n) where n is the size of the game, p a polynomial and k a
parameter. For such an algorithm to be useful, the assumption the parameter were usually small needs
to be sustainable. The existence of fpt algorithms for finding Nash equilibria with various choices of
parameters has been studied in [9, 13, 10].

In the present paper we demonstrate how products and sums of games — and their inverse operations
— can be used to obtain a divide-and-conquer algorithm to find Nash equilibria. This algorithm is fpt, if
the size of the largest component not further dividable is chosen as a parameter. Products of games were
introduced in [23] as a means to classify the Weihrauch-degree [4, 3, 5, 14] of finding Nash equilibria
for real-valued payoff matrices. Sums appear originally in the PhD thesis [24] of the second author; the
algorithm we discuss was implemented in the Bachelor’s thesis [15] of the first author.

2 Products and Sums of Games

Both products and sums admit an intuitive explanation: The product of two games corresponds to playing
both games at the same time, while the sum involves playing matching pennies to determine which game
to play, with one player being rewarded and the other one punished in the case of a failure to agree.

*A full version including proofs omitted here is available as [16].

F. Mogavero, A. Murano, and M.Y. Vardi (Eds.): © X. Jiang & A. Pauly
2nd Workshop on Strategic Reasoning 2014 (SR14) This work is licensed under the
EPTCS 146, 2014, pp. 75-81, doi:10.4204/EPTCS.146.10 Creative Commons Attribution License.



76 Decomposing bimatrix games

2.1 Products

In our definition of products, we let [, ] : {1,...,n} x{1,...,m} — {1,...,nm} denote the usual bijection
[i,j] = (i— 1)n+ j. The relevant values of n,m will be clear from the context. We point out that [ , | is
polynomial-time computable and polynomial-time invertible.

Definition 1. Given an n; x m; bimatrix game (A',B') and an n, x m, bimatrix game (A%,B?), we

define the (n1n2) X (mymy) product game (A", B') x (A%, B*) as (A, B) with A, ;117,70 = Azlm +A122]2 and
2
B[il,iZ][jl,jz] B} ; +B;

ij1 i2j2°

Theorem 2. If (x*,y*) is a Nash equilibrium of (A, B¥) for both k € {1,2}, then (x,y) is a Nash equilib-
rium of (A, B), Where X[iyip] = zl. x;, and Yiy, m,) = y,lnly,%n.
ny ny
Theorem 3. If (x,y) is a Nash equilibrium of (A, B), then (x',y!) given by x! = ¥, x(;; and y} =Y Y
=1 =1
is a Nash equilibrium of (A, B!).

2.2 Sums

The sum of games involves another parameter besides the two component games, which just is a number
exceeding the absolute value of all the payoffs.

Definition 4. Given an n; x m; bimatrix game (A', B!) and an ny x m; bimatrix game (A%, B?), we define
the (n +n2) x (m) +my) sum game (A, B') + (A%, B) via the constant K > max; ;{|A; |, B: j|} as (A, B)
with:

A1 ifi<n,j<m
_ 2 . . .
Aij= A(l ), Gem) ifi>ng,j>m
K otherwise
Bllj ifignlajgml
_ 2 . . .
B; = B(i_nl)7(j_’m) ifi>ng,j>m
-K otherwise

Lemma 5. Let (x,y) be a Nash equilibrium of (A',B') + (A?,B%). Then 0 < (¥} x;) <1 and 0 <

Theorem 6. If (x,y) is a Nash equilibrium of (A1 B') + (A?,B?), then a Nash equilibrium (x',y') of
(A',B") can be obtained as x! =

Xi 1
Z;ilxl and yj Z[ 1)’1 ’
Theorem 7. Let (x*,)*) be a Nash equilibrium of (A¥, B¥) resulting in payoffs (P*, Q%) for both k €

{1,2}. Then (x,y) is a Nash equilibrium of (A',B') + (A%, B?), where x; = x/ #lez for i < ny,
2 K

Xp=Xi_ nle0r1>n1,y1 for j<my,y;= for j > m;.

K- K—
YJW im, W

If a game is iteratively decomposed into sums, the resulting structure corresponds to a Blackwell
game [1, 19] of finite length. The reasoning underlying the theorems above then provides a means of
backwards-induction to show that such games always admit Nash equilibria without a direct appeal to

their normal form version. The latter observation is the foundation for [18, Corollary 8].
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3 Examples

In order to illuminate both how the operations work, and how the component games can be recovered
from the compound game, we shall briefly consider some examples. As all relevant features already
appear for zero-sum games, we shall restrict the examples to this case, and suppress explicit reference to
the second player’s payoffs.

1 2 4
0 1 3 1 000
A= B=(1 01
2.2 2 2 1 2 3
4 1 2 3
1 23 412341234
23 45123 42345
234534564567
0101 01O01O0T1TQO01
121201011212
AxB— 1 21 2 2 3 2 3 3 43 4 Aij+Bll = (AXB)3,;2~A/'
2 2222 222 22 22 Bij+Ay = (AXB>3+L4J'_3
333322223333
333344445555
41 23 41234123
523441235234
523463457 45°€6

As demonstrated by the colour-markings in the product game, if a game is indeed a product game,
then the payoffs of the components can be read off from the payoff matrix of the composed game (plus
some constant). Indeed, there are many different positions where the component games are found. Veri-
fying that a game indeed is a product requires to ensure the consistency of these answers.

1 2 3 4 K K K
01 0 1 K K K
2 2 2 2 K K K
A+B=| 4 1 2 3 K K K
K K K K 0 0 O
K K K K 1 0 1
K K K K 1 2 3

Recovering the component games from a sum is even simpler: The payoff matrices are found in the
left-upper and right-lower corner, while the remaining two cornes are covered by a suitable constant K.
The latter allows us to determine the precise size of the corners.

4 The algorithm

Our basic algorithm proceeds as follows: To solve a game (A, B)

1. test whether (A, B) is the sum of (A!, B') and (A2, B?) via some constant K. If yes, solve (A!, B!)
and (A2, B) and combine their Nash equilibria to an equilibrium of (A, B) via Theorem 7. If no,
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2. test whether (A, B) is the product of (A!,B') and (A%, B?). If yes, solve (A',B') and (A%, B?) and
combine their Nash equilibria to an equilibrium of (A, B) via Theorem 2. If no,

3. find a Nash equilibrium of (A, B) by some other means.

For some n x m game (A, B) let let S(A, B) denote its size, i.e. S(A,B) = nm, and let A(A,B) be the
size of the largest game for which 3. in our algorithm is called. Let f(k) be the time needed for the
external algorithm called in 3. on a game of size k. Then the runtime of our algorithm is bounded by
O(S?f(A)), in particular, it is an fpz-algorithm:

Testing whether a game is a sum, and computing the components, if applicable, can be done in
linear time: As the value K has to appear in the corner, one look up whether two suitable rectangular
regions have payoffs K and —K. If this is the case, the remaining two rectangular regions contain the two
subgames, provided they do not contain payoffs p with |p| > K. The sum of the sizes of the components
is less than the size of the original game. Finally, combining Nash equilibria can be done in linear time,
too. Only this case for yield quadratic runtime.

Whether a game is a product of factors of a fixed size can also be tested in linear time. Essentially,
the payoffs of the putative component games are found as differences between corresponding payoffs in
the original game. Then the product of the two component games can be computed, and finally compared
to the original game to verify the decomposition. Testing the different possible factors adds an additional
factor v/S for this part. The product of the sizes of the factors is equal to size of the original game.
Again, combining the Nash equilibria takes linear time. The underlying recurrence relation on its own
would yield a time bound of O(S!logS), hence the quadratic runtime bound from the first relation is
dominating.

Note that a game cannot simultaneously be the result of a sum and a product of smaller games. Thus,
a full decomposition (and the size of the largest component) of a game is independent of the order in
which decomposability is tested.

As a slight modification of our algorithm, one can eliminate (iteratively) strictly dominated strategies
at each stage of the algorithm. We recall that a strategy i of some player is called strictly dominated by
some other strategy j, if against any strategy chosen by the opponent, i provides its player with a strictly
better payoff than j. A strictly dominated strategy can never be used in a Nash equilibrium. It is easy
to verify that a game decomposable as a sum never has any strictly dominated strategies, but may occur
as the result of the elimination of such strategies. Hence, including an elimination step for each stage
increases the potential for decomposability.

Proposition 8. Elimination of strictly dominated strategies commutes with decomposition of products,
i.e. the reduced form of the product is the product of the reduced forms of the factors.

The algorithm remains fpt if such a step is included, using e.g. the algorithm presented in [17]. The
exponent would presumably increase to O(S*f(1)) though. Discussion of complexity issues regarding
removal of dominated strategies can be found in e.g. [2, 22].

S Empirical evaluation

Only a small fraction of the bimatrix games of a given size and bounded integer payoffs will be decom-
posable by our techniques, this limiting the applicability of the algorithm in Section 4. In particular,
if sample games were drawn from a uniform distribution, one should not expect any speedup using
decomposability-tests. However, to some extent we can expect patterns in the definitions of real-world
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game situation to increase the decomposability of the derived bimatrix games. For example, the struc-
ture of Poker-style games implies decomposability, as can be concluded from the considerations' in [11].
Note that an explicit understanding of such patterns is not required to benefit from our algorithm — a rea-
sonable expectation that suitable patterns could occur is enough to justify the use of our algorithm, which
then identifies the actual patterns.

To obtain a first impression whether using the decomposition algorithm is indeed beneficial for com-
puting Nash equilibria, a collection of 100 random decomposable games was created. Each game has
95-105 strategies per player, and payoff values range from O to 50. The decomposability was ensure by
creating a random tree representing the relevant decomposition structure first, using probabilities of 0.4
each for sum and product decomposition, and of 0.2 for an elimination of strictly dominated strategies
step. The height of the trees was limited to 80, additionally vertices corresponding to games of size
up to 6 were turned into leaves. At the leaves, the payoffs were chosen uniformly subject to the con-
straints derived from the structure and the overall constraint of payoff values being between 0 and 50.
Finally, the corresponding bimatrix games were computed. As the payoffs for both players were chosen
independently, the expected fraction of zero-sum games in the sample set is negligible.

Both as a benchmark, and in order to compute Nash equilibria of the irreducible component games,
the tool GAMBIT [20] was used. GAMBIT offers a variety of algorithm for computing Nash equilibria of

bimatrix games, we used:
20 35 40 45 B0 @

T B0 BB

1. gambit-enummixed: using extreme point enumeration
2. gambit-gnm: using a global Newton method approach
3. gambit-lcp: using linear complementarity

4. gambit-simpdiv: using simplicial subdivision

0 I||
1]

01 02 02 040505 07 Q82 09 1 15 2 2 4 & 10 15

Nesasds g i

number ofgame s solwed (of 100)

[=]

25

fimebound in seconds.

W s ched without decomposition B sched with decomposition
Figure 1: gambit-gnm

Figures 1. & 2. show for gambit-gmn and gambit-lcp how many of our decomposable example
games could be solved in some given time bound (per game, not total) using only the GAMBIT algorithm
directly, or exploiting decomposition implemented in C++ first. Despite the fact that our decomposition
algorithm was not optimized, it turned out that using decomposition almost all games could be solved

Making decisions on whether to fold, call or raise corresponds to choosing the type of the remaining game, i.e. a sum
decomposition. Similarly, the cards chosen by chance induce a product decomposition of the expected values of the game.
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Figure 2: gambit-lcp

in under 3 seconds, whereas even gambit-gnm? as the fastest GAMBIT algorithm on the sample took
30 seconds for a similar feat. Neither gambit-enummixed nor gambit-subdiv were able to solve any of
the example games in less than 90 seconds without decomposition. Note that the GAMBIT algorithms
generally include elimination of strictly dominated strategies as well, so this alone cannot account for
the differences. Thus, there is clear indication that on suitable data, exploiting the algebraic structure
underlying the decomposition algorithm yields a significant increase in performance.
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First cycle games (FCG) are played on a finite graph by twogstaywho push a token along the
edges until a vertex is repeated, and a simple cycle is forriibéeé winner is determined by some
fixed propertyY of the sequence of labels of the edges (or nodes) formingtftie. These games
are traditionally of interest because of their connectidth wfinite-duration games such as parity
and mean-payoff games.

We study the memory requirements for winning strategies@®§& and certain associated infi-
nite duration games. We exhibit a simple FCG that is not mgtass determined (this corrects a
mistake inMemoryless determinacy of parity and mean payoff gamesnglsiproofby Bjorklund,
Sandberg, Vorobyov (2004) that claims that FCGs for whidks closed under cyclic permutations
are memoryless determined). We show t®&h)! memory (wheren is the number of nodes in the
graph), which is always sufficient, may be necessary to wines6CGs. On the other hand, we
identify easy to check conditions ofi(i.e.,Y is closed under cyclic permutations, and bgtlnd
its complement are closed under concatenation) that afieisnf to ensure that the corresponding
FCGs and their associated infinite duration games are méessrgetermined. We demonstrate that
many games considered in the literature, such as meanfppgufy, energy, etc., satisfy these con-
ditions. On the complexity side, we show (for efficiently qmutableY) that while solving FCGs is
in PSPACE, solving some families of FCGs is PSPACE-hard.

1 Introduction

First cycle games (FCGs) are played on a finite graph by twgeptawho push a token along the edges
of the graph until a simple cycle is formed. Player 0 wins thegy pf the sequence of labels of the
edges (or nodes) of the cycle satisfies some fixed cycle pgyogeland otherwise Player 1 wins. For
instance, if every vertex has an integer priority, the cymigpertyY = cyc-Parity states that the largest
priority occurring on the cycle should be even. For a fixedeyropertyY, we write FCGY) for the
family of games over all possible arenas with this winningditon. We are motivated by two questions:
Under what conditions o¥ is every game in FC(') memoryless determined? What is the connection
between FCGs and infinite-duration games?

First cycle games. First, we give a simple example showing that first cycle gafi€3Gs) are not
necessarily memoryless determined, evenis closed under cyclic permutations (i.e., even if winning
depends on the cycle but not on how it was traversed), cgntoathe claim in [2][Page 370]. We then
show that, for a graph withnodes, whereas no winning strategy needs more(tinari)! memory (since
this is enough to remember the whole history of the game)ed6@Gs require at lea&(n!) memory. To
complete the picture, we analyse the complexity of solvi@gsB and show that it is PSPACE-complete.
More specifically, we show that if one can decide in PSPACEthdrea given cycle satisfies the property

*This work is supported by the Austrian Science Fund throughtgP23499-N23, and through the RiSE network (S11403-
N23, S11407-N23); ERC Start grant (279307: Graph Games);\éenna Science and Technology Fund (WWTF) grant
PROSEED Nr. ICT 10-050.
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EPTCS 146, 2014, pp. 83-90, doi:10.4204/EPTCS.146.11 Creative Commons Attribution License.
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Y, then solving the games in FQ®) is in PSPACE; and that even for a trivially computable cycle
propertyY (namely, that the cycle ends with the label 0), solving theegin FCQY) is PSPACE-hard.
First Cycle Games and Infinite-Duration Games.The main object used to connect FCGs and infinite-
duration games (such as parity games) isapeles-decompositioaf a path. Informally, a path is de-
composed by pushing the edges of the path onto a stack; assa@aoycle is detected in the stack it is
popped and output, and the algorithm continues. We thenhsdyatwinning conditiotW (such as the
parity or energy winning condition) ¥6-greedy onz if in the game on arena and winning condition
W, Player 0 is guaranteed to win if he ensures that every cydled cycles-decomposition of the play
satisfiesy, and Player 1 is guaranteed to win if she ensures that evetg tythe cycles-decomposition
does not satisfy¥. We prove aTransfer Theoremif W is Y-greedy ong/, then the winning regions
in the following two games on arend coincide, and memoryless winning strategies transfer detw
them: the infinite duration game with winning conditidfy and the FCG with winning conditiovi.

To illustrate the usefulness of the concept of beffigreedy, we instantiate the definition to well-
studied infinite-duration games: i) the parity winning cibioch (the largest priority occurring infinitely
often is even) isY-greedy on every aren& whereY = cyc-Parity, ii) the mean-payoff condition (the
mean payoff is at least) is cyc-MeanPayoff,-greedy on every aren& (where cyc-MeanPayoff, =
average payoff is at leasf), and iii) for every arenaz with vertex setv, and largest weightV, the
energy condition stating that the energy level is alwaysmegative starting with initial cred/(|V|—1)
is cyc-Energy-greedy one (wherecyc-Energy = the energy level is non-negative).

In order to prove memoryless determinacy of certain FCGd (alated infinite-duration games) we
generalise techniques used to prove that mean-payoff gareasemoryless determined (Ehrenfeucht
and Mycielski [4]). Given a cycle properly, we first consider the infinite duration games AQG (all
cycles), and SC) (suffix all-cycles). A game in the family ACE) requires Player O to ensure that
every cycle in the cycles-decomposition of the play (stgrfirom the beginning) satisfiés& A game
in the family SCQGY) requires Player O to ensure that every cycle in the cyclesfdposition ofsome
suffix of the play satisfie¥. As was done in [4], reasoning about infinite and finite doratjames is
intertwined — in our case, we simultaneously reason abauegan FCGY) and SCGY). We define
a property of arenas, which we callunambiguoysand prove alemoryless Determinacy Theorem
game from FC@®Y) whose arena7 is Y-unambiguous is memoryless determined. Combining this wit
the Transfer Theorem above, we also get tha¥ifis Y-unambiguous, then any game with a winning
conditionW that isY-greedy ons, is memoryless determinéd

Although checking if an arena ¢-unambiguous may not be hard, it has two disadvantages: it
involves reasoning about infinite paths and it involves saag) about the arena whereas, in many cases,
memoryless determinacy is guaranteed by the cycle progergardless of the arena (this is the case for
example withY = cyc-Parity). Therefore, we also provide easy to check ‘finitary’ suéfiti conditions
onY (namely thatY is closed under cyclic permutations, and byttand its complement are closed
under concatenation) that enstfaunambiguity of every arena, and thus memoryless deteayifa
all games in FC®y). We demonstrate the usefulness of these conditions bywibgehat typical cycle
properties are easily seen to satisfy them, eyg-Parity, cyc-MeanPayoff,,, cyc-Energy.

We conclude by noting that, in particular,¥fis closed under cyclic permutations, and bwtand
its complement are closed under concatenation, then gaiittesvimning conditionW are memoryless
determined on every aren& for which W is Y-greedy one/. As noted above, for many winning

1TakingY to becyc-GoodForEnergy (defined to be that either the energy level is positive, @reiro and the largest priority
occurring is even) and noting that for every aredave have: i)/ is Y-unambiguous and, ii) the game in AQQ over.«/ is
Y-greedy ong/; we obtain a proof of [3][Lemma 4] that no longer relies on ileorrect result from [2].
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conditionsW (such as mean-payoff, parity, and energy winning condilidhis easy to find a cycle
propertyY satisfying the mentioned closure conditions, and for whiélis Y-greedy on the arena of
interest. This provides an easy way to deduce memorylessnaigiacy of these classic games.
Related work. As just discussed, this work extends [4], finds a countergta to a claim in [2],
and supplies a proof of a lemma in [3]. Conditions that engarecharacterise) which games have
memoryless strategies appear for example in [1, 5, 6]. Hewell of these deal with infinite duration
games and do not exploit the connection to finite durationegam

Due to space limitations, proofs appear in the full versibthe article.

2 Definitions

In this paper all games are two-player turn-based gamesrtdfgpénformation played on finite graphs.
The players are called Player 0 and Player 1.
Arena An arenais a labeled directed grapt = (Vo,Vi1,E,U,A) where

1. \p andV; are disjoint sets of vertices of Player 0 and Player 1, rasm@yg, the set of vertices of
the arend/ :=Vy UV, is non-empty.

2. ECV xV is aset of edges with no dead-ends (i.e., for everyV there is some edge,w) € E);
3. Uis a set of possible labels.
4. A : E — Uis alabelingfunction, used by the winning condition.

Typical choices fofU areR andN. Games in which vertices are labeled instead of edges can be
modeled by ensuring (v,w) = A (v,w’) for all v,w,w’ € V. Similarly, games in which vertices are labeled
by elements ot)’ and edges are labeled by element&/6tan be modeled by labeling edges by elements
of U’ x U”. As usual, ifu=eje;--- is a (finite or infinite) sequence of edges in the arena, weW(it)
for the string of labels (e;)A (&) - -+
Plays and strategiesA play m= 1o, 74, ... in an arena is an infinifesequence ovaf such that 1z, 111) €
E for all j € N. The nodery, is called thestartingnode of the play. We denote the set of all plays in the
arena</ by playq.«7). A strategyfor Playeri is a functionS: V*V; — V such that ifu € V* andv € V;
then (v, S(uv)) € E. A strategyS for Playeri is memorylessf S(uv) = S(U'v) for all u,u’ e V*,v e V.

A play mis consistenwith S, whereSis a strategy for Playei if for every j € N such thatrr; €V, it
is the case thatr, 1 = S(1p--- 7). A strategyS for Playeri is generated by a Moore machiriiethere
exists a finite sel of memory statesaninitial state m € M, amemory updatéunctiond :V xM — M,
and anext-move functiop : V x M — V such that ifu = uguz - - - Uy is a prefix of a play withu; € V;
thenS(u) = p(u,m) wherem is defined inductively byrny = m andmi 1 = o(uj,my). A strategyS
is finite-memonyif it is generated by some Moore machine. A strat€gyses memory at mostfkt is
generated by some Moore machine with| < k. A strategyS uses memory at leastfkevery Moore
machine generatin§has|M| > k.

Games, Winning Conditions, and Memoryless DeterminacyA gameis a pair(</,0) wheres/ =
(Vo,V1,E,U,A) is an arena an® C playq.</) is anobjective(usually induced by the labeling). If either
Vp orV; is empty, then the gam@, O) is called asolitaire game A play Tin a game(.«7,0) is won by
Player 0 if < O, andwon by Playerl otherwise. A strateg$ for Playeri is winning starting from a
node ve V if every playrthat starts fronv and is consistent witBis won by Player.

2For simplicity, we consider plays of both finite and infiniteretion games to be infinite. However, in a finite duration gam
(and thus in any FCG) the winner is determined by a finite piftke play, and the moves after this prefix are immaterial.



86 First Cycle Games

A winning conditionis a seW C U®. If W is a winning condition and7 is an arena, the objective
Ow (<) induced by is defined as followsOw (.«7) = {Vov1Vz- - - € playg./) | A (Vo,V1)A (V1,V2)--- €
W}. Here are some standard winning conditions:

e Theparity conditionPARITY consists of those infinite sequenags; - - - € N such that the largest
label occurring infinitely often is even.

e Forv € R, thev-mean-payoff conditiononsists of those infinite sequenags; - -- € R such that
limsup e & Y1 ¢ is at leasw.

e Theenergy conditiorfor a giveninitial credit r € N, written ENERGY(r), consists of those infinite
sequences;C;--- € Z* such thar +c¢; +---+c¢cx >0 forallk > 1.

e Theenergy-parity conditiorENERGY-PARITY (r) is defined as consisting @€1,ds)(cp,d2)--- €
N x Z such that;c, - - - isin PARITY anddid;--- is in ENERGY(r).

The (memoryless) winning regioof Playeri is the set of vertices € V such that Player has a
(memoryless) winning strategy starting from A game ispointwise memoryless for Playerifithe
memoryless winning region for Playercoincides with the winning region for Player A game is
uniform memoryless for Playerifithere is a memoryless strategy for Playehat is winning starting
from every vertex in that player’'s winning region.

A game isdeterminedf the winning regions partitiol. A game ispointwise memoryless determined
if it is determined and it is pointwise memoryless for botay@rs. A game isiniform memoryless
determinedf it is determined and uniform memoryless for both players.

Cycles-decompositiorA cyclein an arena# is a sequence of edgés, v2)(V2,V3) - - - (Vk—1, k) (Vk, V1 )-

Define an algorithm that processes a pfay playq.<Z) and outputs a sequence of cycles: at step
0 start with empty stack; at stejppush the edgér, 1), and if for somek, the topk edges on the
stack form a cycle, this cycle is popped and output, and tgerihm continues to step+ 1. The
sequence of cycles output by this algorithm is called dieles-decomposition of, and is denoted
by cyclegm). Thefirst cycle ofrtis the first cycle incyclegm). For example, ifit = vwxwvgxy2)®,
thencyclegm) = (w,X)(x,w), (v,w)(W,V), (X,Y)(Y,2)(z X), (X,¥)(Y,2)(z,X),..., and the first cycle oftis
(w, x)(x,w).Note thatcycleg ) is such that at mogV | — 1 edges ofit do not appear in it (i.e, they are
pushed but never popped — like the edgs) in the example above). As we show in the full version, this
allows one to reason, for instance, about the initial cneiblem for energy games (cf. [3]).

Cycle propertiesA cycle propertyis a sety C U*, used later on to define winning conditions for games.
Here are some cycle properties that we refer to in the resteoéiticle:

=

. Letcyc-Evenlen be those sequencesc; - - - ¢ € U* such thak is even.
Letcyc-Parity be those sequences. - - ¢, € N* such that maxi<kCi is even.
Letcyc-Energy be those sequences: - - ¢k € Z* such thatz}‘zlci > 0.

W N

Letcyc-GoodForEnergy be those sequencés, dy) - -- (¢, dk) € (N x Z)* such that eithef ¥, d; >
0, or bothy¥ ; d = 0 andc; - - - ¢ € cyc-Parity.

5. Letcyc-MeanPayoff, be those sequences: - - ¢k € R* such that% Z!‘:l ¢ < v, for somev € R.
6. Letcyc-MaxFirst be those sequences: - ¢, € N* such that; > ¢ forall 1 <i <k.
7. Letcyc-EndsZero be those sequences: - - ¢ € N* such thaty = 0.

If Y C U* is a cycle property, write'Y for the cycle propertyU* \ Y. We isolate two important classes
of cycle properties (the first is inspired by [2]):
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1. Say thal is closed under cyclic permutatiolifsab € Y impliesbac Y, for allac U,b € U*.

2. Say that is closed under concatenatiogha € Y andb €Y imply thatabe Y, for all a,b € U*.

Note that the cycle properties 1-5 above are closed undéc pgrmutations and concatenation; and
that—cyc-Evenlen is closed under cyclic permutations but not under concétena
First Cycle Games (FCGs)Given a cycle property C U*, and an arena’ = (Vp,V1,E,U,A), let the
objectiveOrcqy) (<) C playg.«/) be such thatt € Orcgy) () iff A(u) €Y whereu is thefirst cycle
in the cycles-decomposition af. The family FCGY)) of first cycle games of ¥onsists of all games of
the form(A, Orcqy) (7)) wheres/ is an arena with labels iti. For instance, FC(yc-Parity) consists
of those games such that Player 0 wins iff the largest lat®iming on the first cycle is eveh.

3 Finite Duration Cycle Games (on being first)

In this section we analyse the memory required for winningtsgies in first cycle games, and the
complexity of solving these games. We begin by correctingsaake in [2].

Proposition 1. There exists a cycle property Y closed under cyclic pernwtsitind a game ifFCG(Y)
that is not pointwise memoryless determined.

To see this, consider a game where Player 1 chooses{fadm and Player O must match the choice.
This clearly requires Player 0 to have memory. The clainofedl by simply encoding this game as
a FCG. For example, let the cycle-propeXtybe cyc-EvenlLen, let the vertex set bévi,vo,v3, v}, let
Vo = {v1}, and let the edges Hgv1,V2), (V2,V1), (V1,V3), (V3,V2), (V2,V4), (V4,V1) }.

We now consider the difference between pointwise and unifmemoryless determinacy of FCGs.

Theorem 1. 1. Solitaire FCGs are pointwise memoryless determined.
2. There is a solitaire FCG that is not uniform memoryleseduatned.

3. If cycle property Y is closed under cyclic permutationsd @ game fronFCG(Y) is pointwise
memoryless for Player i, then that game is uniform memas\fii@sPlayer i.

Proposition 2. 1. Fora FCG on an arena with n vertices, if Player i wins fronthen every winning
strategy for Player i starting from v uses memory at njost 1)!.

2. For every n there exists a FCG on an arena Wt 1 vertices, and a vertex v, such that every
winning strategy for Playe® starting from v uses memory at least n

The first item is immediate sindg — 1)! is enough to remember the whole history of the game up
to the point a cycle is formed. The proof of the second itenyistowing a game where Player 1 can
“weave” any possible permutation aofnodes, whereas in order to win Player 0 must remember this
permutation. The construction is in the full version of tlaper.

Finally, we analyse the complexity of solving FCGs with aéfitly computable cycle properties.

Theorem 2. 1. IfY is a cycle property for which solving membership is8PRCE, then the problem
of solving games iFCG(Y) is in PSPACE.

2. The problem of solving gamesHC G(cyc-EndsZero) is PSPACE-complete.

3Formally, then, first cycle games are of infinite duratiothaligh the winner is determined after the first cycle appears
the play.
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Sketch.For the first item, observe that solving the game amountsdtuating the finite AND-OR tree
obtained by unwinding the arena into all possible plays,aufhé point on each play where a cycle is
formed; nodes belonging to Player 0 are 'or’ nodes, nodesni@lg to Player 1 are 'and’ nodes, and a
leaf is marked by 'true’ iff the cycle formed on the way to itilsY. Since this tree has depth at mast
(the size of the arena), and since we assumed membersiig in PSPACE, marking the leaves can be
done in PSPACE. So evaluating the tree can be done in PSPACE.

For the second item, note that Generalised Geography canobglit of as a first cycle game in
which Playei nodes are labeled byandY = cyc-EndsZero. Note that computindy is computationally
trivial, but solving Generalised Geography is PSPACE-liseg for instance [7][TheoremA]). O

4 Infinite Duration Cycle Games

4.1 On being greedy

We start by defining two types of infinite duration games chtlee All-Cyclesand theSuffix All-Cycles
games, whose winning condition is derived frofm Informally, All-Cycles games are games in which
Player 0 wins iff all cycles in the cycles-decompositiontod play are irY, and Suffix All-Cycles Games
are games in which Player 0 wins iff all cycles in the cyclesamposition osome suffixof the play
are inY. Formally, for arenaz = (o, V1,E,U,A) and cycle property C U*, we define two objectives
O C playq.«/) and corresponding families of games as follows:

1. 1€ Opcgy) () :if A(u) €Y for all cycles uin cyclegm).

2. me Oscqy) (<) :if somesuffixr’ of rrsatisfies thah (u) €Y for all cyclesu in cyclegr). 4

Define the corresponding families of games:

1. The family ACGQY) of all-cycles games of ¥onsists of all games of the for(w7, Oacgy)())-

2. The family SCGY) of suffix all-cycles games ofdonsists of all games of the for(n?, Oscqy) (<))
Definition 1. Say that egame(.«7,0) is Y-greedyif Oacg(y)(«/) € O and Qycg(-v) (/) CV@\ O. Say
that awinning conditionW is Y-greedy on arena? if the game(.<7,Ow) is Y -greedy.

Intuitively, W beingY -greedy oneZ means that Player 0 can win the game on arghaith winning
conditionW if he ensures that every cycle in the cycles-decompositfdheoplay is inY, and Player 1
can win if she ensures that every cycle in the cycles-decsitipo of the play is not iry.

For instance, the winning conditiomRITY (the largest priority occurring infinitely often is even)
is cyc-Parity-greedy on every arend, the v-mean-payoff condition (the limsup average is at legst
is cyc-MeanPayoff,,-greedy on every aren&, and the energy condition (stating that the energy level is
always non-negative starting with initial cretit(|V | — 1), whereW is the largest weight and are the
vertices of the aren#’) is cyc-Energy-greedy one’ .

Theorem 3(Transfer) Let(<7,0) be a'Y -greedy game, and leti{0,1}.
1. The winning regions for Player i in the gamgg’,0) and («7, Orcqy) (<)) coincide.

2. For every memoryless strategy S for Player i starting fioimarena/: S is winning in the game
(«7,0) if and only if S is winning in the game?, Orcgy) (<))

“Note that this imotthe same as saying thafu) € Y for all but finitely many cyclesiin cyclegm). For instance, leY be the
property that the cycle has odd length, and take- (v1vov1vavovs)®. Note that i) decomposing the suffik starting with the
second vertex results in all cycles having odd length, gritli§ not the case that almost all cycles in the cycles-dgmsition
of mhave odd length (in fact, they all have even length).



B. Aminof & S. Rubin 89

Corollary 1. Let W be Y-greedy on aren&. Then the gamé</,Oy) is determined, and is point-
wise (uniform) memoryless determined if and only if the gamieOrcy) (7)) is pointwise (uniform)
memoryless determined.

4.2 On being unambiguous

Definition 2. An arena</ is Y-unambiguousf Oscgy) (/) N Oscg-v) (<) = 0.
Lemma 1. If &/ is'Y -unambiguous then the gaif&,Oscqy)(#/)) is Y -greedy.

Theorem 4(Memoryless Determinacy)f arena.« is Y -unambiguous, then the ga@€, Orcgy) (7))
is pointwise memoryless determined. If Y is also closedrurydic permutations, then this game is
uniform memoryless determined.

It is of interest to note that the proof of this theorem is aagalisation of the proof used in [4] for
showing memoryless determinacy of mean-payoff games. Ad]irour proof reasons about infinite
plays. More specifically, we obtain from Theorem 3 and Lemnthal the winning regions of each
player in the game§e/, Oscqy)(«/)) and(«/, Ocqy) (<)) coincide, and then go on and use this fact
to derive memoryless strategies for the gam€ Orcgy) ().

Corollary 2. Suppose arena? is Y -unambiguous.
1. If («7,0) is Y -greedy, then the ganfe/, O) is pointwise memoryless determined.
2. The game$e/,Oscqy) (<)) and (<7, Oacg(y)(«/)) are pointwise memoryless determined.
Ifin addition Y is closed under cyclic permutations, thezsingame are uniform memoryless determined.

Proof. For the first item combine Theorems 3 and 4. For the secondl.esea 1 and the fact that
(o ,Onca(y) (7)) is alwaysY-greedy. For the final statement apply Theorem 1 item 3. O

We now provide a simple sufficient condition ¥n— that does not involve reasoning about cycles-
decompositions of infinite paths — that ensures that evenyaar’ is Y-unambiguous:

Theorem 5. Let Y C U* be a cycle property. If Y is closed under cyclic permutafipasd both Y and
=Y are closed under concatenation, then every aref Y -unambiguous.

Itis easy to check that the following cycle properties $atise hypothesis of Theorem byc-Parity,
cyc-Energy, cyc-MeanPayoff,,, andcyc-GoodForEnergy. On the other hand;cyc-EvenLen is not closed
under concatenation, whereag-MaxFirst is not closed under cyclic permutations.

We conclude with the main result of this section:

Corollary 3. Suppose Y is closed under cyclic permutations, and both YMtandmplement are closed
under concatenation. Then the following games are unifoemoryless determined for every arewa
(«7,0w) if W is Y -greedy on?, («/,Oscqy)(#)), and (=, Oacev) ().

We believe that Corollary 3 provides a practical and easy @fajeducing that many infinite dura-
tion games are uniform memoryless determined, as followhibé a cycle propertyy that is closed
under cyclic permutations and bo¥hand —Y are closed under concatenation, such that the winning
conditionW is Y-greedy on the arena of interest. Finding such ¥ is usually easy since it is sim-
ply a finitary’ version of the winning conditiohV. For example, uniform memoryless determinacy of
parity games, mean-payoff games, and energy-games, cinleasleduced by considering the cycle
propertiescyc-Parity, cyc-MeanPayoff,,, andcyc-Energy.

51t may be worth noting that is closed under cyclic permutations iff so-¥.
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Infinite games where several players seek to coordinate under imperfect information are known to
be intractable, unless the information flow is severely restricted. Examples of undecidable cases
typically feature a situation where players become uncertain about the current state of the game, and
this uncertainty lasts forever.

Here we consider games where the players attain certainty about the current state over and over
again along any play. For finite-state games, we note that this kind of recurring certainty implies
a stronger condition of periodic certainty, that is, the events of state certainty ultimately occur at
uniform, regular intervals. We show that it is decidable whether a given game presents recurring
certainty, and that, if so, the problem of synthesising coordination strategies under w-regular winning
conditions is solvable.

1 Introduction

Automated synthesis of systems that are correct by construction is a persistent ambition of computational
engineering. One major challenge consists in controlling components that have only partial informa-
tion about the global system state. Building on automata and game-theoretic foundations, significant
progress has been made towards synthesising finite-state components that interact with an uncontrollable
environment either individually, or in coordination with other controllable components — provided the
information they have about the global system is distributed hierarchically [10, 9, 8]. Absent such re-
strictions, however, the problem of coordinating two or more components of a distributed system with
non-terminating executions is generally undecidable [11, 2].

The distributed synthesis problem can be formulated alternatively in terms of games between n play-
ers (the components) that move along the edges of a finite graph (the state transitions of the global system)
with imperfect information about the the current position and the moves of the other players. The out-
come of a play is an infinite path (system execution) determined by the joint actions of the players and
moves of Nature (the uncontrollable environment). The players have a common winning condition: that
the play corresponds to a correct execution with respect to the system specification, no matter how Nature
moves. Thus, distributed synthesis under partial information corresponds to the problem of constructing
a winning profile of finite-state strategies in a coordination game with imperfect information, which was
shown to be undecidable already in [12], for the basic setting of two players with a reachability condition,
and in [7], for more complex winning conditions.

The cited undecidability arguments share a basic scenario: two players — he and she — become un-
certain about the current state of the game, due to moves of Nature. As her (partial) knowledge of the
state differs from his, and their actions need to respect the uncertainty of both, she needs to keep track
not only of what she or he knows about the game state, but also, e.g., of what he knows about what she
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knows that he knows, and so on. The scenario, set up so that the uncertainty never vanishes, leads to
undecidability as the knowledge hierarchies grow unboundedly while the play proceeds [3].

The information fork criterion of [5] identifies distributed system architectures that may allow the
knowledge of players to develop differently, for an unbounded number of rounds. Nevertheless, infor-
mation forks may not cause undecidability in every context, for instance, if the “forked knowledge” is
irrelevant for enforcing the winning condition, or if the effect of forking can be undone within a few
rounds every time it occurs.

In this paper, we consider n-player games with imperfect information where the uncertainty of play-
ers about the game state cannot last forever. Our intuition of recurring certainty is that, whenever players
are uncertain about the state of the game during a play, it takes only finitely many rounds until they can
deduce the current state with certainty, and it becomes common knowledge among them. A faithful for-
malisation of this common knowledge property would most likely be undecidable. Thus, we resort to a
weakening which intuitively states that the current state is evident to all players.

We show that the following two questions are decidable:

e Given an n-player game structure with imperfect information, does it satisfy the condition of re-
curring certainty?

e Given a game with recurring certainty and an w-regular winning condition, does the grand coalition
have a winning strategy?

Towards this, we first prove that, under recurring certainty, the intervals where the current state of the
game is not common knowledge are bounded uniformly. We call this periodic certainty. Then, we show
that the perfect-information tracking [4] of a game with periodic certainty is finite. This allows to solve
the synthesis problem.

Acknowledgement. The authors thank Marie Van den Bogaard for useful discussions on related topics
and for proof-reading this paper.

2 Coordination games with imperfect information

Our game model is close to that of concurrent games [1]. There are n players 1, ..., n and a distinguished
agent called nature. The grand coalition is the set N = {1,...,n} of all players. We refer to a list of
elements x = (x');cy, one for each player, as a profile.

For each player i we fix a set A’ of actions and a set B' of observations, finite unless stated otherwise.
The action space A consists of all action profiles. A game structure G = (V,A,(B");cy) consists of a
finite set V of states, a relation A € V X A x V of simultaneous moves labelled by action profiles, and a
profile of observation functions B’ : V — B'. We assume that each state has at least one outgoing move
for every action profile, i.e., A(v,a) # 0, for all v € V and all a € A.

Plays start at an initial state vop € V known to all players, and proceed in rounds. In a round, all
players i choose an action a’ € A’ simultaneously, then nature chooses a successor state v € A(v,a)
and each player i receives the observation 8(v'). Notice that the players are not directly informed
about the action chosen by other players nor the state chosen by nature. However, we assume that
the player’s own action is part of his observation at the target state. Formally, a play is an infinite
sequence T = vy, dop,V1,d],. .. alternating between positions and action profiles with (vy,a,v,1) € A, for
all £ > 0. A history is a prefix v, ag,...,a,—1,ve of a play. The observation function extends from states
to histories and plays 7 = vg,ag,v1,ay,... as Bi(x) = B(vo), B (v1),.... We say that two histories 7, 7’
are indistinguishable to Player i, and write & ~' 7/, if B(7) = Bi(z’). This is an equivalence relation,
and its classes are called the information sets of Player i.
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A strategy for Player i is a mapping s' : (VA)*V — A’ from histories to actions such that s*(7) = s*(7'),
for any pair 7 ~' 7’ of indistinguishable histories. We denote the set of all strategies of Player i with S
and the set of all strategy profiles by S. A history or play & = vo,ao,v1,dar,... follows the strategy s' € §',
if aé = s'(vo,a0,Vv1,...,ar_1,v;) for every £ > 0. For the grand coalition, the play 7 follows a strategy
profile s, if it follows all strategies s'. The set of possible outcomes of a strategy profile s is the set of
plays that follow s.

A winning condition over a game structure G is a set W C (VA)® of plays. A game 4 = (G,W)
consists of a game structure and a winning condition. We say that a play 7 on G is winning in ¢ if
w € W; a strategy profile s is winning in ¢, if all its possible outcomes are so. To describe winning
conditions, we use a colouring function y: V — C with a finite range C of colours, and refer to the
set W C C? of all plays vg,aq,vi,ay,... with ¥(vg),y(v1), -+ € W. In this paper, we assume that the
colouring is observable to each player i, that is, B(v) # B*(v') whenever y(v) # y(V/).

We consider coordination games over finite game structures where the winning condition is given
by finite-state automata. (See [6], for a comprehensive background.) Given such a game ¢, we are
interested in the following questions: (1) Does the grand coalition have a winning strategy profile in &?
and (2) How to synthesise (distributed) winning strategies, if they exists?

3 Recurring certainty

We consider a class of games where the uncertainty of players about the current state is temporary and
vanishes after a finite number of rounds.

To explain our notion of certainty, we introduce a fictitious player, let us call him Player 0, who is
less informed than any actual player. He does not contribute to joint actions (i.e., his action set A is a
singleton), and his observation function is a coarsening of all observations of other players: for any pair
v,V of game states, B°(v) = B°(v') whenever B(v) = B/(') for some player i. Thus, for histories 7, 7/,
we have 7 ~0 7/, whenever 7 ~ 7/ for some player i (the converse does not hold, in general).

For a given game structure G, we say that the grand coalition attains certainty at history @ =
vo,do, ... ,ds_1,Vvy, if any indistinguishable history 7’ ~Y 7 ends at the same state v,. An infinite play
7 has recurring certainty, if the grand coalition attains certainty at infinitely many of its histories. Fi-
nally, we say that the game structure G has recurring certainty, if this is the case for every play in G.

As a simple example of a game with recurring certainty, consider the infinite repetition of a finite
extensive game with imperfect information where the root is a perfect-information node, i.e., it is distin-
guishable from any other node, for every player. Likewise, games on graphs with the property that every
cycle passes through a perfect-information state have recurring certainty.

We will also encounter the following stronger property. A game structure G has periodic certainty if
there exists a uniform bound ¢ € N such that for every play 7 in G, every history p of 7 has a continuation
p’ by at most ¢ rounds in 7, such that the grand coalition attains certainty at p’.

3.1 Recognising games with recurring certainty

Our first result states that recurring certainty is a regular property of plays in finite game structures.

Lemma 3.1. For any finite game structure, the set of plays where the grand coalition has recurring
certainty is recognisable by a finite-state automaton.

Proof. Let us fix a finite game structure G. First, we construct a word automaton <7 over the alphabet
AV that recognises histories p at which the grand coalition does not attain certainty. To witness this, the
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automaton guesses a second history p’ (of the same length) that is ~°-indistinguishable from p and ends
at a different state.

The state space of <7 consists of pairs of game states in V, plus a sink. The first component of the
automaton state keeps track of the input history and the second one of the uncertainty witness that is
guessed nondeterministically. The transition function ensures that both components evolve according to
the moves available in the game structure and yield the same observation to all players; otherwise, they
lead to the sink. Accepting states are those where the first and the second component differ.

By complementing the automaton .7, we obtain an automaton .7 that accepts the set of histories
at which the grand coalition attains certainty (plus sequences that do not correspond to histories, which
can be excluded easily by intersection with the unravelling of G). Next, we determinise ./ and view the
outcome as a deterministic Biichi automaton %8 which accepts the input word, if it hits the set of final
states infinitely often. Thus, % accepts all plays where the grand coalition has recurring certainty. O

The synchronous product of the deterministic Biichi automaton % constructed above with the game
structure G is universal, i.e accepts every play of G, if and only if, G has recurring certainty.

Theorem 1. The question whether a given game structure has recurring certainty is decidable.

A further consequence of the automaton construction is that we obtain a uniform bound on the dis-
tance between two rounds at which the grand coalition attains certainty.

Theorem 2. Every game with recurring certainty also has periodic certainty.

Proof. Let G be a game structure with recurring certainty, % the deterministic Biichi automaton con-
structed for G as above, and let ¢ be the number of states in % plus one. Towards a contradiction,
suppose there exists a play 7 in G with a collection of t > | %8| many consecutive histories po, p1,. .. P
at which the grand coalition does not attain certainty. Accordingly, the uniquely determined run of %
on input 7 hits no accepting state of the automaton % while reading the continuation of pg up to p;.
On the other hand, as ¢t > |9/, there exists a state in 4 that is reached by two different histories, say py
and py, with 0 < k < ¢ <r. Now we consider the play 7’ on G that begins with py, and then repeats the
continuation of py up to p; forever. Thus, the run of ¢ on &’ will finally not hit any accepting state and
be rejected, in contradiction to our assumption that G has recurring certainty. O

3.2 Winner determination and strategy synthesis

Theorem 3. Let & be a coordination game with an @-regular winning condition. If ¢ has recurring
certainty, then the question whether the grand coalition has a winning strategy profile is decidable and
the strategy synthesis problem is effectively solvable.

Our argument relies on the tracking construction proposed in [4] that eliminates imperfect infor-
mation in n-player games by an unravelling process that generates epistemic models of the player’s
information along the stages of a play. An epistemic model for a game structure ¢ is a Kripke struc-
ture % = (K,(Q))vev, (~)icn) over a set K of histories in ¢, equipped with predicates Q, designating
the histories that end in state v € V and the players’ indistinguishability relations ~. The construction
keeps track of how the knowledge of players is updated by generating, for each epistemic model 7,
a set of successor models along tuples (ag)rex of action profiles a; € A compatible with the player’s
current knowledge, i.e. for every i € N and for all k,k’ € K with k ~' K/, we have a} = a},. This leads
to a possibly disconnected epistemic model with universe K’ = {kayv | k € K,k € Q,, and (w,ay,v) € A}
with Q, = {kayv | kayv € K'} and kayv ~; K'apy' <= k ~7 k' and v ~7 V/. By taking the connected



D. Berwanger & A. B. Mathew 95

components of this model under the coarsening ~":= ;7:_01 ~;, we obtain the set of epistemic successor

models. When starting from the trivial model that consists only of the initial node of the game, and
successively applying the update, one unravels a tree labelled with epistemic models, which corresponds
to a two-player game of perfect information where the strategies of one player translate to coordination
strategies of the grand coalition in the original game, and vice versa. This tree structure, which in general
may contain infinitely many distinct labels for its nodes (the undecidable game in [3], for example), is
called the tracking of the game structure.

The main result of [4] shows that, whenever two nodes of the unravelling tree carry homomorphically
equivalent labels, they can be identified without changing the (winning or losing) status of the game.
This holds for all imperfect-information games with @-regular winning conditions that are observable.
Consequently, the strategy synthesis problem is decidable for a subclass of such games, whenever the
unravelling process is guaranteed to generate only finitely many epistemic models, up to homomorphic
equivalence.

Let us now consider the tracking of a game ¢ with an observable w-regular winning condition. We
claim that every history where the grand coalition attains certainty leads to an epistemic model that is
homomorphically equivalent to the trivial structure consisting of a singleton labelled with the (certain)
state at which the history ends. This is because every ~"-connected component is also ~’-connected, and
all histories in such a component end at the same state. On the other hand, when updating an epistemic
model, the successor models can be at most exponentially larger (for fixed action space). The property
of periodic certainty implied by recurring certainty, allows us to conclude that the number of updating
rounds in which the models can grow is bounded by the certainty period of G. Therefore, games with
recurring certainty have finite tracking. By [4], this implies that the winner determination problem is
decidable for such games, and finite-state winning strategies can be effectively synthesised whenever the
grand coalition has a winning strategy.
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In this work we aim at applying automata techniques to prolstudied in Dynamic Epistemic
Logic, such as epistemic planning. To do so, we first remaak bpeatedly executirad infinitum

a propositional event model from an initial epistemic mogdelds a relational structure that can be
finitely represented with automata. This corresponderoggther with recent results amiform
strategies allows us to give an alternative decidability proof of thstemic planning problem for
propositional events, with as by-products accurate uppends on its time complexity, and the
possibility to synthesize a finite word automaton that dessrthe set of all solution plans. In fact,
using automata techniques enables us to solve a much mazeagjproblem, that we introduce and
call epistemic protocol synthesis

1 Introduction

Automated planning, as defined and studied in [9], consistoimputing a finite sequence of actions
that takes some given system from its initial state to onesodiésignated “goal” states. The Dynamic
Epistemic Logic (DEL) community has recently investigate@articular case of automated planning,
calledepistemic planningj7, 11, 1]. In DEL, epistemic models and event models canrdeseaccurately
how agents perceive the occurrence of events, and how theilkdge or beliefs evolve. Given initial
epistemic states of the agents, a finite set of availabletgvand an epistemic objective, the epistemic
planning problem consists in computing (if any) a finite s=wpe of available events whose occurrence
results in a situation satisfying the objective propertyhiM/ this problem is undecidable in general
[7, 1], restricting topropositional eventéthose whose pre and postconditions are propositionaljis/ie
decidability [19].

In this paper, preliminary to our main results we bring a nése@ to the merging of various frame-
works for knowledge and time. Some connections between DELEpistemic Temporal Logics (ETL)
are already known [10, 4, 2, 18]. We establish that strustgemerated by iterated execution of an event
model from an epistemic model are regular structuresthey can be finitely represented with automata,
in case the event model is propositional. This allows us duice the epistemic planning problem for
propositional events to thaniform strategy problerras studied in [13, 14, 12]. The automata techniques
developed for uniform strategies then provide an altevagiroof of [19], with the additional advantage
of bringing accurate upper-bounds on the time complexithefproblem, as well as an effective synthe-
sis procedure to generate the recognizer of all solutionsplin fact, our approach allows us to solve a
generalized problem in DEL, that we calpistemic protocol synthesis probleamd which is essentially
the problem of synthesizing a protocol from an epistemigaeral specification; its semantics relies on
the interplay between DEL and ETL. We then make use of theexions with regular structures and
uniform strategies to solve this latter general problem.

F. Mogavero, A. Murano, and M.Y. Vardi (Eds.): © G. Aucher, B. Maubert & S. Pinchinat
2nd Workshop on Strategic Reasoning 2014 (SR14) This work is licensed under the
EPTCS 146, 2014, pp. 97-103, doi:10.4204/EPTCS.146.13 Creative Commons Attribution License.
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2 DEL models

For this paper we fiXAg, a finite set ofagents andAP always denotes a finite set of atomic propositions
(which is not fixed). The epistemic languagé~" is simply the language of propositional logic extended
with “knowledge” modalities, one for each agent. Intuitivek; ¢ reads as “agerntknows¢”. The syntax

of ZEL is given by the following grammar:

p=p|-d|dVe|Kio, (wherep € AP andi € Ag)

The semantics af?EL is given in terms of epistemic models. Intuitively, a (pei) epistemic model
(. ,w) represents how the agents perceive the actual werld

Definition 1 An epistemic modeis a tuple.# = (W, {Ri}icag,V) Where W is a finite set of possible
worlds R C W x W is anaccessibility relatioron W for agent i Ag, and V: AP — 2V is avaluation
function

We writew € . for we W, and we cal(.# ,w) apointed epistemic moddrormally, given a pointed
epistemic mode(.#,w), we define the semantics ¢fE- by induction on its formulas.#,w |= p if
weV(p), #,w= —¢ ifitis not the case thatZ , w= ¢, #Z,wWE= ¢V Yif #Z,w= ¢ or .z ,wk= P,
and.z ,w = K¢ if for all w such thawRwW, .7, w = ¢.

Definition 2 An event modeis a tuple&” = (E, {R; }icag, Pre,post wherek is finite set ofevents for
each ie Ag, R; C E x E is anaccessibility relatioron E for agent i, pre: E — ZEl is a precondition
functionand post E — AP — ZEl is apostcondition function

We writee € & for ec E, and call(&, e) apointed event modeFor an evene € &, the precondition
pre(e) and the postconditions pdsi(p) (p € AP) are epistemic formulas. They respectively describe
the set of worlds where eveatmay take place and the set of worlds where proposigiovill hold after
evente has occurred.

Definition 3 A proposition event modas an event model whose preconditions and postconditidns al
lie in the propositional fragment of’E".

We now define theipdate productvhich, given an epistemic mode# and an event modél, builds
the epistemic model” ® & that represents the new epistemic situation aftéas occurred inZ .

Definition 4 Let .#Z = (W, {R }icag,V) be an epistemic model anfl = (E, {R; }icag, pre,post be an
event model. Thaepdate producof .# and & is the epistemic model ® & = (W®,{R"}icag,VY),
where W = {(w,e) e W x E | .#Z,w = pre(e)}, R*(w,e) = {(W,€/) e W? | W € Ri(w) and é € Ri(e)},
and V*(p) = {(w,€) e W* | .#,w |= poste)(p)}.

The update product of a pointed epistemic mogdef,w) with a pointed event modglé’,e) is
(A W) R (E,e) = (AR, (We))if #,w = pre(e), and it is undefined otherwise.

To finish with this section, we define tisizeof an epistemic modelZ = (W, {R; }icag,V ), denoted
by |.#|, as its number of edgeg#| = ¥ icpq| R |- The size of an event modél= (E, {R; }icag, Pre, posy,
that we note|&’|, is its number of edges plus the sizes of precondition andcpodition formulas:
6] = Yieag| Ril + Sece(IPre(€)| + 3 pear|poSte) (p))).
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3 Trees, forests andCTL*K,

A tree alphabets a finite set ofdirectionsY = {d;,d...}. A Y-tree or tree for short whenY is clear
from the context, is a set of wordsC Y that is closed for nonempty prefixes, and for which there is a
directionr = TN, called theroot, such that for alk € 7, x=r - X for somex’ € Y*. A Y-forest or forest
whenY'is understood, is defined likewise, except that it can hawverakroots. Alternatively a forest can
be seen as a union of trees.

We classically allow nodes of trees and forests to carrytaadil information via labels: given a
labelling alphabet and a tree alphab#t a>-labelledY-tree or (Z,Y)-treefor short, is a pait = (1,/),
wheret is aY-tree and’: T — X is alabelling. The notion of( %, Y)-forestZ = (u, /) is defined likewise.
Note that we use forests to represent the universe (to beedgfimthe semantics & TL*K,, hence the
notations% andu. Given aY-forestu and a nodex = d; ... d, in the forestu, we define the treey to
which this node belongs as the “greatest” tree in the farésat contains the node uy = {ycu|d; xy}.
Similarly, given a(Z,Y)-forest% = (u,¢) and a node € u, 7% = (ux, /x), Whereuy is as above and; is
the restriction of to the treeuy.

The set of well-formed TL*K, formulas is given by the following grammar:

State formulas: pi=p|-d|dVe|AY|K (wherep € AP andi € Ag)
Path formulas: Yri=¢ |-y |Yvy|Xy|yuy,

Let Y be a finite set of directions, and Et= 2" be the set of possible valuations.GA L*K, (state)
formula is interpreted in a node of (@, Y)-tree, but the semantics is parameterized by, first, for each
agenti € Ag, a binary relation-; between finite words ove, and second, a forest @I, Y)-trees which
we see as theniverse Preliminary to defining the semantics©f L*K,,, we let thenode wordof a node
X=0hdy...dy € T bew(x) =/¢(d1)¢(didy)...¢(ds...dn) € Z*, made of the sequence of labels of all nodes
from the root to this node. Now, given a famify~; }icag Of binary relations ovek*, a(Z,Y)-forest%,
two nodesx,y € % andi € Ag, we letx~; y denote that(x) ~; w(y).

A state formula oCTL*K,, is interpreted over &, Y)-treet = (7,/) in a nodex € T, with an implicit
universe7 and relations{~; }icag, usually clear from the context: the notatitx = ¢ means thatp
holds at the nodg of the labelled tre¢. Because all inductive cases but the knowledge operattosvfo
the classic semantics @fTL* on trees, we only give the semantics for formulas of the fiypt

t,xE=Ki¢ ifforallye # suchthak~y, %,y = ¢!

We shall use the notatidn= ¢ for t,r = ¢, wherer is the root oft.

Before stating the problems considered and our resultsstablésh in the next section a connection
between DEL-generated models and regular structuresalioats us to apply automata techniques to
planning problems in DEL.

4 DEL-generated models and regular structures

We first briefly recall some basic definitions and facts comiogr finite state automata and transducers.
A deterministic word automatois a tuple«” = (£,Q,9d,q,,F ), whereX is analphabet Q is a finite set
of states 6 : Q x Z — Qs a partialtransition functionandF is a set ofacceptingstates. Théanguage
accepted by a word automateri consists in the set of words acceptedddy and it is classically written

IRecall that?4 is the biggest tree i/ that containg.
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Z (). Itis well known that the set of languages accepted by wotdraata is precisely the set of
regular word languages. Ainite state synchronous transdugcer synchronous transducéor short, is a
finite word automaton with two tapes, that reads one let@nfeach tape at each transition. Formally, a
synchronous transducer is a tufile= (%,Q, A, q,,F), where the components are as for word automata,
except for thdransition relationA C Q x Z x Z x Q. The (binary) relation recognized by a transduter

is denoted byT] C * x Z*. Synchronous transducers are known to recognize the segulér relations
also calledsynchronized rational relationis the literature (see [8, 6, 3]). In the following, the siZeao
transduceifT, written |T|, will denote the size of its transition relatiofT | = |A|.

Definition 5 A relational structurés a tuple.” = (D, {~}ieag,V) Where D is the (possibly infinite)
domainof .7, for each ic Ag,~; C D x D is a binary relation and \} AP — 2P is a valuation function.
V can alternatively be seen as a set of predicate interpaiatfor atomic propositions in AP.

Definition 6 A relational structure” = (D, {~i}icag,V ) is aregular structur@ver a finite alphabek
if its domain DC Z* is a regular language oveX, for each i,~j C Z* x Z* is a regular relation and for
each pc AP, V(p) C Dis aregular language. Given deterministic word automata and.«7, (p € AP),
as well as transducers; Tor i € Ag, we say that.«Z»,{Ti }icag: {p } pear) is arepresentatiorf .7 if
Z(dy) =D, for each ic Ag, [Ti] =~ and for each pe AP, Z () =V(p).

Definition 7 For an epistemic mode¥” = (W, {R; }icag,V) and an event model = (E, {R; }icag, pre, post,
we define the family of epistemic modgl# &M} =0 by letting. #&° = .# and #EM = 7 6" &.
Letting, for each n,Z&" = (W",{R}icag, V"), we define the relational structure generated #yand
& as M & = (D, {~i}ticag, V), Where:

e D= UnZOWn’
e h~ ' if there is some n such thathi € .#&" and hR'K, and
o V(p) =Un=oV"(P).

Proposition 1 If .# is an epistemic model anfl is a propositional event model, the#' & is a regular
structure, and it admits a representation of sBR¥IAF) . (|7 + |&])°W.

Proof Let.#Z = (W,R V) be an epistemic model, le&f = (E,R,pre pos) be a propositional event
model, and let# &* = (D, {~i }icag; VD).

Define the word automatonp = (£,Q,9,q,,F), wherez =WUE, F ={qy, | v CAP} andQ =
Fw{q }. For a worldw € W, we define itssaluationasv(w) := {p € AP|w e V(p)}. We now define
9, which is the following partial transition function:

YweW, VeeE,
3(q,W) = Qyw) 0(q;,e) is undefined,

d(qy,w) is undefined d(qy,e) = {qv/’ Wi_th vi={plvi=poste)(p); ifvi pfe(e)
undefined otherwise.

It is not hard to see tha# (/) = D, henceD is a regular language. Alses, has 2Pl 41 states, and
each state has at mds#| + |&| outgoing transitions, so that/ | = 200AP) . (|.#| +|&)).

Concerning valuations, take sonpec AP. Let @7, = (2,Q,5,q,,Fp), whereF, = {q, | p € v}.
Clearly, Z(7y) = Vb(p), henceVp(p) is a regular language, and/,| = |.%p|.

For the relations, lete Agand consider the one-state synchronous transdigee(Z, Q', A, q,,F’),
whereQ' ={q}, q, =q,F' ={q}, andA; = {(q,w,w,q) |[wRwW}U{(g,e €,q) | eR; €}. Itis easy to see
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that~; = [T;] "D x D. Since[T;| is a regular relation and is a regular languagey; is a regular relation
recognized byl = Tp o Tj o Tp, whereTp is a synchronous transducer that recognizes the idenlgtijae
overD (easily obtained fromwp). This transducer is of siz&/| = [Tp|2-|Ti| = 2°UAPD . (. |+ |&])°W.
Finally, . &* is a regular structure that accepisp, { T, }icag, {#p} pcap) @s a regular representation of
size 2UAP) . (|.#]+1€))°Y. One can check that this is also an upper bound on the timesdeted
compute this representation.

]

5 Epistemic protocol synthesis

We first consider the problem of epistemic planning [7, 11d&td in the Dynamic Epistemic Logic
community. Note that our formulation slightly differs frotme classic one as we consider a unique event
model, but both problems can easily be proved inter-redidiblinear time.

Definition 8 (Epistemic planning problem) Given a pointed epistemic mode#, ,w, ), an event model
&, asetof events C & and a goal formulap € ZEL decide if there exists a finite series of events &,
in E such that(.#z,,w,) ® (&,e1) ®...® (&,en) | ¢. Thepropositional epistemic planning probldém
the restriction of the epistemic planning problem to praposal event models.

The epistemic planning problem is undecidable [7, 1]. Havey7] proved that the problem is
decidable in the case of one agent and equivalence acdiggsddations in epistemic and event models.
More recently, [1] and [19] proved independently that the agent problem is also decidable for K45
accessibility relations. [19] also proved that restrigttn propositional event models yields decidability
of the epistemic planning problem, even for several agemsagbitrary accessibility relations.

Theorem 2 ([19]) The propositional epistemic planning problem is decidable

Proposition 1 allows us to establish an alternative prodhisf result, with two side-benefits. First,
using automata techniques, our decision procedure cahesiné as a by-product a finite word automa-
ton that generates exactly the (possibly infinite) set ofalution plans. Second, we obtain accurate
upper-bounds on the time complexity.

For an instancé.#,& ,E, ¢) of the epistemic planning problem, we define its size as the &lits
components’ sizes, plus the number of atomic propositios; &, E, ¢ | = |.#|+|&|+ |[E| + || + |AP).

Theorem 3 The propositional epistemic planning problem is in k-ExXPTIME for formulas of nesting
depth k. Moreover, it is possible to build in the same time igefiword automaton?” such that?’ (%)
is the set of all solution plans.

Proof sketch Let (.#,&,E,¢) be an instance of the problem. By Proposition 1 we obtain @o-ex
nential size automatic representation of the forgst: the set of possible histories, as well as their
valuations, are represented by a finite automatgrand the epistemic relations are given by finite state
transducers. Because the epistemic relations are rativaalan use the powerset construction presented
in [13] in the context of uniform strategies [13, 14, 12]. ¢edi, this construction easily generalizes to
the case ofi relations, and even though in [13] it is defined on game ardr@m, in our context, be
adapted to regular structures. Lettikgpe the maximal nesting depth of knowledge operatom,ithis
construction yields an automate# of size k-exponential in the size of7/, hence(k + 1)-exponential

in |.#,&,E,¢|, that still represents# &, and in whichg can be evaluated positionally. Keeping only
transitions labelled by events |y and choosing for accepting states those that vgrifywe obtain the
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automaton?’ that recognizes the set of solution plans. Furthermorejirgplthe epistemic planning
problem amounts to solving the nonemptiness problen4¢£?); this can be done in time linear in the
size of 2, which isk+ 1-exponential in the size of the inpu#, & ,E, ¢). []

In fact, the correspondence between the DEL framework atah@atic structures established in
Proposition 1 allows us to solve a much more general probiem epistemic planning.

We generalize the notion of epistemic planning in threeativas. First, we no longer consider finite
sequences of actions but infinite ones. As a consequencegedenot stick to reachability objectives as
in planning (where the aim is to reach a state of the worldhaties some formula), and we therefore
allow for any epistemic temporal formula as objective, whig the second generalization. Finally, we
no longer look for a single series of events, but we try tolsgsize grotocol i.e. a set of plans.

Definition 9 Given an epistemic mode# and an event modef, an epistemic protocols a forest
P C.# &~ itis rootedif it is a tree.

Definition 10 (Epistemic protocol synthesis problem)Given an initial pointed epistemic mode¥”,w),
a propositional event modeél and aCTL* K, formula ¢, letting % = .# &* be the universe, decide if
there is an epistemic protocol ® % rooted in w such that = ¢, and synthesize such a protocol if any.

Again making use of Proposition 1, the epistemic protocaitisgsis problem can be reduced to
synthesizing a uniform strategy in a game arena with regalations between plays. This can be solved
with the powerset construction from [13] and classic autanechniques for solving games wifTL*
winning condition. We finally obtain the following result.

Theorem 4 The epistemic protocol synthesis problem is decidable hdfrtesting depth of the goal
formulas is bounded by k, then the problem isnax2,k+ 1)-EXPTIME.

6 Discussion

We have described a connection between DEL-generated snadélregular structures, which enabled
us to resort to a combination of mature automata techniqueen@re recent ones developed for the study
of uniform strategies, in order to solve planning problem#he framework of DEL. We believe that this
is but a first step in applying classic automata techniquesldped for temporal logics to the study of
dynamic epistemic logic. As witnessed by classic works doraata-based program synthesis (see for
example [15, 17]), automata techniques are well suiteddkig¢gproblems such as synthesizing plans,
protocols, strategies or programs, and we believe thabitldhalso be the case in the DEL framework; in
addition the complexity of solving classic automata proidesuch as nonemptiness has been extensively
studied, and this may help to settle the complexity of pnoislén DEL, such as the epistemic planning
problem.

As for future work, we would like to investigate the optintglof the upper-bounds that we obtained
on the time complexity of the epistemic planning problem goopositional event models, as well as
for our notion of epistemic protocol synthesis. Anotheediion for future research concerns the latter
problem: a next step would be to apply techniques from cottieory and quantifieqi-calculus [16]
to synthesizemaximal permissivepistemic protocols. In general such objects only existstfiety
objectives, but recently a weaker notionpgErmissive strateghias been studied in the context of parity
games [5]. A strategy is permissive if it contains the betsars of all memoryless strategies, and such
strategies always exist in parity games. Similar notiong bwintroduced for protocols with epistemic
temporal objectives to capture concepts of “sufficientlgniesive” protocols.
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In this work we generalize standard Decision Theory by agsgrhat two outcomes can also be
incomparable. Two motivating scenarios show how incomniplig may be helpful to represent
those situations where, due to lack of information, theslenimaker would like to maintain different
optionsalive and defer the final decision. In particular, a new axiométiras given which turns out
to be a weakening of the classical set of axioms used in eciBheory. Preliminary results show
how preferences involving complex distributions are edab judgments on single alternatives.

1 Introduction

In his pioneering work on Decision Theory [4], when delinegtthe fundamental properties of a prefer-
ence relation<, Savage makes the following point: given two potential ontesf andg, it cannot be
the case thaf < gandg < f at the same time. Clearly, this is logically equivalent tgiisg that either
f £gorg# f, which leads to three possible cas@}:f £ gandg < f, (i) f <gandg £ f, or (iii)
f £ gandg £ f. Then, he postulates that these three cases are the oniglpgedgments concerning
f andg. In particular, the last caséd (£ gandg £ f) allegedly implies thaf andg are equivalent in the
sense that in any situation wherein these are the only twsillesoptions, the decision maker does not
mind delegating to coin flipping. Consequently, in cladsidacision Theory CDT) a very fundamental
property of a preference relation is its totality.

From the theory’s very start, the hidden assumptions uyiderlthis model of areconomic man
raised some criticisms, one of the most influential of whieng due to Simon:

“This man is assumed to have knowledge of the relevant aspétiis environment which,
if not absolutely complete, is at least impressively clest wluminous. He is assumed also
to have a well-organized and stable system of preferenoeisa akill in computation that
enables him to calculate, for the alternative courses @athat are available to him, which
of these will permit him to reach the highest attainable poimhis preference scale” [5].

In recent years, the massive development of e-commerc&sernakes Simon’s criticisms even
more cogent and the classical viewpoint on the economic mane snd more idealistic. Often prefer-
ences result from complex trade-offs between differenibaties (functionalities, cost, Quality of Service
(QoS), information disclosure risks, etc.) sometimes #&r bas only a vague idea of. Moreover, in some
cases the user actually consists of a group of persons witeraal debate does not easily end up with
a total preference. Finally, from a computer-science ptige, our aim could be to develop a software
agent that acts in an electronic market on behalf of a real dsewe discuss in Section 2, even if the
user conforms with the classical economic man, her pre¢eresiation could be so complex that it could
not be entirely and efficiently injected into the softwaresig

Differently from Simon, who moved towards a problem-solyiperspective, in this work we chal-
lenge CDT on its playground. In particular, we provide amralative axiomatization where two out-
comes, due to the lack of information or an irreducible fegeneity of the attributes involved, can also
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be incomparable. In Section 2, we show two motivating séesavhere considering preferences as in-
complete seems to be appropriate. In Section 3, we introtheceeew axiomatization by emphasizing

which axioms of CDT remain the same and which axioms shouléplaced. The resulting theory, that

we call Partial Decision Theory, consists in a weakening BTCthat is, all the properties it satisfies are
satisfied by CDT as well (but not vice versa). In Section 3, n@rxssome general features of the new
axiomatization; in particular, we argue that the proposathéwork is not too weak, as it retains several
desirable properties of CDT. Conclusions and future worldstbe paper.

2 Motivating Scenarios

In this section we introduce two scenarios where partidigpemces seem to provide a more natural way
to describe a decision maker, or a software agent behavittg behalf, than total preferences.

In the first scenario, Bob wants to learn to play the piano apgtspa request on a consumer-to-
consumer social network. Soon after, he receives offers fwo musicians, Carl and Mary. Carl
provides two options: a 5 people class for 15 dollars pergres a one-to-one class for 35 dollars.
Mary offers two similar options: a 3 people class for 20 dwllper person or a one-to-one class for 40
dollars. Furthermore, they both offer a trial lesson. Reigar Carl’s options, Bob thinks that 5 people
are too many for a class, thus he prefers the one-to-onenop@m the contrary, he judges the price
difference between Mary’s options somewhat excessive;ehba prefers the 3 people class. If someone
asks Bol'Do you prefer Mary’s 3 people class or Carl's one-to-one 42", Bob will probably answer
“I do not know, | first have to attend the trial lessonsNotice that this is different from saying that the
two options are equivalent, because in that case Bob wonrdigiflip a coin and choose one of them.
On the contrary, it is more natural to think that these ogtiare initiallyincomparableand Bob will use
the trial lessons to disambiguate them.

More generally, in absence of complete information it migatdifficult for an individual to figure
out a coherent total order over the bids and choose in a sstgfeone of them. On the contrary, making
a decision can be viewed as a multiple step process wheres @lfe initially filtered according to a
partial preference relation. Then, depending on the liegutiffers, an individual can acquire further
information and possibly rank them.

In the second scenario, Alice’s father has finally agreedutp lter a smartphone, and now she is
browsing Ebay for possible offers. Unfortunately, the isshuge and patience is not Alice’s forte. So,
she would like to be assisted by a software agent to filter adesired options. The software agent
accepts constraints such as maximum cost and size, colactiess, etc., and also a preference relation
as a total order over bids. Then, according to the specifietence relation, the agent returns the
best offer. Clearly, Alice’s desires are influenced by salvattributes such as operating system, color,
weight, brand, and so on. For instance, she has a prefereeceoperating systems in the following
decreasing order: OS1, OS2 and OS3; over colors: blue, tack,bwvhite; and over brands: Brandl,
Brand2, Brand3. Furthermore, out of benevolence for hbefagiven a specific model the cheaper the
better. However, such preferences over single attributesoti constitute a total order. Moreover, Alice
cannot establish a priority over attributes, for instarfoe grefers a Brand3 phone with operating system
0S1 to a Brand2 one with operating system OS2, but she pi@ferandl OS2 phone to a Brand2 OS1
one. Alice soon realizes that providing a total order to thi#wsare agent is frustrating and requires
about the same effort as comparing all the offers by herseif scenario reveals the following issue: in
designing a software agent that behaves on behalf of reed,use have to take into account how users
caninstruct the agent about their own preferences. In electronic mankéere the number of offers
can be huge, it could be unfeasible to transfer an exactseptation of users’ desires into a software
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agent. In this case, the agent should make do with an appat&inepresentation of users’ desires as a
partial order and return a restricted list of choices fromohttthe user can select the preferred one. As
a further advantage, the user retains the ability of apglyinforeseen, situation-specific knowledge and
preferences that had not been formalized in advance.

3 Partial Preferences

Let A(«7) be the class of all probability distributions over a coutgedet of alternativess. Given two
probability distributionsf,g € A(«) anda € [0, 1], we denote bya, f,g) the convex combination of
andg such that(a, f,g)(a) = af(a)+ (1— a)g(a), for all a € o7. Moreover, for an alternative € <7,
[a] denotes the degenerate distribution that assigns prayabib a.

A preference relation< is a binary relation o\(.«7), subject to the following classical Decision
Theory axioms?

1. f < gorg= f (totality);

2. if f < gandg= h, thenf < h (transitivity),

3. iff <xgand 0<a < B <1,then(B, f,g) < (a,f,g);

4. if f1 <01, f2 < g2, and 0< a < 1, then(a, f1, f2) < (a,01,02);
5. if fy <01, f2 X0, and 0< a < 1, then(a, f1, f2) < (0, 01,02);

where, as usual, < g means thaf < gandg £ f.

Notice that the first two axioms force to be a total (hence reflexive) transitive relation, i.egtalt
preorder (also called non-strict weak order). As shown leyptevious scenarios, we advocate that in
several contexts some outcomes may be incomparable, ngehaix should be modeled as a (possibly
partial) preorder. For this reason, we weaken the totakiyra in favor of one which requires reflexivity
only:

1. f<f;

Having allowed for incomparable distributions, at firstkabmay seem that the deal is done. However,
the obtained theory is so weak that it contemplates untialiseferences. The problem is that the
previous axioms do not say anything about incomparableilaisions which, once combined, can be
then freely judged. On the contrary, it is natural to thinkttlto some extent, the incomparability between
distributions persists also when they are combined.

Assume for example thdtandg are incomparable and letQa < 3 < 1. According to the axioms
above, it is possible thato, f,g) < (B, f,g). This looks inappropriate: given that | cannot compére
andg, why should | strictly prefer one combination éfandg over another? This leads to a further
axiom:

6. if0<a <1, and(a,fi, f) < (a,01,02), then there exist, k € {1,2} such thatfj < gx.

Intuitively, a distribution f of the type(a, f1, f2) can be seen as a random choice (a.k.dottery)
which picks f; with probability o and f, with probability 1— a. Comparingf with another distribution

g of the type(a,0:,02) encompasses comparing four possible drawfs;g1), (f1,92), (f2,091), and
(f2,02).2 If there is no draw in which the second component is stricélitdr than the second, Axiom 6
requires thag is not strictly preferred tdf. Notice that one could easily come up with more stringent

IHere, we borrow the formulation presented in [3].
2with probabilitiesa?, a(1—a), a(1—a) and(1— a)?2, respectively.
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conditions on the persistence of incomparability, foramse by requiring that a majority of draws favors
the second component over the first one. We instead propathex wweak requirement, in the form of
Axiom 6, which supports a wide range of preference relatiatnle still ensuring a number of interesting
properties, which are the subject of Section 4.

We call Partial Decision TheoryPDT) the new set of axioms 1’-6. Notice that Axiom 6 can be
easily derived in classical Decision Theory, consequdPEl is a weakening of classical Decision The-
ory, in the sense that all preference relations satisfylagsical Decision Theory also satisfy PDT. The
converse does not hold, as witnessed by the “empty” preferegiation, i.e., the relation that considers
incomparable all distinct distributions.

As seen above, Axiom 6 has been motivated by analyzing whigfegences betweeh= (a, f1, f2)
andg= (a,01,0,) are admissible on the basis of the preferences on the pessivs(f1,01), (f1,92),
(f2,01), and(f2,92). In Table 1 we perform such an analysis extensively. In paler, for each entry,
the left-hand sidex iz iz xig, With e {~, <, > £}, is a consistent combinatiofy >i; g1, f1 > g2,
fo <13 g1, and fo x4 g2, whereas the right-hand side shows which preference oakatietweerf andg
are consistent with PDT. For example, the first entry is treeéa~ g1, f1 ~ g2, f2 ~ g1, and fo ~ go,
then according with Axiom 4f ~ gis the only possibility. Conversely, in some other cases (@£ ><%)
no axiom can be applied, consequentlgan be in any relationship witip

Table 1 provides a close look on how PDT behaves and hence ibea good starting point to
debate whether and how it can be extended or modified. Formgamotice that in some casésand
g are comparable even if some of the underlying draws are ngt (®ie to Axiom 5<%¥£~ results
in f < g). Somewhat converselff andg can be incomparable even if all the underlying draws are
comparable (e.g=<>~<> admitsf £ g). Finally, f andg are never forced to be incomparable, even if

f1£ 01, f1 £ 02, T2 £ 0o, and o £ 0o.

4 Propertiesof Partial Preferences

In the following, given two distributiong andg, we write f ~ g for f <gandg = f (i.e., equivalence),
and we writef £ gfor f Agandg A f (i.e., incomparability). First, we show that two relevantperties
of classical Decision Theory continue to hold in PDT. Giwen distributionsf,g € A(<7), we write f —
g in case there exigt > 0 and two alternativea; anday such thai(i) [a1] < [a2], (i) g(a1) = f(a1) — €,
O(ap) = f(ap) + &, and(iii) for all a # aj1,ap, g(a) = f(a). Whenf — g, g can be obtained froni
by shifting a positive amount of probability from an altetiva a; to a strictly preferred alternative,.
Then, denote by = g the transitive closure of;.

Theorem 1 Let f,ge A(«). If f = gthen f<g.

Proof. It suffices to show that — gimplies f < g. Assume that for soma; anday, where[a;] < [ay],
there exist€ > 0 such thatf (a;) = g(a1) + € and f(az) = g(az) — €. Lety=g(a1) +9(az) = f(a1) +
f(ap), a = Lf?) andf3 = L;‘?) Then,g can be written asy,d’,h) and f as(y, f’ h), whereh is a
probability distribution such that(a;) = h(az) =0, g = (B,[az],[a1]) and f' = (a, [a2], [a1]). Since
[a1] < [a2] anda < B, Axiom 3 implies thatf’ < ¢'. Then, due to Axiom 5f < g. 1

Another property that can be proved in PDT is that if eachradtiive coming out from a distributiof
is dominated by all the alternatives frognthen f < g. Preliminarily, given a distributiorf € A(«),
the supportof f, supd f) = {a € </ | f(a) > 0}, is the set of alternatives to whichassigns positive
probability.

Theorem 2 Let f,g € A(«7) be such that, for all & supg f) and & € supfg), [a] < [&]. Then, f<g.
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Proof. We first show that for alb € supg(f), [a] < g. The proof is by induction on the cardinalityof
supfg) where the casa = 1 is trivial. Assumen > 1, theng can be written asa, [@],d'), whered
is a generic alternative fromuppgg) andg'(a’) = 0. Clearly, the distributiora) can also be written as
(a,[a],[a]). By assumptiora < & and, since the cardinality of isn— 1, by induction[a] < g. Then, by
applying Axiom 4 we havéa] < g.

Now, the proof is by induction on the cardinality of supg f) where the base casa= 1 has
been proved above. Assume> 1 and leta € supff), then f can be written aga,[a], f_5), where
fa(@ =0andf_a(@) = lfff&) for all & € supgf)\ {a}. We already proved thda] < g and by
induction hypothesis it holds also that, < g. Then, by writingg as(a,g,g) and applying Axiom 4 we
have thatf < g. ]

From Theorem 2 it is immediate to show that distributionsra@uivalent alternatives are equivalent
themselves. What if some of the alternatives are incompeabVe show that their distributions are
either equivalent or incomparable, as due to Axiom 6 notgtrieference can be derived.

Lemmal Let f,gec A(</) be such that, for all & supg(f) and d € supfg), a &. Then, either £ g
or f ~g.

Proof. Let ny = |supg f)| andng = |[supg(g)|, we proceed by induction om + ng. If ns +ng = 2, the
thesis is obviously true. Otherwise, assume w.l.0.g. thhat 1 and leta € supg f). We can writef

as(f(a),[al, f_a), wheref_s(a) =0 andf_,(&) = 1??&21) for all @ € supf(f) \ {a}. Since the support
of f_5 is smaller than the one df, we can apply the inductive hypothesis to the faig, g, obtaining
that eitherf_5 £ gor f_5 ~ g. We can also apply the inductive hypothesis to the [@ig, obtaining
that[a] £ g or [a] ~ g. Assume by contradiction thdtx g for somexie {<, >}. By Axiom 6, it holds

[a] g or f_a g, which is a contradiction. 1

Finally, the following generalization of Lemma 1 shows thliernatives that are either incomparable or
equivalent lead to distributions that are themselves eitfttwsmparable or equivalent.

Theorem 3 Let f,g € A(«7) be such that, for all & supg(f) and & € supfg), either a~ & ora£ &.
Then, f€gor f~g.

Proof. The proof is very similar to the one of Lemma 1, where only thsebcase is affected by the
weakened assumption. |

5 Conclusions

In this work we challenged the customary decision-theoratisumption of totality of the preference
relations, on the basis of two real-world scenarios. We gged a weakening of the classical theory and
proved that it retains several desirable properties, valiteving for incomparable alternatives.

Partial preferences have been already employed in pro@mteauctions. In [2] second-price auc-
tions have been generalized by considering a bid domaimsepting information disclosures and two
ad hoc partial preference relations have been defined foelmgdthe sensitivity of the disclosed data.
Then, in [1] the previous framework has been extended foratigl also service cost, QoS and func-
tional differences, etc. Somewhat surprisingly, it hasnbgfeown that extending second price auctions
to partial preferences does not yield truthful mechanisimge overbidding may be profitable in some
contexts. This means that, in general, partial preferenw@gssignificantly change the theoretical prop-
erties of a mechanism and the axiomatization presentedsmitrk enables to uniformly employ them
in the field of Mechanism Design and estimate their impact.
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